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use

 

use



 

>

 

 > >

 



 

help

use

help use 

use



 

 

 

 



 

 



 

 

 

 

 

 

 

 



 



 

 

 



 

insheet





insheet using "C:\Users\Alexandre Wayne\Downloads\OMNB2F5.CSV", delimiter(";") 



 

command [varlist] [if] [in] [weight] [ , options]3 

 

command

[varlist]

[if]

[in]

[weight]

[ , options]



 

list

in list x in 1/20

 
describe

describe



 
 
use http://www.Stata.com/data/jwooldridge/eacsap/bwght.dta 
describe 

 

Contains data from C:\Users\Alexandre Wayne\Desktop\bwght.dta 
  obs:         1,388                           

 vars:            14                          31 Dec 2001 11:49 

 size:        49,968                           

-------------------------------------------------------------------------------------------------

--------------------------------------- 

              storage  display     value 

variable name   type   format      label      variable label 

-------------------------------------------------------------------------------------------------

--------------------------------------- 

faminc          float  %9.0g                  1988 family income, $1000s 

cigtax          float  %9.0g                  cig. tax in home state, 1988 

cigprice        float  %9.0g                  cig. price in home state, 1988 

bwght           int    %8.0g                  birth weight, ounces 

fatheduc        byte   %8.0g                  father's yrs of educ 

motheduc        byte   %8.0g                  mother's yrs of educ 

parity          byte   %8.0g                  birth order of child 

male            byte   %8.0g                  =1 if male child 

white           byte   %8.0g                  =1 if white 

cigs            byte   %8.0g                  cigs smked per day while preg 

lbwght          float  %9.0g                  log of bwght 

bwghtlbs        float  %9.0g                  birth weight, pounds 

packs           float  %9.0g                  packs smked per day while preg 

lfaminc         float  %9.0g                  log(faminc) 

-------------------------------------------------------------------------------------------------

--------------------------------------- 

Sorted by:   

storage type



 

summarize sum

summarize

 sum faminc 

 

. sum faminc 

 

    Variable |       Obs        Mean    Std. Dev.       Min        Max 

-------------+-------------------------------------------------------- 

      faminc |      1388    29.02666    18.73928         .5         65 

sum faminc, detail 

 

                 1988 family income, $1000s 

------------------------------------------------------------- 

      Percentiles      Smallest 

 1%           .5             .5 

 5%          3.5             .5 

10%          6.5             .5       Obs                1388 

25%         14.5             .5       Sum of Wgt.        1388 

 

50%         27.5                      Mean           29.02666 

                        Largest       Std. Dev.      18.73928 

75%         37.5             65 

90%           65             65       Variance       351.1608 

95%           65             65       Skewness       .6176205 

99%           65             65       Kurtosis       2.473396 

 



 

 

sum faminc if faminc<30 

 

    Variable |       Obs        Mean    Std. Dev.       Min        Max 

-------------+-------------------------------------------------------- 

      faminc |       814    16.04914    8.199656         .5       27.5 

 

 

sum faminc in 1/65 

 

    Variable |       Obs        Mean    Std. Dev.       Min        Max 

-------------+-------------------------------------------------------- 

      faminc |        65    28.63846     21.3961         .5         65 

 

 

summarize faminc if faminc<30 in 1/65, detail 

 

                 1988 family income, $1000s 

------------------------------------------------------------- 

      Percentiles      Smallest 

 1%           .5             .5 

 5%           .5             .5 

10%           .5             .5       Obs                  39 

25%          6.5             .5       Sum of Wgt.          39 



 

50%         13.5                      Mean           14.01282 

                        Largest       Std. Dev.      9.338296 

75%         22.5           27.5 

90%         27.5           27.5       Variance       87.20378 

95%         27.5           27.5       Skewness        .125671 

99%         27.5           27.5       Kurtosis       1.755575 

 



 

tabulate tab

tabulate

 

tab white 

 

=1 if white |      Freq.     Percent        Cum. 

------------+----------------------------------- 

          0 |        299       21.54       21.54 

          1 |      1,089       78.46      100.00 

------------+----------------------------------- 

      Total |      1,388      100.00 

 

freq percent

cum

 

tab white male 

 



     =1 if |   =1 if male child 

     white |         0          1 |     Total 

-----------+----------------------+---------- 

         0 |       137        162 |       299  

         1 |       528        561 |     1,089  

-----------+----------------------+---------- 

     Total |       665        723 |     1,388 



summarize

 

cor

 

cor motheduc fatheduc 

(obs=1191) 

 

             | motheduc fatheduc 

-------------+------------------ 

    motheduc |   1.0000 

    fatheduc |   0.6435   1.0000 

 



covariance cov cor

 

. cor faminc bwght fatheduc motheduc, cov 
(obs=1191) 
 
 
             |   faminc    bwght fatheduc motheduc 
-------------+------------------------------------ 
      faminc |  322.425 
       bwght |  28.9044  405.669 
    fatheduc |  22.0362  4.58505  7.51458 
    motheduc |  18.5389  2.19417  4.26427    5.844 
 

 

save

save [nom du fichier] 

 

display

 
display (2+4+5) 
11 
 



 

 



histogram faminc, percent ytitle(Fréquence relative (%)) xtitle(1988 Family income (1000$)) 

title(Histogramme de faminc) 

 

 





twoway (scatter fatheduc motheduc) 
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twoway (line pipop100 year) (line tcho year, yaxis(2)) 

 

 



> >

generate age2 = age^2 

generate

gen



gen lx = log(x) 

gen expx = exp(x) 

gen xy = x^y 

gen sqrtx = sqrt(x) 

gen x2 = x+2 

gen roundx = round(x) 

gen xy = x*y 



 

 

 

 



gen piblag=pib[_n-1]

gen piblag2=pib[_n-2] 

gen piblea=pib[_n+1] 

 
 gen t=_n 

 
 tsset t 

 
 gen piblag=L.pib 



 

drop 

keep 

rename 

label 

drop if x>=p 
 

help drop help keep help rename help label



 

replace

 

replace variableA=2 if variableA==9 & variableA==7 

replace variableB=2 if variableB==9 & variableB==7 

 



 

sort

sort male 

 



 

gsort –male. 

sort male educ 

 

sort male –educ 

  



 



reshape

reshape

reshape long price, i(observations) j(year) 

i()

j()

reshape wide price, i(observations) j(year) 

  



 

 

 

 

 

. log using "C:\Users\Alexandre Wayne\Desktop\[nomdufichier].smcl" 

-------------------------------------------------------------------------------------------------

--------------------------------------- 

      name:  <unnamed> 

       log:  C:\Users\Alexandre Wayne\Desktop\[nomdufichier].smcl 

  log type:  smcl 

 opened on:  20 Jul 2012, 15:04:01 

 

 
 

sum faminc 

 



 

 

      name:  <unnamed> 

       log:  C:\Users\Alexandre Wayne\Desktop\[nomdufichier].smcl 

  log type:  smcl 

 closed on:  20 Jul 2012, 15:29:34  



log using [nomdufichier] 

log close 

print [nomdufichier].smcl 

log using [nomdufichier], 

replace 

log using [nomdufichier], 

append 

 

 



 

about



 



 

ttest varname == # [if] [in] [, level(#)] 

varname

#

[if] [in]

[, level(#)]

 

 
sum faminc 
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
      faminc |      1388    29.02666    18.73928         .5         65 

 
display (29.02666-0.5*18.73928) 
19.65702 
 

 
 
ttest faminc=19.65702 
 
 
One-sample t test 
------------------------------------------------------------------------------ 
Variable |     Obs        Mean    Std. Err.   Std. Dev.   [95% Conf. Interval] 
---------+-------------------------------------------------------------------- 
  faminc |    1388    29.02666    .5029888    18.73928    28.03996    30.01336 
------------------------------------------------------------------------------ 
    mean = mean(faminc)                                           t =  18.6279 
Ho: mean = 19.65702                              degrees of freedom =     1387 
 



 Ha: mean < 19.65702         Ha: mean != 19.65702          Ha: mean > 19.65702 
 Pr(T < t) = 1.0000         Pr(|T| > |t|) = 0.0000          Pr(T > t) = 0.0000 
 

 

ttest varname1 == varname2 [if] [in], unpaired [unequal level(#)] 

 

varname1 varname2

[if] [in]

unpaired

[, level(#)]



ttest OC=DL, unpaired 
 
Two-sample t test with equal variances 
------------------------------------------------------------------------------ 
Variable |     Obs        Mean    Std. Err.   Std. Dev.   [95% Conf. Interval] 
---------+-------------------------------------------------------------------- 
      OC |      10       133.3    4.669166     14.7652    122.7376    143.8624 
      DL |       8          94    4.022259    11.37667    84.48887    103.5111 
---------+-------------------------------------------------------------------- 
combined |      18    115.8333    5.639641    23.92697    103.9347    127.7319 
---------+-------------------------------------------------------------------- 
    diff |                39.3      6.3508                25.83691    52.76309 
------------------------------------------------------------------------------ 
    diff = mean(OC) - mean(DL)                                    t =   6.1882 



Ho: diff = 0                                     degrees of freedom =       16 
 
    Ha: diff < 0                 Ha: diff != 0                 Ha: diff > 0 
 Pr(T < t) = 1.0000         Pr(|T| > |t|) = 0.0000          Pr(T > t) = 0.0000 
 

 

ttest varname1 == varname2 [if] [in] [, level(#)]   

varname1 varname2

[if] [in

[, level(#)]



ttest pretest=posttest 
 
 
Paired t test 
------------------------------------------------------------------------------ 
Variable |     Obs        Mean    Std. Err.   Std. Dev.   [95% Conf. Interval] 
---------+-------------------------------------------------------------------- 
 pretest |       5        36.4    1.208305    2.701851    33.04521    39.75479 
posttest |       5        41.8         2.2     4.91935    35.69182    47.90818 
---------+-------------------------------------------------------------------- 
    diff |       5        -5.4    2.039608    4.560702   -11.06286    .2628591 
------------------------------------------------------------------------------ 
     mean(diff) = mean(pretest - posttest)                        t =  -2.6476 
 Ho: mean(diff) = 0                              degrees of freedom =        4 
 
 Ha: mean(diff) < 0           Ha: mean(diff) != 0           Ha: mean(diff) > 0 
 Pr(T < t) = 0.0286         Pr(|T| > |t|) = 0.0571          Pr(T > t) = 0.9714 
 





 

 

 

describe
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regress reg

regress depvar [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]

Noconstant 

robust

level(#)

beta

noheader



notable

reg

 

use http://fmwww.bc.edu/ec-p/data/wooldridge/FRINGE 

reg annearn educ 
 

 
 







 

predict



predict [type] newvar [if] [in] [, single_options] 

[type]

newvar

[if] [in]

[, single_ options]

predict

Single_

xb

stdp

reside

predict

 



margins [marginlist] [if] [in] [weight] [, response_options options] 

[marginlist]

[if] [in] 

[weight]

response_options margins

option response_options

dydx(varlist)

eyex(varlist)

dvex(varlist)

eydx(varlist)

at(#)

atmeans

quietly



quietly reg annearn educ 
margins, eyex (educ) atmeans 
 
Conditional marginal effects                      Number of obs   =        616 
Model VCE    : OLS 
Expression   : Linear prediction, predict() 
ey/ex w.r.t. : educ 
at           : educ            =    12.51461 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      ey/ex   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |    .665334   .1277387     5.21   0.000     .4149707    .9156973 
 

at(#)

atmeans

margins, eyex (educ) atmeans 
 

 

estat vce

estat vce

estat vce [, estat_vce_options] 

[, estat_vce_options] estat vce



covariance

correlation

estat vce 

quietly reg annearn educ 
estat vce, cov 
 

 
        e(V) |       educ       _cons  
-------------+------------------------ 
        educ |  16947.409              
       _cons | -212090.22   2780613.1  
 
 

 



 

 

 

 



twoway (scatter annearn educ) (lfit annearn educ) 

 

reg annearn educ if annearn<=50000 
 
      Source |       SS       df       MS              Number of obs =     613 
-------------+------------------------------           F(  1,   611) =   59.61 
       Model |  2.3460e+09     1  2.3460e+09           Prob > F      =  0.0000 
    Residual |  2.4046e+10   611  39354456.3           R-squared     =  0.0889 
-------------+------------------------------           Adj R-squared =  0.0874 
       Total |  2.6392e+10   612  43123544.4           Root MSE      =  6273.3 
 

0

5 10 15 20
years schooling

annual earnings, $ Fitted values



------------------------------------------------------------------------------ 
     annearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   714.6869    92.5647     7.72   0.000     532.9033    896.4705 
       _cons |   3515.943   1186.025     2.96   0.003     1186.762    5845.124 
------------------------------------------------------------------------------ 

twoway (scatter annearn educ) (lfit annearn educ) if annearn<=50000 

 

0

5 10 15 20
years schooling

annual earnings, $ Fitted values



 

|
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 │



 

 



 

 

regress



 

 
. reg annearn educ exper 
 



 

test

test

test

test coeflist 

coeflist

 
. test educ exper 
 
 ( 1)  educ = 0 
 ( 2)  exper = 0 
 
       F(  2,   613) =   53.98 



            Prob > F =    0.0000 
 

 

twoway function marginsplot

twoway function [[y]=] f(x) [if] [in] [, options] 

[[y]=] f(x)

[if] [in]

[, options]

[, options] 

range(# #) 

range(varname)



n(#)

droplines(numlist)

base(#)

 
. sum exper educ 
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
       exper |       616    18.61688    12.32906          0         60 
        educ |       616    12.51461    2.733076          6         18 

 

reg annearn educ exper 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  2,   613) =   53.98 
       Model |  7.4811e+09     2  3.7406e+09           Prob > F      =  0.0000 
    Residual |  4.2478e+10   613    69295171           R-squared     =  0.1497 
-------------+------------------------------           Adj R-squared =  0.1470 
       Total |  4.9959e+10   615  81234289.6           Root MSE      =  8324.4 
 
------------------------------------------------------------------------------ 
     annearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |    894.514   125.1184     7.15   0.000     648.8012    1140.227 
       exper |   243.1261   27.73594     8.77   0.000     188.6571    297.5951 
       _cons |  -2833.026    1771.87    -1.60   0.110    -6312.699    646.6466 
------------------------------------------------------------------------------  

 

 

display (-2833.026+243.1261*18.61688) 
1693.2234 
 



 twoway function

twoway function y=(1693.2234+894.514*x), range (6 18) ytitle(annearn) xtitle(educ) 

marginsplot [, options]11 
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quietly reg annearn educ exper 

margins , atmeans at(educ=(6(1)18)) 
 
 
Adjusted prédictions                              Number of obs   =        616 
Model VCE    : OLS 
 
Expression   : Linear prediction, predict() 
 
1._at        : educ            =           6 
               exper           =    18.61688 (mean) 
 
2._at        : educ            =           7 
               exper           =    18.61688 (mean) 
 
3._at        : educ            =           8 
               exper           =    18.61688 (mean) 
 
4._at        : educ            =           9 
               exper           =    18.61688 (mean) 
 
5._at        : educ            =          10 
               exper           =    18.61688 (mean) 
 
6._at        : educ            =          11 
               exper           =    18.61688 (mean) 
 
7._at        : educ            =          12 
               exper           =    18.61688 (mean) 
 
8._at        : educ            =          13 
               exper           =    18.61688 (mean) 
 
9._at        : educ            =          14 
               exper           =    18.61688 (mean) 
 
10._at       : educ            =          15 
               exper           =    18.61688 (mean) 
 
11._at       : educ            =          16 
               exper           =    18.61688 (mean) 
 
12._at       : educ            =          17 
               exper           =    18.61688 (mean) 
 
13._at       : educ            =          18 
               exper           =    18.61688 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         _at | 
          1  |   7060.309   881.4062     8.01   0.000     5332.785    8787.833 
          2  |   7954.823   767.1792    10.37   0.000     6451.179    9458.466 
          3  |   8849.337   656.9324    13.47   0.000     7561.773     10136.9 
          4  |   9743.851   553.0513    17.62   0.000      8659.89    10827.81 
          5  |   10638.36   459.8701    23.13   0.000     9737.036    11539.69 
          6  |   11532.88   385.2331    29.94   0.000     10777.84    12287.92 
          7  |   12427.39   341.5229    36.39   0.000     11758.02    13096.77 



          8  |   13321.91   340.8525    39.08   0.000     12653.85    13989.97 
          9  |   14216.42   383.4478    37.08   0.000     13464.88    14967.96 
         10  |   15110.94   457.3766    33.04   0.000     14214.49    16007.38 
         11  |   16005.45   550.1487    29.09   0.000     14927.18    17083.72 
         12  |   16899.96   653.7914    25.85   0.000     15618.56    18181.37 
         13  |   17794.48   763.8927    23.29   0.000     16297.27    19291.68 
------------------------------------------------------------------------------ 

marginsplot 
 
Variables that uniquely identify margins: educ 

marginsplot
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 quietly reg annearn educ exper 

 
 predict uhat, resid 

 
 gen uhat2=uhat^2 

 
 quietly reg uhat2 educ exper 

 
 test educ exper 

 

 

( 1)  educ = 0 
 ( 2)  exper = 0 
 
       F(  2,   613) =    9.42 
            Prob > F =    0.0001 
 

estat hettest



estat hettest  

estat hettest

quietly reg annearn educ exper 
estat hettest 
 
 
Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of annearn 
 
         chi2(1)      =   357.30 
         Prob > chi2  =   0.0000 
 

|



| )=0

 

 

 

 

 
 quietly reg annearn educ exper 

 
 predict uhat, resid 



 predict yhat 

 
 gen uhat2=uhat^2  

 gen yhat2=yhat^2 

 
 reg uhat2 yhat yhat2 

 
 test yhat yhat2 

. test yhat yhat2 
 
 ( 1)  yhat = 0 
 ( 2)  yhat2 = 0 
 
       F(  2,   613) =   12.98 
            Prob > F =    0.0000 
 

whitetst estat imtest whitetst

 

 

 

whitetst estat imtest



. quietly reg annearn educ exper 
 
 
. estat imtest 
 
Cameron & Trivedi's decomposition of IM-test 
 
--------------------------------------------------- 
              Source |       chi2     df      p 
---------------------+----------------------------- 
  Heteroskedasticity |      59.29      5    0.0000 
            Skewness |      17.00      2    0.0002 
            Kurtosis |  -2.96e+07      1    1.0000 
---------------------+----------------------------- 
               Total |  -2.96e+07      8    1.0000 
--------------------------------------------------- 
 
 
. whitetst 
 
White's general test statistic :  59.29029  Chi-sq( 5)  P-valeur  =  1.7e-11 
 

 



 

[,robust] regress depvar [indepvars] [if] [in] [weight]



 
reg annearn educ exper age age2 tenure married male white 
 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  8,   607) =   26.32 
       Model |  1.2866e+10     8  1.6082e+09           Prob > F      =  0.0000 
    Residual |  3.7093e+10   607  61109507.1           R-squared     =  0.2575 
-------------+------------------------------           Adj R-squared =  0.2477 
       Total |  4.9959e+10   615  81234289.6           Root MSE      =  7817.3 
 
------------------------------------------------------------------------------ 
     annearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   723.7702     120.54     6.00   0.000     487.0442    960.4963 
       exper |   272.7116   63.70656     4.28   0.000     147.5996    397.8237 
         age |   474.7455   174.6085     2.72   0.007     131.8353    817.6556 
        age2 |  -6.968868   2.000022    -3.48   0.001    -10.89667   -3.041065 
      tenure |  -33.86111   50.55024    -0.67   0.503    -133.1357    65.41349 
     married |   953.6357   768.8835     1.24   0.215     -556.359     2463.63 
        male |   4605.671   764.2142     6.03   0.000     3104.846    6106.495 
       white |   2309.238   1093.141     2.11   0.035     162.4395    4456.036 
       _cons |  -13558.19   3542.676    -3.83   0.000    -20515.58   -6600.801 
------------------------------------------------------------------------------ 

 

 
estat hettest 
 
Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of annearn 
 
         chi2(1)      =   278.05 
         Prob > chi2  =   0.0000 

 



reg annearn educ exper age age2 tenure married male white, robust 
 
Linear régression                                      Number of obs =     616 
                                                       F(  8,   607) =   50.68 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.2575 
                                                       Root MSE      =  7817.3 
 
------------------------------------------------------------------------------ 
             |               Robust 
     annearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   723.7702      101.5     7.13   0.000     524.4365    923.1039 
       exper |   272.7116   151.5382     1.80   0.072    -24.89125    570.3145 
         age |   474.7455   260.9258     1.82   0.069    -37.68138    987.1723 
        age2 |  -6.968868   2.533816    -2.75   0.006    -11.94498   -1.992757 
      tenure |  -33.86111   97.94374    -0.35   0.730    -226.2108    158.4886 
     married |   953.6357   624.8977     1.53   0.128    -273.5882     2180.86 
        male |   4605.671   799.6281     5.76   0.000     3035.297    6176.044 
       white |   2309.238   796.0305     2.90   0.004     745.9297    3872.546 
       _cons |  -13558.19   4056.522    -3.34   0.001    -21524.71    -5591.67 
 



 
reg lannearn educ exper age age2 tenure married male white 
 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  8,   607) =   58.79 
       Model |  95.2846082     8   11.910576           Prob > F      =  0.0000 
    Residual |  122.974306   607  .202593584           R-squared     =  0.4366 
-------------+------------------------------           Adj R-squared =  0.4291 
       Total |  218.258914   615  .354892543           Root MSE      =   .4501 
 
------------------------------------------------------------------------------ 
    lannearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0550772   .0069405     7.94   0.000     .0414469    .0687074 
       exper |   .0131631   .0036681     3.59   0.000     .0059594    .0203668 
         age |   .0660754   .0100537     6.57   0.000     .0463312    .0858196 
        age2 |  -.0008918   .0001152    -7.74   0.000    -.0011179   -.0006656 
      tenure |   .0076887   .0029106     2.64   0.008     .0019726    .0134048 
     married |   .0382133    .044271     0.86   0.388    -.0487295    .1251562 
        male |   .4841225   .0440021    11.00   0.000     .3977076    .5705373 
       white |   .1526568   .0629412     2.43   0.016     .0290479    .2762657 
       _cons |   6.744754   .2039811    33.07   0.000     6.344159    7.145348 
------------------------------------------------------------------------------ 

 

estat hettest

 

. estat hettest 
 

Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of lannearn 
 
         chi2(1)      =     2.30 
         Prob > chi2  =   0.1292 

 

 





 

aweights aw regress depvar indepvars [aweight = 1/w]

. reg nettfa inc if fsize==1 
 
      Source |       SS       df       MS              Number of obs =    2017 
-------------+------------------------------           F(  1,  2015) =  181.60 
       Model |  377482.064     1  377482.064           Prob > F      =  0.0000 
    Residual |  4188482.98  2015   2078.6516           R-squared     =  0.0827 
-------------+------------------------------           Adj R-squared =  0.0822 
       Total |  4565965.05  2016  2264.86361           Root MSE      =  45.592 
 
------------------------------------------------------------------------------ 
      nettfa |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         inc |   .8206815      .0609    13.48   0.000     .7012479     .940115 
       _cons |  -10.57095   2.060678    -5.13   0.000    -14.61223   -6.529671 
------------------------------------------------------------------------------ 



 

if fsize==1

 

. estat hettest 
 
Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of nettfa 
 
         chi2(1)      =  1177.05 
         Prob > chi2  =   0.0000 
 

reg nettfa inc if fsize==1 [aw=1/inc] 
(sum of wgt is   8.7566e+01) 
 
 
      Source |       SS       df       MS              Number of obs =    2017 
-------------+------------------------------           F(  1,  2015) =  153.71 
       Model |  184535.798     1  184535.798           Prob > F      =  0.0000 
    Residual |  2419034.45  2015  1200.51338           R-squared     =  0.0709 
-------------+------------------------------           Adj R-squared =  0.0704 
       Total |  2603570.25  2016   1291.4535           Root MSE      =  34.648 
 
------------------------------------------------------------------------------ 
      nettfa |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         inc |   .7870523   .0634814    12.40   0.000     .6625562    .9115484 
       _cons |  -9.580702   1.653284    -5.79   0.000    -12.82303   -6.338378 
 



 



 

 

 

 

 

 



 

 

use http://fmwww.bc.edu/ec-p/data/wooldridge/SMOKE 
gen age2=age^2 
reg cigs lincome lcigpric educ age age2 restaurn 
 
 
      Source |       SS       df       MS              Number of obs =     807 
-------------+------------------------------           F(  6,   800) =    7.42 
       Model |  8003.02506     6  1333.83751           Prob > F      =  0.0000 
    Residual |  143750.658   800  179.688322           R-squared     =  0.0527 
-------------+------------------------------           Adj R-squared =  0.0456 
       Total |  151753.683   806  188.280003           Root MSE      =  13.405 
 
------------------------------------------------------------------------------ 
        cigs |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
     lincome |   .8802689   .7277838     1.21   0.227    -.5483223     2.30886 
    lcigpric |  -.7508498   5.773343    -0.13   0.897    -12.08354    10.58184 
        educ |  -.5014982   .1670772    -3.00   0.003    -.8294597   -.1735368 
         age |   .7706936   .1601223     4.81   0.000      .456384    1.085003 
        age2 |  -.0090228    .001743    -5.18   0.000    -.0124443   -.0056013 
    restaurn |  -2.825085   1.111794    -2.54   0.011    -5.007462   -.6427079 
       _cons |  -3.639884   24.07866    -0.15   0.880     -50.9047    43.62493 
------------------------------------------------------------------------------ 



 

estat hettest 
 
Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of cigs 
 
         chi2(1)      =    56.17 
         Prob > chi2  =   0.0000  
 

 

 

predict uhat, resid 
 
gen uhat2=uhat^2 
 
gen luhat2=log(uhat2) 
 
 

 

quietly reg luhat2 cigs lincome lcigpric educ age age2 restaurn 

 

 

 

predict fitted 
(option xb assumed; fitted values) 
 
gen hhat=exp(fitted) 
 
 

reg cigs lincome lcigpric educ age age2 restaurn [aw=1/hhat] 



(sum of wgt is   1.9977e+01) 
 
      Source |       SS       df       MS              Number of obs =     807 
-------------+------------------------------           F(  6,   800) =   17.06 
       Model |  10302.6415     6  1717.10692           Prob > F      =  0.0000 
    Residual |  80542.0684   800  100.677586           R-squared     =  0.1134 
-------------+------------------------------           Adj R-squared =  0.1068 
       Total |    90844.71   806  112.710558           Root MSE      =  10.034 
 
------------------------------------------------------------------------------ 
        cigs |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
     lincome |   1.295241   .4370118     2.96   0.003     .4374154    2.153066 
    lcigpric |   -2.94028   4.460142    -0.66   0.510    -11.69524    5.814684 
        educ |  -.4634462   .1201586    -3.86   0.000    -.6993095   -.2275829 
         age |   .4819474   .0968082     4.98   0.000     .2919194    .6719755 
        age2 |  -.0056272   .0009395    -5.99   0.000    -.0074713   -.0037831 
    restaurn |  -3.461066   .7955047    -4.35   0.000    -5.022589   -1.899543 
       _cons |    5.63533   17.80313     0.32   0.752    -29.31103    40.58169 
 



 

rvfplot, yline(#)  



yline(#)

rvpplot x1, yline(#)  

reg y x1 x2 x3 
predict uhat, resid 
twoway (scatter uhat x1), yline(#) 

 

 

 



quietly reg cigs lincome 

rvpplot lincome, yline(0) 
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reg lannearn educ male, robust 
 
Linear régression                                      Number of obs =     616 
                                                       F(  2,   613) =  144.64 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.3110 
                                                       Root MSE      =  .49529 
 
------------------------------------------------------------------------------ 
             |               Robust 
    lannearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0547779   .0066946     8.18   0.000     .0416307    .0679252 
        male |   .6141117   .0432875    14.19   0.000     .5291019    .6991215 
       _cons |   8.214438   .0900295    91.24   0.000     8.037634    8.391242 
------------------------------------------------------------------------------ 

 

twoway (function 8.214438+0.0547779*x) (function 8.8285497+0.0547779*x), ytitle(annearn) 

xtitle(educ) 



quietly reg lannearn educ male, 
margins , atmeans at(educ=(6(1)18) male=0 male=1) 
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Adjusted prédictions                              Number of obs   =        616 
Model VCE    : Robust 
 
Expression   : Linear prediction, predict() 
 
1._at        : educ            =           6 
               male            =           0 
 
2._at        : educ            =           6 
               male            =           1 
 
3._at        : educ            =           7 
               male            =           0 
 
4._at        : educ            =           7 
               male            =           1 
 
5._at        : educ            =           8 
               male            =           0 
 
6._at        : educ            =           8 
               male            =           1 
 
7._at        : educ            =           9 
               male            =           0 
 
8._at        : educ            =           9 
               male            =           1 
 
9._at        : educ            =          10 
               male            =           0 
 
10._at       : educ            =          10 
               male            =           1 
 
11._at       : educ            =          11 
               male            =           0 
 
12._at       : educ            =          11 
               male            =           1 
 
13._at       : educ            =          12 
               male            =           0 
 
14._at       : educ            =          12 
               male            =           1 
 
15._at       : educ            =          13 
               male            =           0 
 
16._at       : educ            =          13 
               male            =           1 
 
17._at       : educ            =          14 
               male            =           0 
 
18._at       : educ            =          14 
               male            =           1 
 
19._at       : educ            =          15 
               male            =           0 
 
20._at       : educ            =          15 
               male            =           1 
 
21._at       : educ            =          16 
               male            =           0 
 
22._at       : educ            =          16 
               male            =           1 
 



23._at       : educ            =          17 
               male            =           0 
 
24._at       : educ            =          17 
               male            =           1 
 
25._at       : educ            =          18 
               male            =           0 
 
26._at       : educ            =          18 
               male            =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         _at | 
          1  |   8.543106   .0556551   153.50   0.000     8.434024    8.652188 
          2  |   9.157217   .0514989   177.81   0.000     9.056281    9.258153 
          3  |   8.597884     .05076   169.38   0.000     8.498396    8.697371 
          4  |   9.211995   .0456458   201.81   0.000     9.122531    9.301459 
          5  |   8.652662   .0463174   186.81   0.000     8.561881    8.743442 
          6  |   9.266773   .0400572   231.34   0.000     9.188262    9.345284 
          7  |   8.707439   .0424696   205.03   0.000     8.624201    8.790678 
          8  |   9.321551   .0348606   267.40   0.000     9.253226    9.389877 
          9  |   8.762217   .0393912   222.44   0.000     8.685012    8.839423 
         10  |   9.376329   .0302584   309.87   0.000     9.317024    9.435635 
         11  |   8.816995   .0372733   236.55   0.000     8.743941     8.89005 
         12  |   9.431107   .0265617   355.06   0.000     9.379047    9.483167 
         13  |   8.871773   .0362846   244.50   0.000     8.800657     8.94289 
         14  |   9.485885   .0241891   392.16   0.000     9.438475    9.533295 
         15  |   8.926551   .0365169   244.45   0.000     8.854979    8.998123 
         16  |   9.540663   .0235443   405.22   0.000     9.494517    9.586809 
         17  |   8.981329   .0379477   236.68   0.000     8.906953    9.055705 
         18  |   9.595441   .0247628   387.49   0.000     9.546907    9.643975 
         19  |   9.036107   .0404501   223.39   0.000     8.956826    9.115388 
         20  |   9.650219   .0275988   349.66   0.000     9.596126    9.704311 
         21  |   9.090885    .043841   207.36   0.000     9.004958    9.176812 
         22  |   9.704997     .03162   306.93   0.000     9.643023    9.766971 
         23  |   9.145663   .0479321   190.80   0.000     9.051718    9.239608 
         24  |   9.759775   .0364362   267.86   0.000     9.688361    9.831188 
         25  |   9.200441   .0525602   175.05   0.000     9.097425    9.303457 
         26  |   9.814553   .0417732   234.95   0.000     9.732679    9.896427 
------------------------------------------------------------------------------ 
 
marginsplot 
 
Variables that uniquely identify margins: educ male 



replace
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Adjusted Predictions with 95% CIs



 
gen construc=cannee 

 

replace cannee=0 if (cannee==1 | cannee==2) 
(15 real changes made) 



 

replace cannee=1 if (cannee==3 | cannee==4) 
(10 real changes made) 

 



>

gen



reg annearn educ tenure 
 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  2,   613) =   23.60 
       Model |  3.5714e+09     2  1.7857e+09           Prob > F      =  0.0000 
    Residual |  4.6388e+10   613  75673228.6           R-squared     =  0.0715 
-------------+------------------------------           Adj R-squared =  0.0685 
       Total |  4.9959e+10   615  81234289.6           Root MSE      =    8699 
 
------------------------------------------------------------------------------ 
     annearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   784.9712   130.4048     6.02   0.000     528.8768    1041.066 
      tenure |    198.193   45.83703     4.32   0.000     108.1763    288.2096 
       _cons |   1527.793   1765.693     0.87   0.387    -1939.747    4995.334 
------------------------------------------------------------------------------ 

 

estat hottest 
 
Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of annearn 
 
         chi2(1)      =    13.56 
         Prob > chi2  =   0.0002 

 

gen lannearn=log(annearn) 

reg lannearn educ tenure 
 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  2,   613) =   48.23 
       Model |  29.6735558     2  14.8367779           Prob > F      =  0.0000 
    Residual |  188.585358   613  .307643325           R-squared     =  0.1360 
-------------+------------------------------           Adj R-squared =  0.1331 
       Total |  218.258914   615  .354892543           Root MSE      =  .55466 



 
------------------------------------------------------------------------------ 
    lannearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0664322   .0083147     7.99   0.000     .0501035    .0827609 
      tenure |   .0205612   .0029226     7.04   0.000     .0148217    .0263008 
       _cons |   8.302996   .1125817    73.75   0.000     8.081903    8.524088 
------------------------------------------------------------------------------ 
 

 

. hettest 
 

Breusch-Pagan / Cook-Weisberg test for heteroskedasticity  
         Ho: Constant variance 
         Variables: fitted values of lannearn 
 
         chi2(1)      =     2.30 
         Prob > chi2  =   0.1295 

 

 



gen

 

. gen exper2=exper^2 

. reg points exper exper2 age educ, robust 
 
 
Linear régression                                      Number of obs =     269 
                                                       F(  4,   264) =   13.32 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.1412 
                                                       Root MSE      =  5.5095 
 
------------------------------------------------------------------------------ 
             |               Robust 
      points |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
       exper |   2.363631   .3989252     5.92   0.000     1.578151    3.149111 
      exper2 |  -.0770269   .0257682    -2.99   0.003    -.1277642   -.0262895 
         age |  -1.073958   .3138651    -3.42   0.001    -1.691956   -.4559609 
        educ |  -1.286255   .4369337    -2.94   0.004    -2.146573   -.4259363 
       _cons |   35.21831    7.43866     4.73   0.000     20.57166    49.86496 
------------------------------------------------------------------------------ 

 



 

twoway function y=(2.363631*x-0.0770269*x^2)+1.016726512, range (0 18) ytitle(points) 

xtitle(exper) 
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gen

 

 

 

 

 

 

 

 

 

 

gen nonstar=(!allstar) 

gen guardstar=guard*allstar 

gen guardnonstar=guard*nonstar 

gen centerstar=center*allstar 

gen forwardstar=forward*allstar 

gen forwardnonstar=forward*nonstar 

 



reg wage points exper age educ guardstar guardnonstar centerstar forwardstar forwardnonstar, 

robust 

 

Linear régression                                      Number of obs =     269 
                                                       F(  9,   259) =   35.42 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.5610 
                                                       Root MSE      =  673.87 
 
------------------------------------------------------------------------------ 
             |               Robust 
        wage |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      points |   102.3945    10.3829     9.86   0.000     81.94888    122.8402 
       exper |   86.30806   42.08734     2.05   0.041     3.431108     169.185 
         age |  -2.333977   42.08881    -0.06   0.956     -85.2138    80.54585 
        educ |  -64.50734   77.02455    -0.84   0.403    -216.1814    87.16675 
   guardstar |  -569.0822   284.9177    -2.00   0.047    -1130.132   -8.032045 
guardnonstar |  -473.2613   148.0945    -3.20   0.002    -764.8838   -181.6387 
  centerstar |   480.0377   475.0664     1.01   0.313    -455.4467    1415.522 
 forwardstar |  -256.8007   304.9973    -0.84   0.401    -857.3908    343.7894 
forwardnon~r |  -224.8562   153.1877    -1.47   0.143    -526.5081    76.79577 
       _cons |   528.5143   1095.214     0.48   0.630    -1628.143    2685.172 
------------------------------------------------------------------------------ 

 

 

 

 

 



 

o 

 

 

 

 



 

gen age2=age^2 
reg points exper2 exper age2 age educ 
 
      Source |       SS       df       MS              Number of obs =     269 
-------------+------------------------------           F(  5,   263) =    8.92 
       Model |  1353.54692     5  270.709385           Prob > F      =  0.0000 
    Residual |  7977.64396   263   30.333247           R-squared     =  0.1451 
-------------+------------------------------           Adj R-squared =  0.1288 
       Total |  9331.19088   268  34.8178764           Root MSE      =  5.5076 
 
------------------------------------------------------------------------------ 
      points |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      exper2 |  -.1280723   .0524378    -2.44   0.015    -.2313237   -.0248209 
       exper |   2.863828   .6127241     4.67   0.000     1.657359    4.070297 
        age2 |   .0535514   .0491917     1.09   0.277    -.0433083    .1504112 
         age |  -3.983695   2.689078    -1.48   0.140    -9.278557    1.311168 
        educ |  -1.312604   .4510841    -2.91   0.004      -2.2008    -.424408 
       _cons |   73.59034   35.93341     2.05   0.042     2.836553    144.344 

predict yhat 
(option xb assumed; fitted values) 
gen yhat2=yhat^2 
gen yhat3=yhat2*yhat 

quietly reg points exper2 exper age2 age educ yhat2 yhat3 
test yhat2 yhat3 
( 1)  yhat2 = 0 
( 2)  yhat3 = 0 
F(  2,   261) =    0.42 
Prob > F =    0.6547 

 



estat ovtest 

quietly reg points exper2 exper age2 age educ 
estat ovtest 
Ramsey RESET test using powers of the fitted values of points 
       Ho:  model has no omitted variables 
                 F(3, 260) =      0.54 
                  Prob > F =      0.6571 

 

 

kdensity varname [if] [in] [weight] [, options] 



normal

student(#)

. reg lannearn educ married 
 
 
      Source |       SS       df       MS              Number of obs =     616 
-------------+------------------------------           F(  2,   613) =   53.73 
       Model |  32.5545763     2  16.2772882           Prob > F      =  0.0000 
    Residual |  185.704338   613  .302943455           R-squared     =  0.1492 
-------------+------------------------------           Adj R-squared =  0.1464 
       Total |  218.258914   615  .354892543           Root MSE      =   .5504 
 
------------------------------------------------------------------------------ 
    lannearn |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0582265   .0081254     7.17   0.000     .0422695    .0741835 
     married |   .3698522   .0478384     7.73   0.000     .2759053    .4637992 
       _cons |   8.311096   .1101793    75.43   0.000     8.094722    8.527471 
------------------------------------------------------------------------------ 

 

predict uhat, resid 
kdensity uhat, normal 
 



 

pnorm

pnorm varname [if] [in] [, options2]14 
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kernel = epanechnikov, bandwidth = 0.1202

Kernel density estimate



pnorm uhat 

swilk

swilk varlist [if] [in] [, swilk_options]15 

0.
00

0.
25

0.
50

0.
75

1.
00

0.00 0.25 0.50 0.75 1.00
Empirical P[i] = i/(N+1)



swilk uhat 
 
 
                   Shapiro-Wilk W test for normal data 
 
    Variable |    Obs       W           V         z       Prob>z 
-------------+-------------------------------------------------- 
        uhat |    616    0.96463     14.365     6.465    0.00000 

 

 

 

 

 

 

 



 

estat vif 

 

. cor cigs income cigpric educ age white restaurn 
(obs=807) 
             |     cigs   income  cigpric     educ      age    white restaurn 
-------------+--------------------------------------------------------------- 
        cigs |   1.0000 
      income |   0.0532   1.0000 
     cigpric |  -0.0114   0.0480   1.0000 
        educ |  -0.0487   0.3344   0.0310   1.0000 
         age |  -0.0415  -0.0640   0.0293  -0.1806   1.0000 
       white |   0.0075  -0.0146  -0.0616  -0.0029  -0.0285   1.0000 
    restaurn |  -0.0871   0.1060   0.1392   0.0605  -0.0389  -0.1042   1.0000 



 

 

. reg cigs income cigpric educ age white restaurn 
 
 
      Source |       SS       df       MS              Number of obs =     807 
-------------+------------------------------           F(  6,   800) =    2.59 
       Model |  2889.70751     6  481.617918           Prob > F      =  0.0172 
    Residual |  148863.975   800  186.079969           R-squared     =  0.0190 
-------------+------------------------------           Adj R-squared =  0.0117 
       Total |  151753.683   806  188.280003           Root MSE      =  13.641 
 
------------------------------------------------------------------------------ 
        cigs |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      income |   .0001306    .000056     2.33   0.020     .0000206    .0002405 
     cigpric |    .004311   .1026571     0.04   0.967    -.1971981      .20582 
        educ |  -.3680446   .1692771    -2.17   0.030    -.7003243   -.0357648 
         age |  -.0439658   .0287385    -1.53   0.126    -.1003775    .0124459 
       white |  -.1123855   1.480575    -0.08   0.940    -3.018657    2.793886 
    restaurn |  -2.990576   1.137075    -2.63   0.009    -5.222579   -.7585731 
       _cons |   13.14521    6.76139     1.94   0.052    -.1269484    26.41737 
------------------------------------------------------------------------------ 

 

. vce, cor 
 
Correlation matrix of coefficients of regress model 
 
        e(V) |   income   cigpric      educ       age     white  restaurn     _cons  
-------------+---------------------------------------------------------------------- 
      income |   1.0000                                                              
     cigpric |  -0.0277    1.0000                                                    
        educ |  -0.3248   -0.0189    1.0000                                          



         age |   0.0025   -0.0383    0.1690    1.0000                                
       white |   0.0037    0.0466   -0.0002    0.0308    1.0000                      
    restaurn |  -0.0856   -0.1305   -0.0187    0.0362    0.0971    1.0000            
       _cons |  -0.0308   -0.9020   -0.2718    -0.2008   -0.2450   0.0725     1.0000 

 

 

. reg cigs income cigpric educ age restaurn 
 
 
      Source |       SS       df       MS              Number of obs =     807 
-------------+------------------------------           F(  5,   801) =    3.11 
       Model |  2888.63535     5   577.72707           Prob > F      =  0.0087 
    Residual |  148865.047   801  185.848998           R-squared     =  0.0190 
-------------+------------------------------           Adj R-squared =  0.0129 
       Total |  151753.683   806  188.280003           Root MSE      =  13.633 
 
------------------------------------------------------------------------------ 
        cigs |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      income |   .0001306    .000056     2.33   0.020     .0000207    .0002405 
     cigpric |   .0046741   .1024819     0.05   0.964    -.1964908    .2058389 
        educ |  -.3680468    .169172    -2.18   0.030    -.7001196   -.0359739 
         age |  -.0438986    .028707    -1.53   0.127    -.1002484    .0124512 
    restaurn |  -2.982192   1.130995    -2.64   0.009    -5.202256   -.7621274 
       _cons |   13.01946   6.551227     1.99   0.047     .1598616    25.87906 
------------------------------------------------------------------------------ 
 

 

. estat vif 
 
 
    Variable |       VIF       1/VIF   
-------------+---------------------- 
        educ |      1.16    0.862048 
      income |      1.14    0.880131 
         age |      1.04    0.965071 
    restaurn |      1.03    0.969071 
     cigpric |      1.02    0.977810 
-------------+---------------------- 
    Mean VIF |      1.08 
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Logit [depvar] [indepvars [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]



vce(typevce) robust cluster

  

or

 
test [varexo]

estat classification

estat gof

lroc 

lsens 

estat ic

lincom [opérationlinéaire],  or

linktest 



lrtest [modèlecomplet] [modèlecontraint][, stats]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)]

dydx(.)

at marginsplot

marginsplot [varexos] margins

prchange [varlist], [help] 

contrast [varlist]

contrast r.[varlist]

contrast ar.[varlist]



predict p if e(sample)

 

use "http://www.Stata.com/data/jwooldridge/eacsap/bwght.dta", clear 

describe smokes motheduc motheducc white lfaminc 
 
              storage  display     value 
variable name   type   format      label      variable label 
---------------------------------------------------------------------------------------------- 
smokes          float  %9.0g                  =1 if the women smokes during her pregnancy 
motheduc        byte   %8.0g                  mother's yrs of educ 
motheducc       float  %9.0g                  Éducation de la mère: entre 0 et 8, 2: entre 8 et 

12, 3: plus de 12 
white           byte   %8.0g                  =1 if white 
lfaminc         float  %9.0g                  log(faminc) 
 
summarize smokes motheduc motheducc white lfaminc 
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
      smokes |      1388    .1527378    .3598642          0          1 
    motheduc |      1387    12.93583    2.376728          2         18 
   motheducc |      1388    1.644092    .8047182          1          3 
       white |      1388    .7845821    .4112601          0          1 
     lfaminc |      1388    3.071271    .9180645  -.6931472   4.174387 



 

inspect smokes 
 
smokes:  =1 if the women smokes during her      Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|  #                         Negative           -         -          - 
|  #                         Zero            1176      1176          - 
|  #                         Positive         212       212          - 
|  #                                        -----     -----      ----- 
|  #                         Total           1388      1388          - 
|  #   #                     Missing            - 
+----------------------                     ----- 
0                     1                      1388 
   (2 unique values) 
 
inspect motheducc 
 
motheducc:  Éducation de la mère: entre 0 e     Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|  #                         Negative           -         -          - 
|  #                         Zero               -         -          - 
|  #                         Positive        1388      1388          - 
|  #                                        -----     -----      ----- 
|  #   #   #                 Total           1388      1388          - 
|  #   #   #                 Missing            - 
+----------------------                     ----- 
1                     3                      1388 
   (3 unique values) 
 
 
histogram smokes, discrete percent 
(start=0, width=1) 
 



 
 

histogram motheducc, discrete percent 
(start=1, width=1) 
 



 
 
tab1 smokes motheduc motheducc lfaminc white 
 
-> tabulation of smokes   
 
  =1 if the | 
      women | 
     smokes | 
 during her | 
  pregnancy |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      1,176       84.73       84.73 
          1 |        212       15.27      100.00 
------------+----------------------------------- 
      Total |      1,388      100.00 
 
-> tabulation of motheduc   
 
   mother's | 
yrs of educ |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          2 |          1        0.07        0.07 
          3 |          1        0.07        0.14 
          4 |          1        0.07        0.22 
          5 |          2        0.14        0.36 
          6 |          9        0.65        1.01 
          7 |          7        0.50        1.51 
          8 |         21        1.51        3.03 
          9 |         43        3.10        6.13 
         10 |         70        5.05       11.18 
         11 |         67        4.83       16.01 
         12 |        562       40.52       56.52 
         13 |        122        8.80       65.32 
         14 |        151       10.89       76.21 
         15 |         41        2.96       79.16 



         16 |        198       14.28       93.44 
         17 |         37        2.67       96.11 
         18 |         54        3.89      100.00 
------------+----------------------------------- 
      Total |      1,387      100.00 
-> tabulation of motheducc   
 
  Éducation | 
de la mère: | 
 entre 0 et | 
8, 2: entre | 
8 et 12, 3: | 
 plus de 12 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |        784       56.48       56.48 
          2 |        314       22.62       79.11 
          3 |        290       20.89      100.00 
------------+----------------------------------- 
      Total |      1,388      100.00 
 
-> tabulation of lfaminc   
 
log(faminc) |      Freq.     Percent        Cum. 
------------+----------------------------------- 
  -.6931472 |         19        1.37        1.37 
   .4054651 |         13        0.94        2.31 
   .9162908 |         22        1.59        3.89 
   1.252763 |         20        1.44        5.33 
   1.504077 |         27        1.95        7.28 
   1.704748 |         22        1.59        8.86 
   1.871802 |         34        2.45       11.31 
   2.014903 |         22        1.59       12.90 
   2.140066 |         23        1.66       14.55 
   2.251292 |         28        2.02       16.57 
   2.351375 |         24        1.73       18.30 
   2.442347 |         18        1.30       19.60 
   2.525729 |         27        1.95       21.54 
    2.60269 |         27        1.95       23.49 
   2.674149 |         22        1.59       25.07 
    2.74084 |         31        2.23       27.31 
    2.80336 |         21        1.51       28.82 
   2.862201 |         30        2.16       30.98 
   2.917771 |         49        3.53       34.51 
   2.970414 |         47        3.39       37.90 
   3.113515 |        151       10.88       48.78 
   3.314186 |        137        9.87       58.65 
    3.48124 |        136        9.80       68.44 
   3.624341 |         94        6.77       75.22 
   3.749504 |         84        6.05       81.27 
    3.86073 |         68        4.90       86.17 
   4.174387 |        192       13.83      100.00 
------------+----------------------------------- 
      Total |      1,388      100.00 
 
-> tabulation of white   
 
=1 if white |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |        299       21.54       21.54 
          1 |      1,089       78.46      100.00 
------------+----------------------------------- 
      Total |      1,388      100.00 
 



regress

robust  

reg smokes c.motheduc i.white c.lfaminc, robust 
 
Linear régression                                      Number of obs =    1387 
                                                       F(  3,  1383) =   31.11 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.0631 
                                                       Root MSE      =  .34881 
 
------------------------------------------------------------------------------ 
             |               Robust 
      smokes |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.0293207   .0041666    -7.04   0.000    -.0374942   -.0211471 
     1.white |    .048364     .02528     1.91   0.056    -.0012273    .0979552 
     lfaminc |  -.0427425   .0132724    -3.22   0.001    -.0687787   -.0167062 
       _cons |   .6255033   .0564588    11.08   0.000     .5147492    .7362573 
------------------------------------------------------------------------------ 
 

fitstat

 

fitstat, saving(m1) 
 
Measures of Fit for regress of smokes 
 
Log-Lik Intercept Only:       -550.424   Log-Lik Full Model:           -505.227 
D(1382):                      1010.454   LR(3):                          90.394 
                                         Prob > LR:                       0.000 
R2:                              0.063   Adjusted R2:                     0.061 
AIC:                             0.736   AIC*n:                        1020.454 
BIC:                         -8988.176   BIC':                          -68.690 
BIC used by Stata:            1039.393   AIC used by Stata:            1018.454 
 
(Indices saved in matrix fs_m1) 
 

predict  

predict prhat 
(option xb assumed; fitted values) 
(1 missing value generated) 
  



list prhat if prhat<0 
 
      +-----------+ 
      |     prhat | 
      |-----------| 
  10. | -.0088179 | 
  46. | -.0220509 | 
  50. | -.0323282 | 
  99. | -.0030076 | 
 104. | -.0323282 | 
      |-----------| 
 115. | -.0220509 | 
 138. | -.0027014 | 
 155. | -.0220509 | 
 166. | -.0030076 | 
 190. | -.0030076 | 
      |-----------| 
 196. | -.0323282 | 
 227. | -.0806922 | 
 232. | -.0323282 | 
 237. | -.0030076 | 
 247. | -.0323282 | 
      |-----------| 
 . 
 . 
 . 
      |-----------| 
1151. | -.0323282 | 
1153. | -.0439251 | 
1166. | -.0323282 | 
1188. | -.0220509 | 
1287. | -.0030076 | 
      |-----------| 
1303. | -.0323282 | 
1307. | -.0806922 | 
1315. | -.0323282 | 
      +-----------+ 
 
 
 
 
 
 
list prhat if prhat>1 
 
      +-------+ 
      | prhat | 
      |-------| 
 207. |     . | 
      +-------+ 
 

 



logit smokes c.motheduc i.white c.lfaminc 
 
Iteration 0:   log likelihood = -593.10529   
Iteration 1:   log likelihood =  -551.1645   
Iteration 2:   log likelihood = -548.74295   
Iteration 3:   log likelihood = -548.73367   
Iteration 4:   log likelihood = -548.73367   
 
Logistic régression                               Number of obs   =       1387 
                                                  LR chi2(3)      =      88.74 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -548.73367                       Pseudo R2       =     0.0748 
 
------------------------------------------------------------------------------ 
      smokes |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.2518731   .0372045    -6.77   0.000    -.3247925   -.1789536 
     1.white |   .3438842   .2002178     1.72   0.086    -.0485355    .7363038 
     lfaminc |  -.2962299   .0866347    -3.42   0.001    -.4660308   -.1264289 
       _cons |   2.012535   .4474219     4.50   0.000     1.135604    2.889466 
------------------------------------------------------------------------------ 
 
estimates store m2 

estat classification

quietly logit smokes c.motheduc i.white c.lfaminc 
 



estat classification  
 
Logistic model for smokes 
 
              -------- True -------- 
Classified |         D            ~D  |      Total 
-----------+--------------------------+----------- 
     +     |         3             9  |         12 
     -     |       209          1166  |       1375 
-----------+--------------------------+----------- 
   Total   |       212          1175  |       1387 
 
Classified + if predicted Pr(D) >= .5 
True D defined as smokes != 0 
-------------------------------------------------- 
Sensitivity                     Pr( +| D)    1.42% 
Specificity                     Pr( -|~D)   99.23% 
Positive predictive value       Pr( D| +)   25.00% 
Negative predictive value       Pr(~D| -)   84.80% 
-------------------------------------------------- 
False + rate for true ~D        Pr( +|~D)    0.77% 
False - rate for true D         Pr( -| D)   98.58% 
False + rate for classified +   Pr(~D| +)   75.00% 
False - rate for classified -   Pr( D| -)   15.20% 
-------------------------------------------------- 
Correctly classified                        84.28% 
-------------------------------------------------- 
 

lroc

lroc 
 



 
 
Logistic model for smokes 
 
number of observations =     1387 
area under ROC curve   =   0.7119 
 

lsens 
 



 
 

estat gof 
 
Logistic model for smokes, goodness-of-fit test 



 
       number of observations =      1387 
 number of covariate patterns =       320 
            Pearson chi2(316) =       322.60 
                  Prob > chi2 =         0.3870 
 

group(10)

estat gof, group(10) 
 
Logistic model for smokes, goodness-of-fit test 
 
  (Table collapsed on quantiles of estimated probabilities) 
 
       number of observations =      1387 
             number of groups =        10 
      Hosmer-Lemeshow chi2(8) =         7.31 
                  Prob > chi2 =         0.5039 
 

linktest

linktest 
 
Iteration 0:   log likelihood = -593.10529   
Iteration 1:   log likelihood = -547.94911   
Iteration 2:   log likelihood = -539.04634   
Iteration 3:   log likelihood = -538.91661   
Iteration 4:   log likelihood = -538.91656   
 
Logistic régression                               Number of obs   =       1387 
                                                  LR chi2(2)      =     108.38 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -538.91656                       Pseudo R2       =     0.0914 
 
------------------------------------------------------------------------------ 
      smokes |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        _hat |   -.414068   .3896613    -1.06   0.288     -1.17779    .3496541 
      _hatsq |  -.4940154   .1302451    -3.79   0.000    -.7492911   -.2387397 
       _cons |   -.803427   .2997056    -2.68   0.007    -1.390839   -.2160147 
------------------------------------------------------------------------------ 
 



fitstat  

fitstat, saving(m2) 
 
Measures of Fit for logit of smokes 
 
Log-Lik Intercept Only:       -593.105   Log-Lik Full Model:           -548.734 
D(1382):                      1097.467   LR(3):                          88.743 
                                         Prob > LR:                       0.000 
McFadden's R2:                   0.075   McFadden's Adj R2:               0.066 
ML (Cox-Snell) R2:               0.062   Cragg-Uhler(Nagelkerke) R2:      0.108 
McKelvey & Zavoina's R2:         0.141   Efron's R2:                      0.053 
Variance of y*:                  3.830   Variance of error:               3.290 
Count R2:                        0.843   Adj Count R2:                   -0.028 
AIC:                             0.798   AIC*n:                        1107.467 
BIC:                         -8901.162   BIC':                          -67.039 
BIC used by Stata:            1126.407   AIC used by Stata:            1105.467 
 
(Indices saved in matrix fs_m2) 
  

test

test 1.white c.motheduc 
 
 ( 1)  [smokes]1.white = 0 
 ( 2)  [smokes]motheduc = 0 
 
           chi2(  2) =   49.73 
         Prob > chi2 =    0.0000 

lrtest

quietly logit smokes c.lfaminc if motheduc~=. 
 
estimates store mtest 
 



lrtest m2 mtest 
 
Likelihood-ratio test                                 LR chi2(2)  =     53.24 
(Assumption: mtest nested in m2)                      Prob > chi2 =    0.0000 
 

 

or logit  

logit, or 
 
Logistic régression                               Number of obs   =       1387 
                                                  LR chi2(3)      =      88.74 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -548.73367                       Pseudo R2       =     0.0748 
 
------------------------------------------------------------------------------ 
      smokes | Odds Ratio   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |   .7773434   .0289207    -6.77   0.000     .7226773    .8361447 
     1.white |   1.410415   .2823902     1.72   0.086     .9526236    2.088203 
     lfaminc |   .7436165    .064423    -3.42   0.001     .6274879    .8812368 
       _cons |   7.482259   3.347727     4.50   0.000     3.113053     17.9837 
------------------------------------------------------------------------------ 
 

margins

marginsplot

margins, dydx(*) 
 
Average marginal effects                          Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : motheduc 1.white lfaminc 
 



------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.0303406   .0043807    -6.93   0.000    -.0389266   -.0217545 
     1.white |    .039117   .0214193     1.83   0.068     -.002864    .0810981 
     lfaminc |  -.0356838   .0103641    -3.44   0.001     -.055997   -.0153706 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

atmeans

atmeans

 

margins, dydx(*) atmeans 
 
Conditional marginal effects                      Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : motheduc 1.white lfaminc 
at           : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =    3.072033 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.0288047   .0040128    -7.18   0.000    -.0366697   -.0209397 
     1.white |   .0366196    .019809     1.85   0.065    -.0022054    .0754445 
     lfaminc |  -.0338774   .0098448    -3.44   0.001    -.0531728    -.014582 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 



at((median)motheduc lfaminc). 

margins, dydx(*) at((median)motheduc lfaminc) 
 
Conditional marginal effects                      Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : motheduc 1.white lfaminc 
at           : motheduc        =          12 (median) 
               lfaminc         =    3.314186 (median) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.0324794   .0054252    -5.99   0.000    -.0431126   -.0218461 
     1.white |   .0413272   .0221581     1.87   0.062    -.0021019    .0847562 
     lfaminc |  -.0381993   .0102806    -3.72   0.000    -.0583488   -.0180497 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

at() atmeans  

margins white, dydx(motheduc) at(lfaminc=(-1(0.2)5)) atmeans 
 
Conditional marginal effects                      Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : motheduc 
 
1._at        : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =          -1 
 
2._at        : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =         -.8 
 
    . 
    . 
    . 
 
30._at       : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =         4.8 
 
31._at       : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 



               lfaminc         =           5 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
motheduc     | 
   _at#white | 
        1 0  |  -.0506666   .0082234    -6.16   0.000    -.0667842    -.034549 
        1 1  |  -.0575313   .0084781    -6.79   0.000    -.0741481   -.0409145 
        2 0  |  -.0493225   .0080184    -6.15   0.000    -.0650382   -.0336068 
        2 1  |  -.0564933   .0084036    -6.72   0.000    -.0729641   -.0400226 
      . 
      . 
      . 
 
       30 0  |   -.015289   .0044709    -3.42   0.001    -.0240518   -.0065262 
       30 1  |  -.0204591   .0043571    -4.70   0.000     -.028999   -.0119193 
       31 0  |  -.0145177   .0044489    -3.26   0.001    -.0232375    -.005798 
       31 1  |  -.0194816   .0043919    -4.44   0.000    -.0280896   -.0108736 
------------------------------------------------------------------------------ 
 

recast(line) recastci(rline) 

ciopts(lpattern(dash))

title()

graph save

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de motheduc) yline(0) 
 
  Variables that uniquely identify margins: lfaminc white 
 
graph save margins9.gph, replace 
 

atmeans

margins

margins white, dydx(motheduc) at(lfaminc=(-1(0.2)5)) 
 
Average marginal effects                          Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : motheduc 
 
1._at        : lfaminc         =          -1 
 
2._at        : lfaminc         =         -.8 
 
  . 



  . 
  . 
 
30._at       : lfaminc         =         4.8 
 
31._at       : lfaminc         =           5 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
motheduc     | 
   _at#white | 
        1 0  |  -.0488283   .0070219    -6.95   0.000     -.062591   -.0350655 
        1 1  |  -.0542235   .0069934    -7.75   0.000    -.0679304   -.0405166 
        2 0  |   -.047743   .0069152    -6.90   0.000    -.0612966   -.0341895 
        2 1  |  -.0534241   .0069774    -7.66   0.000    -.0670996   -.0397487 
 
      . 
      . 
      . 
 
       30 0  |  -.0168555   .0049286    -3.42   0.001    -.0265153   -.0071957 
       30 1  |  -.0220345   .0047967    -4.59   0.000    -.0314358   -.0126332 
       31 0  |  -.0160641   .0049198    -3.27   0.001    -.0257068   -.0064214 
       31 1  |  -.0210714   .0048396    -4.35   0.000    -.0305568   -.0115859 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
motheduc) yline(0) 
 
  Variables that uniquely identify margins: lfaminc white 
 
graph save margins2.gph, replace 
 
graph combine margins1.gph margins2.gph, ycommon 
 



 
 

 

 

margins white, dydx(lfaminc) at(lfaminc=(-1(0.2)5)) atmeans 
 
Conditional marginal effects                      Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : lfaminc 
 
1._at        : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =          -1 



 
2._at        : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =         -.8 
 
   . 
   . 
   . 
 
30._at       : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =         4.8 
 
31._at       : motheduc        =    12.93583 (mean) 
               0.white         =    .2155732 (mean) 
               1.white         =    .7844268 (mean) 
               lfaminc         =           5 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
lfaminc      | 
   _at#white | 
        1 0  |  -.0595894   .0252953    -2.36   0.018    -.1091673   -.0100116 
        1 1  |   -.067663   .0269477    -2.51   0.012    -.1204795   -.0148464 
        2 0  |  -.0580086   .0245868    -2.36   0.018    -.1061978   -.0098194 
        2 1  |  -.0664423   .0267396    -2.48   0.013    -.1188509   -.0140336 
 
     . 
     . 
     . 
 
       30 0  |  -.0179815   .0032309    -5.57   0.000    -.0243139   -.0116491 
       30 1  |  -.0240622   .0045479    -5.29   0.000    -.0329759   -.0151484 
       31 0  |  -.0170744    .002933    -5.82   0.000    -.0228229   -.0113259 
       31 1  |  -.0229125   .0040118    -5.71   0.000    -.0307755   -.0150495 
------------------------------------------------------------------------------ 
 

 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de lfaminc) yline(0) 
 
  Variables that uniquely identify margins: lfaminc white 
 
graph save margins3.gph, replace 
(file margins3.gph saved) 
 

 
 
margins white, dydx(lfaminc) at(lfaminc=(-1(0.2)5)) 
 
Average marginal effects                          Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
dy/dx w.r.t. : lfaminc 
 
1._at        : lfaminc         =          -1 
 
2._at        : lfaminc         =         -.8 
 
   . 
   . 
   . 
 
30._at       : lfaminc         =         4.8 



 
31._at       : lfaminc         =           5 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
lfaminc      | 
   _at#white | 
        1 0  |  -.0574273   .0232873    -2.47   0.014    -.1030695   -.0117851 
        1 1  |  -.0637727   .0244669    -2.61   0.009    -.1117269   -.0158185 
        2 0  |   -.056151   .0227419    -2.47   0.014    -.1007242   -.0115777 
        2 1  |  -.0628326   .0243279    -2.58   0.010    -.1105144   -.0151507 
 
     . 
     . 
     . 
 
       30 0  |  -.0198239   .0034014    -5.83   0.000    -.0264905   -.0131573 
       30 1  |   -.025915    .004927    -5.26   0.000    -.0355717   -.0162583 
       31 0  |  -.0188931   .0030763    -6.14   0.000    -.0249227   -.0128636 
       31 1  |  -.0247822   .0043704    -5.67   0.000     -.033348   -.0162164 
------------------------------------------------------------------------------ 
 

 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
lfaminc) yline(0) 
 
  Variables that uniquely identify margins: lfaminc white 
 
graph save margins4.gph, replace 
(file margins4.gph saved) 
 
graph combine margins3.gph margins4.gph, ycommon 
 



 
 

dydx()

margins white, at(motheduc=(0(1)18)lfaminc=(-1(1)5)) 
 
Adjusted prédictions                              Number of obs   =       1387 
Model VCE    : OIM 
 
Expression   : Pr(smokes), predict() 
 
1._at        : motheduc        =           0 
               lfaminc         =          -1 
 
2._at        : motheduc        =           0 
               lfaminc         =           0 
 
3._at        : motheduc        =           0 
               lfaminc         =           1 
 
4._at        : motheduc        =           0 
               lfaminc         =           2 
 
5._at        : motheduc        =           0 
               lfaminc         =           3 
 
6._at        : motheduc        =           0 
               lfaminc         =           4 
 



7._at        : motheduc        =           0 
               lfaminc         =           5 
 
8._at        : motheduc        =           1 
               lfaminc         =          -1 
 
9._at        : motheduc        =           1 
               lfaminc         =           0 
 
10._at       : motheduc        =           1 
               lfaminc         =           1 
 
11._at       : motheduc        =           1 
               lfaminc         =           2 
 
   . 
   . 
   . 
 
 
127._at      : motheduc        =          18 
               lfaminc         =          -1 
 
128._at      : motheduc        =          18 
               lfaminc         =           0 
 
129._at      : motheduc        =          18 
               lfaminc         =           1 
 
130._at      : motheduc        =          18 
               lfaminc         =           2 
 
131._at      : motheduc        =          18 
               lfaminc         =           3 
 
132._at      : motheduc        =          18 
               lfaminc         =           4 
 
133._at      : motheduc        =          18 
               lfaminc         =           5 
 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#white | 
        1 0  |   .9096003   .0382921    23.75   0.000     .8345493    .9846514 
        1 1  |   .9341741   .0298912    31.25   0.000     .8755884    .9927597 
        2 0  |   .8821069   .0465293    18.96   0.000     .7909111    .9733027 
        2 1  |   .9134431   .0359642    25.40   0.000     .8429546    .9839316 
        3 0  |   .8476523   .0575385    14.73   0.000     .7348789    .9604256 
        3 1  |   .8869731   .0439897    20.16   0.000     .8007548    .9731914 
        4 0  |   .8053502   .0721561    11.16   0.000     .6639268    .9467735 
        4 1  |   .8537048   .0548936    15.55   0.000     .7461153    .9612943 
        5 0  |   .7547013   .0907365     8.32   0.000      .576861    .9325415 
        5 1  |    .812712   .0695586    11.68   0.000     .6763797    .9490443 
        6 0  |   .6958504   .1127078     6.17   0.000     .4749471    .9167538 
        6 1  |   .7634159   .0883899     8.64   0.000      .590175    .9366569 
        7 0  |   .6298062   .1363437     4.62   0.000     .3625774    .8970349 
        7 1  |    .705841   .1108789     6.37   0.000     .4885223    .9231597 
        8 0  |   .8866421   .0440433    20.13   0.000     .8003188    .9729655 
        8 1  |   .9168864   .0350889    26.13   0.000     .8481135    .9856594 
 
     . 
     . 
     . 
 
      127 0  |   .0975322   .0387069     2.52   0.012     .0216681    .1733963 
      127 1  |   .1322664   .0541938     2.44   0.015     .0260485    .2384844 
      128 0  |   .0743866   .0259449     2.87   0.004     .0235355    .1252377 



      128 1  |   .1018079   .0364471     2.79   0.005     .0303729    .1732429 
      129 0  |   .0563906    .017292     3.26   0.001     .0224988    .0902823 
      129 1  |   .0777351   .0237537     3.27   0.001     .0311787    .1242914 
      130 0  |   .0425481   .0118235     3.60   0.000     .0193744    .0657218 
      130 1  |   .0589806    .015271     3.86   0.000       .02905    .0889111 
      131 0  |   .0319884   .0086413     3.70   0.000     .0150518     .048925 
      131 1  |   .0445323   .0101264     4.40   0.000     .0246849    .0643798 
      132 0  |   .0239838   .0068858     3.48   0.000     .0104879    .0374797 
      132 1  |   .0334974   .0074244     4.51   0.000     .0189458     .048049 
      133 0  |   .0179451     .00585     3.07   0.002     .0064793    .0294109 
      133 1  |    .025125   .0061746     4.07   0.000     .0130231    .0372269 
------------------------------------------------------------------------------ 
 

 

marginsplot, noci by(white) legend(cols(4)) title(Effets de lfaminc et motheduc) 
 

 
 



 

logit smokes i.motheducc i.white c.lfaminc 
 
Iteration 0:   log likelihood =  -593.2711   
Iteration 1:   log likelihood =  -551.3655   
Iteration 2:   log likelihood = -545.62805   
Iteration 3:   log likelihood = -545.49329   
Iteration 4:   log likelihood = -545.49321   
Iteration 5:   log likelihood = -545.49321   
 
Logistic régression                               Number of obs   =       1388 
                                                  LR chi2(4)      =      95.56 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -545.49321                       Pseudo R2       =     0.0805 
 
------------------------------------------------------------------------------ 
      smokes |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   motheducc | 
          2  |  -.6684841   .2082536    -3.21   0.001    -1.076654   -.2603146 
          3  |  -2.206939   .3991534    -5.53   0.000    -2.989265   -1.424613 
             | 
     1.white |   .3865328   .1991701     1.94   0.052    -.0038333     .776899 
     lfaminc |  -.2996932   .0851848    -3.52   0.000    -.4666524   -.1327339 
       _cons |  -.7610281   .2370093    -3.21   0.001    -1.225558   -.2964984 
------------------------------------------------------------------------------ 
 

contrast 

contrast motheducc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
   motheducc |          2       36.74     0.0000 
------------------------------------------------ 
 



contrast r.motheducc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
   motheducc | 
   (2 vs 1)  |          1       10.30     0.0013 
   (3 vs 1)  |          1       30.57     0.0000 
      Joint  |          2       36.74     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
   motheducc | 
   (2 vs 1)  |  -.6684841   .2082536     -1.076654   -.2603146 
   (3 vs 1)  |  -2.206939   .3991534     -2.989265   -1.424613 
-------------------------------------------------------------- 
 

ar.  

contrast ar.motheducc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
   motheducc | 
   (2 vs 1)  |          1       10.30     0.0013 
   (3 vs 2)  |          1       13.14     0.0003 
      Joint  |          2       36.74     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
   motheducc | 
   (2 vs 1)  |  -.6684841   .2082536     -1.076654   -.2603146 
   (3 vs 2)  |  -1.538455   .4244366     -2.370335   -.7065742 



-------------------------------------------------------------- 
 

 

pwcompare

cimargins

effects

mcompare

 

pwcompare i.motheduc, mcompare(bonferroni) cimargins effects sort 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 
 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
   motheducc | 
          3  |  -2.774701   .4758266     -3.707304   -1.842098 
          2  |  -1.236246   .3195343     -1.862522   -.6099702 
          1  |  -.5677617    .228381      -1.01538   -.1201432 
-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
smokes       | 
   motheducc |            3 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
smokes       | 
   motheducc | 
     3 vs 1  |  -2.206939   .3991534    -5.53   0.000    -3.162504   -1.251374 
     3 vs 2  |  -1.538455   .4244366    -3.62   0.001    -2.554547    -.522362 
     2 vs 1  |  -.6684841   .2082536    -3.21   0.004    -1.167039   -.1699292 
------------------------------------------------------------------------------ 
 



predict  

predict plogit if e(sample) 
(option pr assumed; Pr(smokes)) 
 

 

histogram plogit, percent normal 
(bin=31, start=.01449997, width=.01431953) 
 

 
 



 

probit

probit [depvar] [indepvars] [if] [in] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]

vce(typevce) robust cluster

  

 
test [varexo]

estat classification



estat gof

lroc 

lsens 

estat ic

lincom [opérationlinéaire],  or

linktest 

lrtest [modèlecomplet] [modèlecontraint][, stats]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)]

marginsplot

marginsplot [varexos] 



prchange [varlist], [help] 

contrast [varlist]

contrast r.[varlist]

contrast ar.[varlist]

 

predict p if e(sample)

 

probit

logit or

probit smokes c.motheduc i.white c.lfaminc 
 
Iteration 0:   log likelihood = -593.10529   
Iteration 1:   log likelihood = -547.59879   
Iteration 2:   log likelihood = -546.77099   
Iteration 3:   log likelihood = -546.76991   
Iteration 4:   log likelihood = -546.76991   



 
Probit régression                                 Number of obs   =       1387 
                                                  LR chi2(3)      =      92.67 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -546.76991                       Pseudo R2       =     0.0781 
 
------------------------------------------------------------------------------ 
      smokes |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    motheduc |  -.1450599   .0207899    -6.98   0.000    -.1858074   -.1043124 
     1.white |   .1896765   .1098805     1.73   0.084    -.0256853    .4050383 
     lfaminc |  -.1669109   .0498894    -3.35   0.001    -.2646923   -.0691296 
       _cons |   1.126276   .2504611     4.50   0.000     .6353817    1.617171 
------------------------------------------------------------------------------ 
 

 

estimates store m3 

fistat using(nomdumodèle)

 

fitstat, using(m2) force 
 
Measures of Fit for probit of smokes 
 
Warning: Current model estimated by probit, but saved model estimated by logit 
 
Warning: N's do not match. 
 
                               Current             Saved        Difference 
Model:                          probit             logit 
N:                                1388              1387                 1 
Log-Lik Intercept Only        -593.271          -593.105            -0.166 
Log-Lik Full Model            -545.349          -548.734             3.385 
D                             1090.698(1381)    1097.467(1382)       6.769(1) 
LR                              95.844(4)         88.743(3)          7.101(1) 
Prob > LR                        0.000             0.000             0.008 
McFadden's R2                    0.081             0.075             0.006 
McFadden's Adj R2                0.069             0.066             0.003 
ML (Cox-Snell) R2                0.067             0.062             0.005 
Cragg-Uhler(Nagelkerke) R2       0.116             0.108             0.008 
McKelvey & Zavoina's R2          0.196             0.141             0.055 
Efron's R2                       0.060             0.053             0.007 
Variance of y*                   1.243             3.830            -2.587 
Variance of error                1.000             3.290            -2.290 
Count R2                         0.847             0.843             0.004 
Adj Count R2                     0.000            -0.028             0.028 
AIC                              0.796             0.798            -0.003 
AIC*n                         1104.698          1107.467            -2.769 
BIC                          -8901.692         -8901.162            -0.530 
BIC'                           -66.902           -67.039             0.137 
BIC used by Stata             1126.876          1126.407             0.469 
AIC used by Stata             1100.698          1105.467            -4.769 
 
Note: p-valeur  for difference in LR is only valid if models are nested. 
 





 

 







 

summarize

mlogit [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

vce(typevce) robust cluster

  

baseoutcome(#)



rrr

 
test [[label ou valeur de la modalité]] [varexo]

lrtest [modèlecomplet] [modelcontraint][, stats]

mlogtest, [all]

listcoef [, const help]

fitstat 

margins,[dydx(varexos)][at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)

] [predict(outcome(label ou valeur de la modalité))]: 



dydx(.)

marginsplot

marginsplot [varexos]

prchange [varlist], [outcome(label ou valeur de la modalité)] [help]

pwcompare [varexo], [cimargins] [eq(label ou valeur de l’équation)] :

contrast [varexo], [eq(label ou valeur de l’équation)]

contrast r.[varexo], [eq(label ou valeur de l’équation)]

contrast ar.[varexo] , [eq(label ou valeur de l’équation)]

predict p if e(sample) [, outcome(label ou valeur de la modalité)]

if e(sample)



 

use "http://www.Stata.com/data/jwooldridge/eacsap/keane.dta", clear 
 

describe status educ educc exper expersq black 
 
              storage  display     value 
variable name   type   format      label      variable label 
---------------------------------------------------------------------------------------------- 
status          byte   %9.0g                  sch=1,home=2,work=3 
educ            byte   %9.0g                  years of schooling 
educc           float  %9.0g                  Éducation, 1: entre 7 et 11, 2: 11 et 12, 3: 12 et 

13, 4, supérieur à 13 
exper           byte   %9.0g                  expwc + expbc + expser 
expersq         byte   %9.0g                  exper^2 
black           byte   %9.0g                  =1 if black 
 
 
 
 
 
 
 
summarize status educ educc exper expersq black 
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
      status |     12665    2.354205    .7869674          1          3 
        educ |     12723    12.06437    2.092468          7         19 



       educc |     12723    2.672876    1.028845          1          4 
       exper |     12723    1.651969    1.930829          0         10 
     expersq |     12723    6.456811    11.48361          0        100 
-------------+-------------------------------------------------------- 
       black |     12723    .3767193    .4845826          0          1 
 
inspect status 
 
status:  sch=1,home=2,work=3                    Number of Observations 
----------------------------                ------------------------------ 
                                            Total   Integers   Nonintegers 
|          #                 Negative           -         -          - 
|          #                 Zero               -         -          - 
|          #                 Positive       12665     12665          - 
|          #                                -----     -----      ----- 
|  #   #   #                 Total          12665     12665          - 
|  #   #   #                 Missing           58 
+----------------------                     ----- 
1                     3                     12723 
   (3 unique values) 
 
inspect educc 
 
educc:  Éducation, 1: entre 7 et 11, 2: 11      Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|          #                 Negative           -         -          - 
|          #                 Zero               -         -          - 
|          #                 Positive       12723     12723          - 
|          #                                -----     -----      ----- 
|  #       #   #             Total          12723     12723          - 
|  #   #   #   #             Missing            - 
+----------------------                     ----- 
1                     4                     12723 
   (4 unique values) 
 

histogram status, discrete percent 
(start=1, width=1) 
 



 
 
tab1 status educ educc exper expersq black 
 
-> tabulation of status   
 
sch=1,home= | 
   2,work=3 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |      2,473       19.53       19.53 
          2 |      3,233       25.53       45.05 
          3 |      6,959       54.95      100.00 
------------+----------------------------------- 
      Total |     12,665      100.00 
 
-> tabulation of educ   
 
   years of | 
  schooling |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          7 |        135        1.06        1.06 
          8 |        452        3.55        4.61 
          9 |        803        6.31       10.93 
         10 |      1,167        9.17       20.10 
         11 |      1,824       14.34       34.43 
         12 |      4,392       34.52       68.95 
         13 |      1,174        9.23       78.18 
         14 |        993        7.80       85.99 
         15 |        699        5.49       91.48 
         16 |        880        6.92       98.40 
         17 |        142        1.12       99.51 
         18 |         52        0.41       99.92 
         19 |         10        0.08      100.00 
------------+----------------------------------- 
      Total |     12,723      100.00 
 



-> tabulation of educc   
 
 Éducation, | 
 1: entre 7 | 
  et 11, 2: | 
  11 et 12, | 
   3: 12 et | 
     13, 4, | 
supérieur à | 
         13 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |      2,557       20.10       20.10 
          2 |      1,824       14.34       34.43 
          3 |      5,566       43.75       78.18 
          4 |      2,776       21.82      100.00 
------------+----------------------------------- 
      Total |     12,723      100.00 
 
-> tabulation of exper   
 
    expwc + | 
    expbc + | 
     expser |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      5,248       41.25       41.25 
          1 |      2,184       17.17       58.41 
          2 |      1,737       13.65       72.07 
          3 |      1,282       10.08       82.14 
          4 |        947        7.44       89.59 
          5 |        628        4.94       94.52 
          6 |        407        3.20       97.72 
          7 |        200        1.57       99.29 
          8 |         70        0.55       99.84 
          9 |         16        0.13       99.97 
         10 |          4        0.03      100.00 
------------+----------------------------------- 
      Total |     12,723      100.00 
 
-> tabulation of expersq   
 
    exper^2 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      5,248       41.25       41.25 
          1 |      2,184       17.17       58.41 
          4 |      1,737       13.65       72.07 
          9 |      1,282       10.08       82.14 
         16 |        947        7.44       89.59 
         25 |        628        4.94       94.52 
         36 |        407        3.20       97.72 
         49 |        200        1.57       99.29 
         64 |         70        0.55       99.84 
         81 |         16        0.13       99.97 
        100 |          4        0.03      100.00 
------------+----------------------------------- 
      Total |     12,723      100.00 
 
-> tabulation of black   
 
=1 if black |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      7,930       62.33       62.33 
          1 |      4,793       37.67      100.00 
------------+----------------------------------- 
      Total |     12,723      100.00 
 



mlogit

if year==87  

mlogit status educ c.exper##c.exper black if year==87 
 
Multinomial logistic régression                   Number of obs   =       1717 
                                                  LR chi2(8)      =     583.72 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -907.85723                       Pseudo R2       =     0.2433 
 
--------------------------------------------------------------------------------- 
         status |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
           educ |   .3146573   .0651096     4.83   0.000     .1870448    .4422699 
          exper |  -.8487367   .1569856    -5.41   0.000    -1.156423   -.5410507 
                | 
c.exper#c.exper |   .0773003   .0229217     3.37   0.001     .0323746    .1222261 
                | 
          black |  -.3113612   .2815339    -1.11   0.269    -.8631574     .240435 
          _cons |  -5.543798   1.086409    -5.10   0.000    -7.673121   -3.414475 
----------------+---------------------------------------------------------------- 
2               | 
           educ |  -.3589739   .0319425   -11.24   0.000    -.4215801   -.2963677 
          exper |  -.9549516   .0966353    -9.88   0.000    -1.144353   -.7655499 
                | 
c.exper#c.exper |   .0647852   .0127634     5.08   0.000     .0397693    .0898011 
                | 
          black |   .5016554   .1484078     3.38   0.001     .2107814    .7925295 
          _cons |   4.734077    .461716    10.25   0.000      3.82913    5.639024 
----------------+---------------------------------------------------------------- 
3               |  (base outcome) 
--------------------------------------------------------------------------------- 
 

outcome()



baseoutcome(2)

 

mlogit status educ c.exper##c.exper black if year==87, baseoutcome(2) 
 
Multinomial logistic régression                   Number of obs   =       1717 
                                                  LR chi2(8)      =     583.72 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -907.85723                       Pseudo R2       =     0.2433 
 
--------------------------------------------------------------------------------- 
         status |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
           educ |   .6736313   .0698999     9.64   0.000       .53663    .8106325 
          exper |   .1062149    .173282     0.61   0.540    -.2334116    .4458414 
                | 
c.exper#c.exper |   .0125152   .0252291     0.50   0.620     -.036933    .0619633 
                | 
          black |  -.8130166   .3027231    -2.69   0.007    -1.406343   -.2196902 
          _cons |  -10.27787   1.133336    -9.07   0.000    -12.49917   -8.056578 
----------------+---------------------------------------------------------------- 
2               |  (base outcome) 
----------------+---------------------------------------------------------------- 
3               | 
           educ |   .3589739   .0319425    11.24   0.000     .2963677    .4215801 
          exper |   .9549516   .0966353     9.88   0.000     .7655499    1.144353 
                | 
c.exper#c.exper |  -.0647852   .0127634    -5.08   0.000    -.0898011   -.0397693 
                | 
          black |  -.5016554   .1484078    -3.38   0.001    -.7925295   -.2107814 
          _cons |  -4.734077    .461716   -10.25   0.000    -5.639024    -3.82913 
 

 

estimates store m2 
 

mlogtest all

 

mlogtest, all 
 



 

**** Likelihood-ratio tests for independent variables (N=1717) 
 
 Ho: All coefficients associated with given variable(s) are 0. 
 
             |       chi2   df   P>chi2 
-------------+------------------------- 
        educ |    207.970    2    0.000 
       exper |    111.243    2    0.000 
     expersq |     29.820    2    0.000 
       black |     13.671    2    0.001 
--------------------------------------- 
 
**** Wald tests for independent variables (N=1717) 
 
 Ho: All coefficients associated with given variable(s) are 0. 
 
             |       chi2   df   P>chi2 
-------------+------------------------- 
        educ |    160.703    2    0.000 
       exper |    114.905    2    0.000 
     expersq |     34.376    2    0.000 
       black |     13.695    2    0.001 
--------------------------------------- 
 

**** Hausman tests of IIA assumption (N=1717) 
 
 Ho: Odds(Outcome-J vs Outcome-K) are independent of other alternatives. 
 
 Omitted |      chi2   df   P>chi2   evidence 
---------+------------------------------------ 
       1 |     1.031    5    0.960   for Ho     
       2 |     1.609    5    0.900   for Ho     
---------------------------------------------- 
 
**** Small-Hsiao tests of IIA assumption (N=1717) 
 
 Ho: Odds(Outcome-J vs Outcome-K) are independent of other alternatives. 
 
 Omitted |  lnL(full)  lnL(omit)    chi2   df   P>chi2   evidence 
---------+--------------------------------------------------------- 
       1 |   -288.759   -286.424   4.670    5    0.457   for Ho     
       2 |   -155.431   -150.790   9.283    5    0.098   for Ho     
------------------------------------------------------------------- 



 

 

**** Wald tests for combining alternatives (N=1717) 
 
 Ho: All coefficients except intercepts associated with a given pair 
     of alternatives are 0 (i.e., alternatives can be combined). 
 
Alternatives tested|     chi2   df   P>chi2 
-------------------+------------------------ 
       1-       2  |  130.257    4    0.000 
       1-       3  |  136.281    4    0.000 
       2-       3  |  300.727    4    0.000 
-------------------------------------------- 
 
**** LR tests for combining alternatives (N=1717) 
 
 Ho: All coefficients except intercepts associated with a given pair 
     of alternatives are 0 (i.e., alternatives can be collapsed). 
 
Alternatives tested|     chi2   df   P>chi2 
-------------------+------------------------ 
       1-       2  |  199.865    4    0.000 
       1-       3  |  167.411    4    0.000 
       2-       3  |  412.042    4    0.000 
-------------------------------------------- 
 

 

quietly mlogit status educ c.exper##c.exper i.black if year==87 
 

fitstat

fitstat, saving(m2) 
 
Measures of Fit for mlogit of status 
 
Log-Lik Intercept Only:      -1199.718   Log-Lik Full Model:           -907.857 
D(1699):                      1815.714   LR(8):                         583.722 
                                         Prob > LR:                       0.000 
McFadden's R2:                   0.243   McFadden's Adj R2:               0.228 
ML (Cox-Snell) R2:               0.288   Cragg-Uhler(Nagelkerke) R2:      0.383 



Count R2:                        0.796   Adj Count R2:                    0.186 
AIC:                             1.078   AIC*n:                        1851.714 
BIC:                        -10839.005   BIC':                         -524.135 
BIC used by Stata:            1890.198   AIC used by Stata:            1835.714 
 
(Indices saved in matrix fs_m2) 
 

 

 

test black educ 
 
 ( 1)  [1]black = 0 
 ( 2)  [2]o.black = 0 
 ( 3)  [3]black = 0 
 ( 4)  [1]educ = 0 
 ( 5)  [2]o.educ = 0 
 ( 6)  [3]educ = 0 
       Constraint 2 dropped 
       Constraint 5 dropped 
 
           chi2(  4) =  198.48 
         Prob > chi2 =    0.0000 
 

 

mlogit status c.exper##c.exper if year==87 
 
Multinomial logistic régression                   Number of obs   =       1717 
                                                  LR chi2(4)      =     305.71 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -1046.8633                       Pseudo R2       =     0.1274 
 
--------------------------------------------------------------------------------- 
         status |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
          exper |   -1.04547   .1480985    -7.06   0.000    -1.335737   -.7552018 
                | 
c.exper#c.exper |   .0771984   .0225993     3.42   0.001     .0329047    .1214922 
                | 
          _cons |  -.6668683   .1741553    -3.83   0.000    -1.008206   -.3255301 
----------------+---------------------------------------------------------------- 
2               | 
          exper |  -.8288785   .0885893    -9.36   0.000     -1.00251   -.6552467 
                | 
c.exper#c.exper |   .0618822   .0122411     5.06   0.000     .0378901    .0858743 
                | 
          _cons |   .2651945   .1277839     2.08   0.038     .0147427    .5156463 
----------------+---------------------------------------------------------------- 
3               |  (base outcome) 
--------------------------------------------------------------------------------- 
 



 

estimates store mtest 
 

lrtest

 

lrtest m2 mtest 
 
Likelihood-ratio test                                 LR chi2(4)  =    278.01 
(Assumption: mtest nested in m2)                      Prob > chi2 =    0.0000 
 

 

predict p1 if e(sample), outcome(1) 
(option pr assumed; predicted probability) 
(11006 missing values generated) 
 
predict p2 if e(sample), outcome(2) 
(option pr assumed; predicted probability) 
(11006 missing values generated) 
 
predict p3 if e(sample), outcome(3) 
(option pr assumed; predicted probability) 
(11006 missing values generated) 
 

gen p1best if year==87 = ( p1>p2 & p1>p3 ) 
(10985 missing values generated) 
 
replace  p1best=. if p1==. 
(21 real changes made, 21 to missing) 
 
gen p2best= ( p2>p1 & p2>p3 ) 
 
replace  p2best=. if p2==. 
(11006 real changes made, 11006 to missing) 
 
gen p3best= ( p3>p1 & p3>p2 ) 
 



replace  p3best=. if p3==. 
(11006 real changes made, 11006 to missing) 
 

gen statushat  = 1 if(p1best== 1 & p2best== 0 & p3best== 0) 
(12708 missing values generated) 
 
replace statushat = 2 if(p1best== 0 & p2best== 1 & p3best== 0) 
(193 real changes made) 
 
replace statushat = 3 if(p1best== 0 & p2best== 0 & p3best== 1) 
(1509 real changes made) 
 

nofreq

tab status statushat if year==87, row nofreq 
 
sch=1,home |            statushat 
 =2,work=3 |         1          2          3 |     Total 
-----------+---------------------------------+---------- 
         1 |     12.12       4.04      83.84 |    100.00  
         2 |      0.00      39.16      60.84 |    100.00  
         3 |      0.23       4.59      95.18 |    100.00  
-----------+---------------------------------+---------- 
     Total |      0.87      11.24      87.89 |    100.00  
 

histogram status, discrete percent 
(start=1, width=1) 
 
histogram statushat, discrete percent 
(start=1, width=1) 
 



 
 

rrr

 

mlogit, rrr 
 
Multinomial logistic régression                   Number of obs   =       1717 
                                                  LR chi2(8)      =     583.72 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -907.85723                       Pseudo R2       =     0.2433 
 
--------------------------------------------------------------------------------- 
         status |        RRR   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
           educ |   1.961347   .1370979     9.64   0.000     1.710234     2.24933 
          exper |   1.112061   .1927001     0.61   0.540     .7918276    1.561804 
                | 
c.exper#c.exper |   1.012594   .0255469     0.50   0.620     .9637407    1.063923 
                | 
          black |   .4435181   .1342632    -2.69   0.007     .2450377    .8027674 
          _cons |   .0000344    .000039    -9.07   0.000     3.73e-06     .000317 
----------------+---------------------------------------------------------------- 
2               |  (base outcome) 
----------------+---------------------------------------------------------------- 
3               | 



           educ |   1.431859   .0457372    11.24   0.000     1.344965    1.524368 
          exper |   2.598545   .2511112     9.88   0.000     2.150176     3.14041 
                | 
c.exper#c.exper |   .9372688   .0119628    -5.08   0.000      .914113    .9610111 
                | 
          black |   .6055274    .089865    -3.38   0.001     .4526983    .8099511 
          _cons |   .0087906   .0040587   -10.25   0.000     .0035563    .0217285 
--------------------------------------------------------------------------------- 
 

margins

 

quietly mlogit status educ exper expersq black if year==87 
 

listcoef

 

listcoef, help 
 
mlogit (N=1717): Factor Change in the Odds of status  
 
Variable: educ (sd=2.4812926) 
 
Odds comparing    | 
Alternative 1     | 
to Alternative 2  |      b         z     P>|z|     e^b   e^bStdX 
------------------+--------------------------------------------- 
1       -2        |   0.67363    9.637   0.000   1.9613   5.3200 
1       -3        |   0.31466    4.833   0.000   1.3698   2.1831 
2       -1        |  -0.67363   -9.637   0.000   0.5099   0.1880 
2       -3        |  -0.35897  -11.238   0.000   0.6984   0.4104 
3       -1        |  -0.31466   -4.833   0.000   0.7300   0.4581 
3       -2        |   0.35897   11.238   0.000   1.4319   2.4369 
---------------------------------------------------------------- 



listcoef margins

Variable: exper (sd=2.316598) 
 
Odds comparing    | 
Alternative 1     | 
to Alternative 2  |      b         z     P>|z|     e^b   e^bStdX 
------------------+--------------------------------------------- 
1       -2        |   0.10621    0.613   0.540   1.1121   1.2790 
1       -3        |  -0.84874   -5.406   0.000   0.4280   0.1400 
2       -1        |  -0.10621   -0.613   0.540   0.8992   0.7819 
2       -3        |  -0.95495   -9.882   0.000   0.3848   0.1095 
3       -1        |   0.84874    5.406   0.000   2.3367   7.1433 
3       -2        |   0.95495    9.882   0.000   2.5985   9.1361 
---------------------------------------------------------------- 
 
Variable: expersq (sd=18.138387) 
 
Odds comparing    | 
Alternative 1     | 
to Alternative 2  |      b         z     P>|z|     e^b   e^bStdX 
------------------+--------------------------------------------- 
1       -2        |   0.01252    0.496   0.620   1.0126   1.2548 
1       -3        |   0.07730    3.372   0.001   1.0804   4.0637 
2       -1        |  -0.01252   -0.496   0.620   0.9876   0.7969 
2       -3        |   0.06479    5.076   0.000   1.0669   3.2385 
3       -1        |  -0.07730   -3.372   0.001   0.9256   0.2461 
3       -2        |  -0.06479   -5.076   0.000   0.9373   0.3088 
---------------------------------------------------------------- 
 
Variable: black (sd=.48546152) 
 
Odds comparing    | 
Alternative 1     | 
to Alternative 2  |      b         z     P>|z|     e^b   e^bStdX 
------------------+--------------------------------------------- 
1       -2        |  -0.81302   -2.686   0.007   0.4435   0.6739 
1       -3        |  -0.31136   -1.106   0.269   0.7324   0.8597 
2       -1        |   0.81302    2.686   0.007   2.2547   1.4839 
2       -3        |   0.50166    3.380   0.001   1.6515   1.2758 
3       -1        |   0.31136    1.106   0.269   1.3653   1.1632 
3       -2        |  -0.50166   -3.380   0.001   0.6055   0.7839 
---------------------------------------------------------------- 
 

help

       b = raw coefficient 
       z = z-score for test of b=0 
   P>|z| = p-valeur  for z-test 
     e^b = exp(b) = factor change in odds for unit increase in X 
 e^bStdX = exp(b*SD of X) = change in odds for SD increase in X 
 

prchange



 

prchange, help 
 
mlogit: Changes in Probabilities for status 
 
educ 
            Avg|Chg|           1           2           3 
Min->Max   .36339941   .21288132  -.54509914   .33221778 
   -+1/2    .0303475   .01086067  -.04552126   .03466058 
  -+sd/2   .07578843   .02739228  -.11368266   .08629036 
MargEfct     .030308   .01082604    -.045462   .03463597 
 
exper 
            Avg|Chg|           1           2           3 
Min->Max   .56083208  -.10768881  -.73355932   .84124811 
   -+1/2   .09005499  -.02080508  -.11427741   .13508248 
  -+sd/2   .21155314  -.04768537  -.26964433    .3173297 
MargEfct   .08961937  -.02082885   -.1136002   .13442905 
 
expersq 
            Avg|Chg|           1           2           3 
Min->Max   .61392254   .35843275   .56245105  -.92088382 
   -+1/2   .00640988   .00199379   .00762103  -.00961483 
  -+sd/2    .1172177    .0370772   .13874936  -.17582655 
MargEfct   .00640971   .00199363   .00762094  -.00961456 
 
black 
        Avg|Chg|           1           2           3 
0->1   .04391455  -.01100145   .06587184  -.05487037 
 
                 1          2          3 
Pr(y|x)  .03036102  .14338864  .82625031 
 
          educ    exper  expersq    black 
   x=  12.5492   3.4403  17.1992  .379732 
sd_x=  2.48129   2.3166  18.1384  .485462 
 
 Pr(y|x): probability of observing each y for specified x values 
Avg|Chg|: average of absolute value of the change across categories 
Min->Max: change in predicted probability as x changes from its minimum to 
          its maximum 
    0->1: change in predicted probability as x changes from 0 to 1 
   -+1/2: change in predicted probability as x changes from 1/2 unit below 
          base value to 1/2 unit above 
  -+sd/2: change in predicted probability as x changes from 1/2 standard 
          dev below base to 1/2 standard dev above 
MargEfct: the partial derivative of the predicted probability/rate with 
          respect to a given independent variable 
 



margins

marginsplot

quietly mlogit status educ c.exper##c.exper i.black if year==87 
 

predict(outcome(1)) dydx(*)  

margins, dydx(*) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : educ exper 1.black 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0173786   .0029057     5.98   0.000     .0116835    .0230737 
       exper |  -.0194377   .0042472    -4.58   0.000    -.0277621   -.0111133 
     1.black |   -.017991   .0116456    -1.54   0.122     -.040816     .004834 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

margins, dydx(*) predict(outcome(2)) 
 
Average marginal effects                          Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==2), predict(outcome(2)) 
dy/dx w.r.t. : educ exper 1.black 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |  -.0429471   .0030007   -14.31   0.000    -.0488283   -.0370659 
       exper |  -.0619329   .0039382   -15.73   0.000    -.0696516   -.0542143 
     1.black |   .0614621   .0178146     3.45   0.001     .0265461     .096378 



------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

 

margins, dydx(*) predict(outcome(3)) 
 
Average marginal effects                          Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==3), predict(outcome(3)) 
dy/dx w.r.t. : educ exper 1.black 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0255685   .0040739     6.28   0.000     .0175837    .0335533 
       exper |   .0813706   .0044553    18.26   0.000     .0726383    .0901029 
     1.black |   -.043471   .0199503    -2.18   0.029     -.082573   -.0043691 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

 

margins, dydx(*) atmeans  predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : educ exper 1.black 
at           : educ            =    12.54921 (mean) 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0073312   .0015143     4.84   0.000     .0043631    .0102992 
       exper |  -.0054125   .0019287    -2.81   0.005    -.0091928   -.0016323 



     1.black |  -.0073531   .0055632    -1.32   0.186    -.0182567    .0035505 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

 

margins, dydx(*) atmeans  predict(outcome(2)) 
 
Conditional marginal effects                      Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==2), predict(outcome(2)) 
dy/dx w.r.t. : educ exper 1.black 
at           : educ            =    12.54921 (mean) 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |  -.0349842    .003619    -9.67   0.000    -.0420773   -.0278911 
       exper |  -.0478969   .0044524   -10.76   0.000    -.0566234   -.0391704 
     1.black |   .0511596   .0155613     3.29   0.001     .0206599    .0816592 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

at((median)…)

 

margins, dydx(*) at((median)exper educ) predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : educ exper 1.black 
at           : educ            =          12 (median) 
               exper           =           3 (median) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 



        educ |   .0072241   .0012823     5.63   0.000     .0047109    .0097374 
       exper |  -.0057826   .0020379    -2.84   0.005    -.0097768   -.0017884 
     1.black |  -.0072963   .0053115    -1.37   0.170    -.0177068    .0031141 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

margins

dydx()

at

atmeans

predict(outcome(1))

 

margins black, dydx(exper) at(educ=(7(1)19)) atmeans predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : exper 
 
1._at        : educ            =           7 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
2._at        : educ            =           8 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
    . 
    . 
    . 
 
12._at       : educ            =          18 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 



               1.black         =    .3797321 (mean) 
 
13._at       : educ            =          19 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
exper        | 
   _at#black | 
        1 0  |  -.0002715   .0003023    -0.90   0.369    -.0008641     .000321 
        1 1  |  -.0000568   .0001345    -0.42   0.673    -.0003203    .0002067 
        2 0  |  -.0006092   .0005098    -1.19   0.232    -.0016083      .00039 
        2 1  |  -.0002099    .000243    -0.86   0.388    -.0006861    .0002663 
 
      . 
      . 
      . 
 
       12 0  |  -.0350697    .007326    -4.79   0.000    -.0494283    -.020711 
       12 1  |   -.026968   .0076145    -3.54   0.000    -.0418922   -.0120439 
       13 0  |  -.0441532   .0091083    -4.85   0.000     -.062005   -.0263013 
       13 1  |  -.0349762   .0098936    -3.54   0.000    -.0543673    -.015585 
------------------------------------------------------------------------------ 
 

marginsplot

recast(line)

recastci(rline) ciopts(lpattern(dash))

 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de exper) yline(0) 
 
  Variables that uniquely identify margins: educ black 
 
graph save marginsmlogit1.gph, replace 
(file marginsmlogit1.gph saved) 
 

atmeans  

margins black, dydx(exper) at(educ=(7(1)19)) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : exper 
 
1._at        : educ            =           7 
 
2._at        : educ            =           8 
 



    . 
    . 
    . 
 
12._at       : educ            =          18 
 
13._at       : educ            =          19 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
exper        | 
   _at#black | 
        1 0  |   .0000559   .0003054     0.18   0.855    -.0005426    .0006544 
        1 1  |   .0001178   .0001748     0.67   0.501    -.0002248    .0004604 
        2 0  |  -.0001121   .0005213    -0.21   0.830    -.0011339    .0009097 
        2 1  |   .0000954   .0002855     0.33   0.738    -.0004641    .0006548 
 
      . 
      . 
      . 
 
       12 0  |  -.0562784   .0097988    -5.74   0.000    -.0754837   -.0370731 
       12 1  |  -.0460697   .0095379    -4.83   0.000    -.0647636   -.0273759 
       13 0  |  -.0629091   .0107873    -5.83   0.000    -.0840518   -.0417663 
       13 1  |  -.0553135   .0099557    -5.56   0.000    -.0748264   -.0358007 
------------------------------------------------------------------------------ 
 

 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
exper) yline(0) 
 
  Variables that uniquely identify margins: educ black 
 
graph save marginsmlogit2.gph, replace 
(file marginsmlogit2.gph saved) 
 
graph combine marginsmlogit3.gph marginsmlogit4.gph, ycommon 
 



 
 

dydx(). 

margins black, dydx(educ) at(educ=(7(1)19)) atmeans predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : educ 
 
1._at        : educ            =           7 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
2._at        : educ            =           8 



               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
    . 
    . 
    . 
 
12._at       : educ            =          18 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
13._at       : educ            =          19 
               exper           =    3.440303 (mean) 
               0.black         =    .6202679 (mean) 
               1.black         =    .3797321 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
educ         | 
   _at#black | 
        1 0  |    .001272   .0005107     2.49   0.013      .000271     .002273 
        1 1  |   .0008008   .0003191     2.51   0.012     .0001754    .0014263 
        2 0  |   .0018636   .0006312     2.95   0.003     .0006266    .0031007 
        2 1  |   .0012306   .0004294     2.87   0.004     .0003891    .0020721 
 
      . 
      . 
      . 
 
       11 0  |   .0284457   .0105431     2.70   0.007     .0077816    .0491097 
       11 1  |   .0220361   .0102924     2.14   0.032     .0018632    .0422089 
       12 0  |   .0362084   .0145183     2.49   0.013      .007753    .0646637 
       12 1  |   .0285462   .0142082     2.01   0.045     .0006986    .0563938 
       13 0  |   .0450589   .0188829     2.39   0.017     .0080492    .0820686 
       13 1  |   .0363254   .0187956     1.93   0.053    -.0005134    .0731641 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de educ) yline(0) 
 
  Variables that uniquely identify margins: educ black 
 
graph save marginsmlogit3.gph, replace 
(file marginsmlogit3.gph saved) 
 
margins black, dydx(educ) at(educ=(7(1)19)) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
dy/dx w.r.t. : educ 
 
1._at        : educ            =           7 
 
2._at        : educ            =           8 
 
    . 
    . 
    . 
 
12._at       : educ            =          18 
 
13._at       : educ            =          19 
 
------------------------------------------------------------------------------ 
             |            Delta-method 



             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
educ         | 
   _at#black | 
        1 0  |   .0015206   .0005898     2.58   0.010     .0003646    .0026766 
        1 1  |   .0008917   .0003358     2.66   0.008     .0002335    .0015499 
        2 0  |   .0023928   .0007871     3.04   0.002     .0008501    .0039355 
        2 1  |   .0014361   .0004742     3.03   0.002     .0005067    .0023655 
 
      . 
      . 
      . 
 
       12 0  |   .0486865   .0157745     3.09   0.002     .0177689     .079604 
       12 1  |   .0423149   .0162999     2.60   0.009     .0103677    .0742621 
       13 0  |   .0550641   .0187871     2.93   0.003      .018242    .0918862 
       13 1  |   .0490613   .0195833     2.51   0.012     .0106788    .0874438 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
educ) yline(0) 
 
  Variables that uniquely identify margins: educ black 
 
graph save marginsmlogit4.gph, replace 
 
graph combine marginsmlogit3.gph marginsmlogit4.gph, ycommon 
 

 

 
 



dydx()

at

margins black, at(educ=(7(1)19)exper=(0(1)10)) predict(outcome(1)) 
 
Adjusted prédictions                              Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==1), predict(outcome(1)) 
 
1._at        : educ            =           7 
               exper           =           0 
 
2._at        : educ            =           7 
               exper           =           1 
 
    . 
    . 
    . 
 
10._at       : educ            =           7 
               exper           =           9 
 
11._at       : educ            =           7 
               exper           =          10 
 
12._at       : educ            =           8 
               exper           =           0 
 
13._at       : educ            =           8 
               exper           =           1 
 
    . 
    . 
    . 
 
21._at       : educ            =           8 
               exper           =           9 
 
22._at       : educ            =           8 
               exper           =          10 



 
    . 
    . 
    . 
 
142._at      : educ            =          19 
               exper           =           9 
 
143._at      : educ            =          19 
               exper           =          10 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#black | 
        1 0  |   .0034517   .0022558     1.53   0.126    -.0009695    .0078729 
        1 1  |   .0015953   .0009903     1.61   0.107    -.0003456    .0035362 
        2 0  |   .0034082   .0020551     1.66   0.097    -.0006198    .0074362 
        2 1  |   .0016503   .0009392     1.76   0.079    -.0001906    .0034912 
 
      . 
      . 
      . 
 
      142 0  |   .2794946   .1973425     1.42   0.157    -.1072895    .6662788 
      142 1  |   .2207742   .1813979     1.22   0.224    -.1347591    .5763075 
      143 0  |   .4186346   .3038009     1.38   0.168    -.1768042    1.014073 
      143 1  |   .3444639   .2968089     1.16   0.246    -.2372709    .9261987 
------------------------------------------------------------------------------ 
 

legend(cols(4)). 

marginsplot, noci by(black) legend(cols(4)) title(Effets de educ et exper) 
 
  Variables that uniquely identify margins: educ exper black 
 



 
 

 

margins black, at(educ=(7(1)19)exper=(0(1)10)) predict(outcome(2)) 
 
Adjusted prédictions                              Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==2), predict(outcome(2)) 
 



1._at        : educ            =           7 
               exper           =           0 
 
2._at        : educ            =           7 
               exper           =           1 
 
    . 
    . 
    . 
 
10._at       : educ            =           7 
               exper           =           9 
 
11._at       : educ            =           7 
               exper           =          10 
 
12._at       : educ            =           8 
               exper           =           0 
 
13._at       : educ            =           8 
               exper           =           1 
 
    . 
    . 
    . 
 
21._at       : educ            =           8 
               exper           =           9 
 
22._at       : educ            =           8 
               exper           =          10 
 
23._at       : educ            =           9 
               exper           =           0 
 
24._at       : educ            =           9 
               exper           =           1 
 
    . 
    . 
    . 
 
142._at      : educ            =          19 
               exper           =           9 
 
143._at      : educ            =          19 
               exper           =          10 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#black | 
        1 0  |   .8990285   .0238603    37.68   0.000     .8522631    .9457939 
        1 1  |   .9368684   .0143968    65.07   0.000     .9086511    .9650856 
        2 0  |   .7883254    .037748    20.88   0.000     .7143408    .8623101 
        2 1  |   .8606661   .0241718    35.61   0.000     .8132902     .908042 
 
      . 
      . 
      . 
 
      142 0  |   .0031337   .0016592     1.89   0.059    -.0001183    .0063856 
      142 1  |    .005581   .0029852     1.87   0.062    -.0002698    .0114319 
      143 0  |   .0033275   .0025571     1.30   0.193    -.0016843    .0083393 
      143 1  |   .0061732    .004594     1.34   0.179    -.0028309    .0151774 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(black) legend(cols(4)) title(Effets de educ et exper) 
 
  Variables that uniquely identify margins: educ exper black 



 

 
 
 

margins black, at(educ=(7(1)19)exper=(0(1)10)) predict(outcome(3)) 

 
Adjusted prédictions                              Number of obs   =       1717 
Model VCE    : OIM 
 
Expression   : Pr(status==3), predict(outcome(3)) 
 
1._at        : educ            =           7 
               exper           =           0 
 



2._at        : educ            =           7 
               exper           =           1 
 
    . 
    . 
    . 
 
10._at       : educ            =           7 
               exper           =           9 
 
11._at       : educ            =           7 
               exper           =          10 
 
12._at       : educ            =           8 
               exper           =           0 
 
13._at       : educ            =           8 
               exper           =           1 
 
    . 
    . 
    . 
 
142._at      : educ            =          19 
               exper           =           9 
 
143._at      : educ            =          19 
               exper           =          10 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#black | 
        1 0  |   .0975198   .0232474     4.19   0.000     .0519557    .1430839 
        1 1  |   .0615363   .0141319     4.35   0.000     .0338383    .0892343 
        2 0  |   .2082664   .0373401     5.58   0.000     .1350811    .2814517 
        2 1  |   .1376836   .0239783     5.74   0.000      .090687    .1846802 
 
      . 
      . 
      . 
 
      142 0  |   .7173717   .1965764     3.65   0.000      .332089    1.102654 
      142 1  |   .7736447   .1803048     4.29   0.000     .4202537    1.127036 
      143 0  |    .578038   .3021831     1.91   0.056    -.0142299    1.170306 
      143 1  |   .6493629   .2942788     2.21   0.027     .0725869    1.226139 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(black) legend(cols(4)) title(Effets de educ et exper) 
 
  Variables that uniquely identify margins: educ exper black 
 



 
 

pwcompare contrast

histogram educc, discrete percent 
(start=1, width=1) 
 



 
 

 

mlogit status i.educc c.exper##c.exper i.black if year==87 
 
Iteration 0:   log likelihood = -1199.7182   
Iteration 1:   log likelihood = -960.17767   
Iteration 2:   log likelihood = -912.27106   
Iteration 3:   log likelihood = -911.35531   
Iteration 4:   log likelihood = -911.35398   
Iteration 5:   log likelihood = -911.35398   
 
Multinomial logistic régression                   Number of obs   =       1717 
                                                  LR chi2(12)     =     576.73 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -911.35398                       Pseudo R2       =     0.2404 
 
--------------------------------------------------------------------------------- 
         status |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
          educc | 
             2  |  -.0063821   .9232708    -0.01   0.994     -1.81596    1.803196 
             3  |   .4832895   .6630833     0.73   0.466    -.8163298    1.782909 
             4  |   1.960897    .633631     3.09   0.002     .7190029    3.202791 
                | 
          exper |  -.9461064   .1506675    -6.28   0.000    -1.241409   -.6508035 
                | 
c.exper#c.exper |   .0900361   .0224182     4.02   0.000     .0460972     .133975 
                | 
        1.black |  -.4020934   .2763706    -1.45   0.146    -.9437699    .1395831 



          _cons |  -2.288546   .6479888    -3.53   0.000    -3.558581   -1.018512 
----------------+---------------------------------------------------------------- 
2               | 
          educc | 
             2  |  -.5414335   .2332924    -2.32   0.020    -.9986782   -.0841889 
             3  |  -.9504979    .180711    -5.26   0.000    -1.304685   -.5963108 
             4  |  -2.431593    .227032   -10.71   0.000    -2.876567   -1.986618 
                | 
          exper |  -.9614668   .1002418    -9.59   0.000    -1.157937   -.7649965 
                | 
c.exper#c.exper |   .0659904   .0130813     5.04   0.000     .0403515    .0916294 
                | 
        1.black |   .4910117   .1489629     3.30   0.001     .1990497    .7829737 
          _cons |   1.406806   .2202981     6.39   0.000     .9750301    1.838583 
----------------+---------------------------------------------------------------- 
3               |  (base outcome) 
--------------------------------------------------------------------------------- 
 

eq(1)

contrast  

contrast educc, eq(1) 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
1            | 
       educc |          3       22.96     0.0000 
------------------------------------------------ 
 

r  

contrast r.educc, eq(1) 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
1            | 
       educc | 
   (2 vs 1)  |          1        0.00     0.9945 
   (3 vs 1)  |          1        0.53     0.4661 
   (4 vs 1)  |          1        9.58     0.0020 
      Joint  |          3       22.96     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
1            | 
       educc | 
   (2 vs 1)  |  -.0063821   .9232708      -1.81596    1.803196 
   (3 vs 1)  |   .4832895   .6630833     -.8163298    1.782909 
   (4 vs 1)  |   1.960897    .633631      .7190029    3.202791 



-------------------------------------------------------------- 
 

 

contrast ar.educc, eq(1) 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
1            | 
       educc | 
   (2 vs 1)  |          1        0.00     0.9945 
   (3 vs 2)  |          1        0.39     0.5303 
   (4 vs 3)  |          1       14.68     0.0001 
      Joint  |          3       22.96     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
1            | 
       educc | 
   (2 vs 1)  |  -.0063821   .9232708      -1.81596    1.803196 
   (3 vs 2)  |   .4896716   .7802512     -1.039593    2.018936 
   (4 vs 3)  |   1.477607   .3856632      .7217214    2.233493 
-------------------------------------------------------------- 
 

pwcompare

 

pwcompare i.educc, mcompare(bonferroni) cimargins effects sort eq(1) 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 
 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
1            | 
       educc | 
          2  |  -2.495975   .7554331     -3.976597   -1.015353 
          1  |  -2.489593   .6350248     -3.734219   -1.244967 



          3  |  -2.006303   .4134356     -2.816622   -1.195985 
          4  |  -.5286961   .2015509     -.9237285   -.1336637 
-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
1            | 
       educc |            6 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
1            | 
       educc | 
     2 vs 1  |  -.0063821   .9232708    -0.01   1.000    -2.442208    2.429444 
     3 vs 1  |   .4832895   .6630833     0.73   1.000    -1.266095    2.232674 
     3 vs 2  |   .4896716   .7802512     0.63   1.000    -1.568832    2.548175 
     4 vs 3  |   1.477607   .3856632     3.83   0.001     .4601287    2.495086 
     4 vs 1  |   1.960897    .633631     3.09   0.012     .2892153    3.632578 
     4 vs 2  |   1.967279   .7535801     2.61   0.054    -.0208593    3.955417 
------------------------------------------------------------------------------ 
 

 

 

summarize

probit



mprobit [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

vce(typevce) robust cluster

  

baseoutcome(#)

 
test [[label ou valeur de la modalité]] [varexo]

listcoef [, const help]

const help

help listcoef

contrast [varexo], [eq(label ou valeur de l’équation)]



contrast r.[varexo], [eq(label ou valeur de l’équation)]

contrast ar.[varexo], [eq(label ou valeur de l’équation)]  

fitstat 

lrtest [modèlecomplet] [modelcontraint][, stats]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] [predict(outcome(labe

l ou valeur de la modalité))]:  

dydx(.)

marginsplot [varexos]

prchange [varlist], [outcome(label ou valeur de la modalité)] [help]

predict p if e(sample) [, outcome(label ou valeur de la modalité)]



pwcompare [varexo], [cimargins] [eq(label ou valeur de l’équation)]

 

mlogit

mprobit status educ c.exper##c.exper i.black if year==87 
 
Iteration 0:   log likelihood = -912.50781   
Iteration 1:   log likelihood = -908.64535   
Iteration 2:   log likelihood = -908.41824   
Iteration 3:   log likelihood = -908.41773   
Iteration 4:   log likelihood = -908.41773   
 
Multinomial probit régression                     Number of obs   =       1717 
                                                  Wald chi2(8)    =     480.82 
Log likelihood = -908.41773                       Prob > chi2     =     0.0000 
 
--------------------------------------------------------------------------------- 
         status |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
1               | 
           educ |    .162221   .0385226     4.21   0.000     .0867181    .2377239 
          exper |  -.6721982   .1027514    -6.54   0.000    -.8735872   -.4708091 
                | 
c.exper#c.exper |   .0592846   .0142553     4.16   0.000     .0313448    .0872244 
                | 
        1.black |  -.2244359   .1795638    -1.25   0.211    -.5763746    .1275028 
          _cons |  -2.985019   .6285942    -4.75   0.000     -4.21704   -1.752997 
----------------+---------------------------------------------------------------- 
2               | 
           educ |  -.2788583    .024389   -11.43   0.000    -.3266598   -.2310567 
          exper |  -.7859898    .073674   -10.67   0.000    -.9303883   -.6415914 
                | 
c.exper#c.exper |     .05491    .009636     5.70   0.000     .0360238    .0737963 
                | 
        1.black |    .380267   .1145264     3.32   0.001     .1557994    .6047345 
          _cons |   3.721129   .3604036    10.32   0.000     3.014751    4.427507 
----------------+---------------------------------------------------------------- 
3               |  (base outcome) 
--------------------------------------------------------------------------------- 
 

 

  



 

 



 



ologit [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

vce(typevce) robust cluster

  

or

 
test [[label ou valeur de la modalité]] [varexo]



listcoef [, const help]

contrast [varexo]

contrast r.[varexo]

contrast ar.[varexo]

fitstat

lrtest [modèlecomplet] [modelcontraint][, stats]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] [predict(outcome(labe

l ou valeur de la modalité))]:  

marginsplot [varexos]



prchange [varlist], [outcome(label ou valeur de la modalité)] [help]

pwcompare [varexo], [cimargins]

 

predict p if e(sample), [outcome(label ou valeur de la modalité)]

if e(sample)

 

use "http://www.Stata.com/data/jwooldridge/eacsap/attend.dta", clear 

 

 

 
gen termgpac=1 if termgpa>=0 & termgpa<=1 
(657 missing values generated) 
 
replace termgpac=2 if termgpa>1 & termgpa<=2 
(110 real changes made) 
 
replace termgpac=3 if termgpa>2 & termgpa<=3 
(346 real changes made) 
 
replace termgpac=4 if termgpa>3 & termgpa<=4 
(201 real changes made) 
 
replace termgpac=. if termgpa==.  
(0 real changes made) 



 
label variable termgpac "GPA , 1: entre 0 et 1, 2: entre 1 et 2, 3: entre 2 et 3, 4: entre 3 et 
4" 
 

 
 
gen hwrtec=1 if hwrte>=0 & hwrte<=25 
(664 missing values generated) 
 
replace hwrtec=2 if hwrte>25 & hwrte<=50 
(39 real changes made) 
 
replace hwrtec=3 if hwrte>50 & hwrte<=75 
(103 real changes made) 
 
replace hwrtec=4 if hwrte>75 & hwrte<=100 
(516 real changes made) 
 
replace hwrtec=. if hwrte==. 
(0 real changes made) 
 

 
 
describe termgpac priGPA atndrte hwrtec frosh  
 
              storage  display     value 
variable name   type   format      label      variable label 
---------------------------------------------------------------------------------------------- 
termgpac        float  %9.0g                  GPA , 1: entre 0 et 1, 2: entre 1 et 2, 3: entre 2 

et 3, 4: entre 3 et 4 
priGPA          float  %9.0g                  cumulative GPA prior to term 
atndrte         float  %9.0g                  percent classes attended 
hwrtec          float  %9.0g                   
frosh           byte   %8.0g                  =1 if freshman 
 
summarize termgpac priGPA atndrte hwrtec frosh 
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
    termgpac |       680    3.066176    .7675507          1          4 
      priGPA |       680    2.586775    .5447141       .857       3.93 
     atndrte |       680    81.70956    17.04699       6.25        100 
      hwrtec |       674    3.660237    .6951267          1          4 
       frosh |       680    .2323529    .4226438          0          1 
 
inspect termgpac 
 
termgpac:  GPA , 1: entre 0 et 1, 2: entre      Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|          #                 Negative           -         -          - 
|          #                 Zero               -         -          - 
|          #                 Positive         680       680          - 
|          #   #                            -----     -----      ----- 
|          #   #             Total            680       680          - 
|  .   #   #   #             Missing            - 
+----------------------                     ----- 
1                     4                       680 
   (4 unique values) 
 
. inspect hwrtec 
 
hwrtec:                                         Number of Observations 
---------                                   ------------------------------ 
                                            Total   Integers   Nonintegers 
|              #             Negative           -         -          - 



|              #             Zero               -         -          - 
|              #             Positive         674       674          - 
|              #                            -----     -----      ----- 
|              #             Total            674       674          - 
|  .   .   #   #             Missing            6 
+----------------------                     ----- 
1                     4                       680 
   (4 unique values) 
 
histogram termgpac, discrete percent 
(start=1, width=1) 
 

 
 
histogram hwrtec, discrete percent 
(start=1, width=1) 
 



 
 
tab1 termgpac priGPA atndrte hwrtec frosh 
 
-> tabulation of termgpac   
 
   GPA , 1: | 
 entre 0 et | 
1, 2: entre | 
 1 et 2, 3: | 
 entre 2 et | 
3, 4: entre | 
     3 et 4 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |         23        3.38        3.38 
          2 |        110       16.18       19.56 
          3 |        346       50.88       70.44 
          4 |        201       29.56      100.00 
------------+----------------------------------- 
      Total |        680      100.00 
 
-> tabulation of priGPA   
 
 cumulative | 
  GPA prior | 
    to term |      Freq.     Percent        Cum. 
------------+----------------------------------- 
       .857 |          1        0.15        0.15 
       1.19 |          1        0.15        0.29 
 
    . 
    . 
    . 
 
       3.91 |          1        0.15       99.56 
       3.92 |          1        0.15       99.71 



       3.93 |          2        0.29      100.00 
------------+----------------------------------- 
      Total |        680      100.00 
 
-> tabulation of atndrte   
 
    percent | 
    classes | 
   attended |      Freq.     Percent        Cum. 
------------+----------------------------------- 
       6.25 |          1        0.15        0.15 
      9.375 |          1        0.15        0.29 
       12.5 |          1        0.15        0.44 
     15.625 |          2        0.29        0.74 
      18.75 |          2        0.29        1.03 
     28.125 |          4        0.59        1.62 
      31.25 |          7        1.03        2.65 
     34.375 |          2        0.29        2.94 
       37.5 |          5        0.74        3.68 
     40.625 |          2        0.29        3.97 
      43.75 |          4        0.59        4.56 
     46.875 |          8        1.18        5.74 
         50 |          8        1.18        6.91 
     53.125 |         12        1.76        8.68 
      56.25 |         12        1.76       10.44 
     59.375 |         13        1.91       12.35 
       62.5 |         10        1.47       13.82 
     65.625 |         15        2.21       16.03 
      68.75 |          9        1.32       17.35 
     71.875 |         27        3.97       21.32 
         75 |         34        5.00       26.32 
     78.125 |         49        7.21       33.53 
      81.25 |         42        6.18       39.71 
     84.375 |         64        9.41       49.12 
       87.5 |         72       10.59       59.71 
     90.625 |         70       10.29       70.00 
      93.75 |         67        9.85       79.85 
     96.875 |         71       10.44       90.29 
        100 |         66        9.71      100.00 
------------+----------------------------------- 
      Total |        680      100.00 
 
-> tabulation of hwrtec   
 
     hwrtec |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |         16        2.37        2.37 
          2 |         39        5.79        8.16 
          3 |        103       15.28       23.44 
          4 |        516       76.56      100.00 
------------+----------------------------------- 
      Total |        674      100.00 
 
-> tabulation of frosh   
 
      =1 if | 
   freshman |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |        522       76.76       76.76 
          1 |        158       23.24      100.00 
------------+----------------------------------- 
      Total |        680      100.00 
 



 

ologit termgpac c.priGPA c.atndrte i.hwrtec i.frosh  
 
Iteration 0:   log likelihood = -742.82548   
Iteration 1:   log likelihood = -560.86181   
Iteration 2:   log likelihood = -541.69528   
Iteration 3:   log likelihood = -540.47955   
Iteration 4:   log likelihood = -540.47575   
Iteration 5:   log likelihood = -540.47575   
 
Ordered logistic régression                       Number of obs   =        674 
                                                  LR chi2(6)      =     404.70 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -540.47575                       Pseudo R2       =     0.2724 
 
------------------------------------------------------------------------------ 
    termgpac |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |    2.69323   .2126047    12.67   0.000     2.276532    3.109927 
     atndrte |   .0213841   .0066941     3.19   0.001     .0082639    .0345043 
             | 
      hwrtec | 
          2  |   1.027423   .6174534     1.66   0.096    -.1827632     2.23761 
          3  |   1.371838   .5838661     2.35   0.019     .2274818    2.516195 
          4  |   2.441417   .5835358     4.18   0.000     1.297708    3.585126 
             | 
     1.frosh |   .3122286   .2033122     1.54   0.125    -.0862559    .7107131 
-------------+---------------------------------------------------------------- 
       /cut1 |   5.879737   .7269155                      4.455009    7.304465 
       /cut2 |   8.753143   .7835211                       7.21747    10.28882 
       /cut3 |   12.33687   .8569134                      10.65735    14.01639 
------------------------------------------------------------------------------ 
 

 

estimates store m1 
 

 

omodel logit termgpac priGPA atndrte hwrtec frosh 
 



Iteration 0:   log likelihood = -742.82548 
Iteration 1:   log likelihood = -559.69789 
Iteration 2:   log likelihood = -542.13417 
Iteration 3:   log likelihood = -541.40859 
Iteration 4:   log likelihood =  -541.4052 
 
Ordered logit estimates                           Number of obs   =        674 
                                                  LR chi2(4)      =     402.84 
                                                  Prob > chi2     =     0.0000 
Log likelihood =  -541.4052                       Pseudo R2       =     0.2712 
 
------------------------------------------------------------------------------ 
    termgpac |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |   2.698716   .2123894    12.71   0.000     2.282441    3.114992 
     atndrte |   .0205193   .0065969     3.11   0.002     .0075897    .0334489 
      hwrtec |   .8286642   .1487421     5.57   0.000      .537135    1.120193 
       frosh |   .2949104   .2027187     1.45   0.146     -.102411    .6922318 
-------------+---------------------------------------------------------------- 
       _cut1 |   6.703632   .6226882          (Ancillary parameters) 
       _cut2 |   9.598665   .6841287  
       _cut3 |   13.16389   .7800429  
------------------------------------------------------------------------------ 
 
Approximate likelihood-ratio test of proportionality of odds 
across response categories: 
         chi2(8) =      5.38 
       Prob > chi2 =    0.7167 
 

 

 
brant, detail 
 
Estimated coefficients from j-1 binary régressions 
 
                y>1         y>2         y>3 
 priGPA   2.6891301   2.3734193   2.9124478 
atndrte   .02410456   .01642564   .02610233 
 hwrtec   1.0815843    .8196268   .71579972 
  frosh  -.12007495   .50860572   .22397263 
  _cons  -7.3269602  -8.5398172  -13.796245 
 
Brant Test of Parallel Régression Assumption 
 
    Variable |      chi2   p>chi2    df 
-------------+-------------------------- 
         All |      6.86    0.552     8 



-------------+-------------------------- 
      priGPA |      1.83    0.400     2 
     atndrte |      0.69    0.707     2 
      hwrtec |      0.89    0.642     2 
       frosh |      1.38    0.502     2 
---------------------------------------- 
 
A significant test statistic provides evidence that the parallel 
régression assumption has been violated. 
 

 

fitstat, saving(m2) 
 
Measures of Fit for ologit of termgpac 
 
Log-Lik Intercept Only:       -742.825   Log-Lik Full Model:           -541.405 
D(667):                       1082.810   LR(4):                         402.841 
                                         Prob > LR:                       0.000 
McFadden's R2:                   0.271   McFadden's Adj R2:               0.262 
ML (Cox-Snell) R2:               0.450   Cragg-Uhler(Nagelkerke) R2:      0.506 
McKelvey & Zavoina's R2:         0.522                               
Variance of y*:                  6.885   Variance of error:               3.290 
Count R2:                        0.662   Adj Count R2:                    0.305 
AIC:                             1.627   AIC*n:                        1096.810 
BIC:                         -3261.514   BIC':                         -376.788 
BIC used by Stata:            1128.403   AIC used by Stata:            1096.810 
 
(Indices saved in matrix fs_m2) 
 

 

 
test 2.hwrtec 3.hwrtec 4.hwrtec 1.frosh 
 
 ( 1)  [termgpac]2.hwrtec = 0 
 ( 2)  [termgpac]3.hwrtec = 0 
 ( 3)  [termgpac]4.hwrtec = 0 
 ( 4)  [termgpac]1.frosh = 0 
 
           chi2(  4) =   34.15 
         Prob > chi2 =    0.0000 
 



lrtest

 

ologit termgpac c.priGPA c.atndrte  if hwrtec~=. & frosh~=. 
 
Iteration 0:   log likelihood = -742.82548   
Iteration 1:   log likelihood = -570.93953   
Iteration 2:   log likelihood = -558.39117   
Iteration 3:   log likelihood = -558.24512   
Iteration 4:   log likelihood = -558.24499   
Iteration 5:   log likelihood = -558.24499   
 
Ordered logistic régression                       Number of obs   =        674 
                                                  LR chi2(2)      =     369.16 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -558.24499                       Pseudo R2       =     0.2485 
 
------------------------------------------------------------------------------ 
    termgpac |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |   2.557013    .197955    12.92   0.000     2.169029    2.944998 
     atndrte |    .040732   .0056017     7.27   0.000     .0297528    .0517112 
-------------+---------------------------------------------------------------- 
       /cut1 |   5.184619   .5435904                      4.119202    6.250037 
       /cut2 |   7.839547   .5758625                      6.710877    8.968216 
       /cut3 |   11.30293   .6710185                      9.987759     12.6181 
------------------------------------------------------------------------------ 
 

 

estimates store mtest 
 

 

lrtest m1 mtest 
 
Likelihood-ratio test                                 LR chi2(4)  =     35.54 
(Assumption: mtest nested in m1)                      Prob > chi2 =    0.0000 
 

 

ologit, or 



 
Ordered logistic régression                       Number of obs   =        674 
                                                  LR chi2(6)      =     404.70 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -540.47575                       Pseudo R2       =     0.2724 
 
------------------------------------------------------------------------------ 
    termgpac | Odds Ratio   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |   14.77933   3.142155    12.67   0.000     9.742835    22.41941 
     atndrte |   1.021614   .0068388     3.19   0.001     1.008298    1.035106 
             | 
      hwrtec | 
          2  |   2.793858   1.725077     1.66   0.096     .8329654    9.370906 
          3  |   3.942592   2.301946     2.35   0.019     1.255435    12.38139 
          4  |   11.48931   6.704425     4.18   0.000     3.660896    36.05791 
             | 
     1.frosh |   1.366467   .2778194     1.54   0.125     .9173594    2.035442 
-------------+---------------------------------------------------------------- 
       /cut1 |   5.879737   .7269155                      4.455009    7.304465 
       /cut2 |   8.753143   .7835211                       7.21747    10.28882 
       /cut3 |   12.33687   .8569134                      10.65735    14.01639 
------------------------------------------------------------------------------ 
 

quietly ologit termgpac priGPA atndrte hwrtec frosh  
 

 
 
listcoef, help 
 
ologit (N=674): Factor Change in Odds  
 
  Odds of: >m vs <=m 
 
---------------------------------------------------------------------- 
    termgpac |      b         z     P>|z|    e^b    e^bStdX      SDofX 
-------------+-------------------------------------------------------- 
      priGPA |   2.69872   12.706   0.000  14.8606   4.3392     0.5438 
     atndrte |   0.02052    3.110   0.002   1.0207   1.4029    16.4997 
      hwrtec |   0.82866    5.571   0.000   2.2903   1.7790     0.6951 
       frosh |   0.29491    1.455   0.146   1.3430   1.1322     0.4211 
---------------------------------------------------------------------- 
       b = raw coefficient 
       z = z-score for test of b=0 
   P>|z| = p-valeur  for z-test 
     e^b = exp(b) = factor change in odds for unit increase in X 
 e^bStdX = exp(b*SD of X) = change in odds for SD increase in X 
   SDofX = standard deviation of X 
 



 

 
prchange, help 
 
ologit: Changes in Probabilities for termgpac 
 
priGPA 
            Avg|Chg|           1           2           3           4 
Min->Max   .46054661  -.40230357  -.51878965   .02066833   .90042491 
   -+1/2   .21522124  -.02186975  -.25279684  -.15577587   .43044248 
  -+sd/2   .11783493  -.00984308  -.12907328  -.09675348   .23566987 
MargEfct   .21628571  -.01662868  -.22924072  -.18670201   .43257142 
 
atndrte 
            Avg|Chg|           1           2           3           4 
Min->Max   .13805744  -.02444052  -.25167438   .06059951   .21551535 
   -+1/2    .0016445  -.00012644  -.00174301  -.00141954     .003289 
  -+sd/2   .02713859  -.00209573  -.02881604  -.02336538    .0542772 
MargEfct    .0016445  -.00012643    -.001743  -.00141956     .003289 
 
hwrtec 
            Avg|Chg|           1           2           3           4 
Min->Max   .21358488    -.048843  -.37832678   .20467332   .22249643 
   -+1/2    .0664735   -.0052477  -.07121426    -.056485   .13294703 
  -+sd/2   .04618754  -.00359673  -.04920951  -.03956884   .09237508 
MargEfct    .0664124  -.00510598  -.07039036  -.05732847   .13282481 
 
frosh 
        Avg|Chg|           1           2           3           4 
0->1   .02476376  -.00168553  -.02356001  -.02428198   .04952753 
 
                 1          2          3          4 
Pr(y|x)  .00620014  .09518485   .6981349  .20048013 
 
        priGPA  atndrte   hwrtec    frosh 
   x=  2.59182  82.1217  3.66024   .22997 
sd_x=  .543844  16.4997  .695127  .421126 
 
 Pr(y|x): probability of observing each y for specified x values 
Avg|Chg|: average of absolute value of the change across categories 
Min->Max: change in predicted probability as x changes from its minimum to 
          its maximum 
    0->1: change in predicted probability as x changes from 0 to 1 
   -+1/2: change in predicted probability as x changes from 1/2 unit below 
          base value to 1/2 unit above 
  -+sd/2: change in predicted probability as x changes from 1/2 standard 
          dev below base to 1/2 standard dev above 
MargEfct: the partial derivative of the predicted probability/rate with 
          respect to a given independent variable 
 



 

quietly ologit termgpac c.priGPA c.atndrte i.hwrtec i.frosh  
 

margins

dydx (*)

predict(outcome(1))  

margins, dydx(*) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
dy/dx w.r.t. : priGPA atndrte 2.hwrtec 3.hwrtec 4.hwrtec 1.frosh 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |  -.0648998   .0113075    -5.74   0.000     -.087062   -.0427375 
     atndrte |  -.0005153   .0001739    -2.96   0.003    -.0008562   -.0001744 
             | 
      hwrtec | 
          2  |  -.0583982   .0418552    -1.40   0.163     -.140433    .0236365 
          3  |  -.0707993   .0413905    -1.71   0.087    -.1519232    .0103247 
          4  |  -.0941023   .0415101    -2.27   0.023    -.1754607   -.0127439 
             | 
     1.frosh |  -.0072674   .0047004    -1.55   0.122      -.01648    .0019451 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

atmeans 



margins, dydx(*) atmeans  predict(outcome(4)) 
 
Conditional marginal effects                      Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
dy/dx w.r.t. : priGPA atndrte 2.hwrtec 3.hwrtec 4.hwrtec 1.frosh 
at           : priGPA          =     2.59182 (mean) 
               atndrte         =    82.12166 (mean) 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |   .4298531   .0379372    11.33   0.000     .3554976    .5042086 
     atndrte |    .003413   .0010727     3.18   0.001     .0013105    .0055155 
             | 
      hwrtec | 
          2  |   .0472665   .0283118     1.67   0.095    -.0082237    .1027566 
          3  |   .0751918   .0250493     3.00   0.003     .0260961    .1242876 
          4  |     .22364   .0266078     8.41   0.000     .1714897    .2757904 
             | 
     1.frosh |   .0523629   .0357637     1.46   0.143    -.0177328    .1224585 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

 

margins, dydx(*) at((median)c.priGPA c.atndrte) predict(outcome(4)) 
 
Average marginal effects                          Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
dy/dx w.r.t. : priGPA atndrte 2.hwrtec 3.hwrtec 4.hwrtec 1.frosh 
at           : priGPA          =        2.56 (median) 
               atndrte         =        87.5 (median) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |   .4459039   .0344244    12.95   0.000     .3784333    .5133745 
     atndrte |   .0035405   .0011653     3.04   0.002     .0012565    .0058244 
             | 
      hwrtec | 
          2  |   .0488216   .0296825     1.64   0.100    -.0093549    .1069982 
          3  |   .0775471   .0258678     3.00   0.003     .0268472     .128247 
          4  |   .2289231    .025708     8.90   0.000     .1785363    .2793098 
             | 
     1.frosh |   .0540097   .0364346     1.48   0.138    -.0174009    .1254202 



------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

at(priGPA=(1(0.2)4)).

atmeans  

margins i.hwrtec, dydx(atndrte) at(priGPA=(1(0.2)4)) atmeans predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
dy/dx w.r.t. : atndrte 
 
1._at        : priGPA          =           1 
               atndrte         =    82.12166 (mean) 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
2._at        : priGPA          =         1.2 
               atndrte         =    82.12166 (mean) 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
    . 
    . 
    . 
 
15._at       : priGPA          =         3.8 
               atndrte         =    82.12166 (mean) 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
16._at       : priGPA          =           4 
               atndrte         =    82.12166 (mean) 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 



------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
atndrte      | 
  _at#hwrtec | 
        1 1  |  -.0034783   .0020224    -1.72   0.085    -.0074421    .0004855 
        1 2  |  -.0052021   .0019156    -2.72   0.007    -.0089566   -.0014475 
        1 3  |  -.0053458   .0016675    -3.21   0.001     -.008614   -.0020776 
        1 4  |  -.0040411   .0012893    -3.13   0.002    -.0065681   -.0015142 
        2 1  |  -.0045393   .0021211    -2.14   0.032    -.0086965   -.0003821 
        2 2  |  -.0052889   .0015157    -3.49   0.000    -.0082596   -.0023183 
        2 3  |  -.0049588   .0014228    -3.49   0.000    -.0077474   -.0021701 
        2 4  |  -.0029463   .0010056    -2.93   0.003    -.0049171   -.0009754 
 
      . 
      . 
      . 
 
       15 1  |   -.000044   .0000294    -1.49   0.135    -.0001017    .0000137 
       15 2  |  -.0000158   8.58e-06    -1.84   0.066    -.0000326    1.04e-06 
       15 3  |  -.0000112   6.23e-06    -1.80   0.072    -.0000234    1.01e-06 
       15 4  |  -3.84e-06   2.25e-06    -1.71   0.087    -8.24e-06    5.58e-07 
       16 1  |  -.0000257   .0000179    -1.44   0.151    -.0000608    9.38e-06 
       16 2  |  -9.22e-06   5.30e-06    -1.74   0.082    -.0000196    1.18e-06 
       16 3  |  -6.53e-06   3.85e-06    -1.70   0.090    -.0000141    1.01e-06 
       16 4  |  -2.24e-06   1.38e-06    -1.62   0.105    -4.95e-06    4.68e-07 
------------------------------------------------------------------------------ 
 

title()

yline(0)

xlabel(, angle(90))

ylabel(, angle(0))

title(""). 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de atndrte) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: priGPA hwrtec 
 

graph save

 

graph save marginsologit1.gph, replace 
(file marginsologit1.gph saved) 
 

 

margins i.hwrtec, dydx(atndrte) at(priGPA=(1(0.2)4)) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 



dy/dx w.r.t. : atndrte 
 
1._at        : priGPA          =           1 
 
2._at        : priGPA          =         1.2 
 
    . 
    . 
    . 
 
15._at       : priGPA          =         3.8 
 
16._at       : priGPA          =           4 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
atndrte      | 
  _at#hwrtec | 
        1 1  |  -.0034967   .0019779    -1.77   0.077    -.0073734    .0003801 
        1 2  |  -.0050634   .0017652    -2.87   0.004    -.0085231   -.0016037 
        1 3  |  -.0051761   .0015273    -3.39   0.001    -.0081696   -.0021826 
        1 4  |  -.0039733   .0012124    -3.28   0.001    -.0063495   -.0015971 
        2 1  |  -.0044792   .0020029    -2.24   0.025    -.0084049   -.0005535 
        2 2  |   -.005117   .0013827    -3.70   0.000     -.007827    -.002407 
        2 3  |  -.0048105   .0013064    -3.68   0.000    -.0073709   -.0022501 
        2 4  |  -.0029574   .0009862    -3.00   0.003    -.0048904   -.0010245 
 
      . 
      . 
      . 
 
       15 1  |  -.0000478   .0000326    -1.46   0.143    -.0001117    .0000162 
       15 2  |  -.0000172   9.58e-06    -1.79   0.073    -.0000359    1.62e-06 
       15 3  |  -.0000122   7.09e-06    -1.72   0.086    -.0000261    1.72e-06 
       15 4  |  -4.18e-06   2.57e-06    -1.63   0.104    -9.22e-06    8.57e-07 
       16 1  |  -.0000279   .0000199    -1.41   0.159    -.0000669     .000011 
       16 2  |    -.00001   5.92e-06    -1.69   0.090    -.0000216    1.57e-06 
       16 3  |  -7.11e-06   4.37e-06    -1.63   0.104    -.0000157    1.45e-06 
       16 4  |  -2.44e-06   1.58e-06    -1.55   0.122    -5.53e-06    6.50e-07 
------------------------------------------------------------------------------ 
 

 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
atndrte) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: priGPA hwrtec 
 

 

graph save marginsologit2.gph, replace 
(file marginsologit2.gph saved) 
 

graph combine. 

graph combine marginsologit1.gph marginsologit2.gph, ycommon 
 



 
 

 

margins i.hwrtec, dydx(priGPA) at(priGPA=(1(0.2)4)) atmeans predict(outcome(1)) 
 
Conditional marginal effects                      Number of obs   =        674 
Model VCE    : OIM 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
dy/dx w.r.t. : priGPA 
 



------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
priGPA       | 
  _at#hwrtec | 
        1 1  |  -.4380809   .1527185    -2.87   0.004    -.7374036   -.1387582 
        1 2  |  -.6551771   .0520357   -12.59   0.000    -.7571653    -.553189 
        1 3  |  -.6732779    .054296   -12.40   0.000    -.7796962   -.5668596 
        1 4  |  -.5089625   .1252346    -4.06   0.000    -.7544179   -.2635072 
        2 1  |  -.5717064   .1274099    -4.49   0.000    -.8214252   -.3219877 
        2 2  |  -.6661142   .0749161    -8.89   0.000    -.8129471   -.5192813 
        2 3  |  -.6245348    .101686    -6.14   0.000    -.8238358   -.4252338 
        2 4  |  -.3710674   .1078465    -3.44   0.001    -.5824426   -.1596921 
 
      . 
      . 
      . 
 
       15 1  |  -.0055397   .0034338    -1.61   0.107    -.0122698    .0011904 
       15 2  |  -.0019881   .0009926    -2.00   0.045    -.0039334   -.0000427 
       15 3  |  -.0014094   .0005999    -2.35   0.019    -.0025851   -.0002337 
       15 4  |   -.000484   .0001988    -2.43   0.015    -.0008737   -.0000943 
       16 1  |  -.0032382   .0020683    -1.57   0.117     -.007292    .0008157 
       16 2  |  -.0011608   .0006053    -1.92   0.055    -.0023472    .0000255 
       16 3  |  -.0008228    .000373    -2.21   0.027    -.0015539   -.0000918 
       16 4  |  -.0002825   .0001245    -2.27   0.023    -.0005266   -.0000384 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) nolabel recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à 
la moyenne de priGPA) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: priGPA hwrtec 
 
graph save marginsologit3.gph, replace 
(file marginsologit3.gph saved) 
 
margins i.hwrtec, dydx(priGPA) at(priGPA=(1(0.2)4)) predict(outcome(1)) 
 
Average marginal effects                          Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
dy/dx w.r.t. : priGPA 
 
1._at        : priGPA          =           1 
 
2._at        : priGPA          =         1.2 
 
    . 
    . 
    . 
 
15._at       : priGPA          =         3.8 
 
16._at       : priGPA          =           4 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
priGPA       | 
  _at#hwrtec | 
        1 1  |  -.4403881   .1448071    -3.04   0.002    -.7242047   -.1565715 
        1 2  |  -.6377109   .0448213   -14.23   0.000    -.7255591   -.5498627 
        1 3  |    -.65191   .0566711   -11.50   0.000    -.7629833   -.5408367 
        1 4  |  -.5004204   .1185401    -4.22   0.000    -.7327546   -.2680861 
        2 1  |  -.5641314   .1140572    -4.95   0.000    -.7876795   -.3405833 
        2 2  |  -.6444594   .0769968    -8.37   0.000    -.7953705   -.4935484 
        2 3  |  -.6058668   .0989862    -6.12   0.000    -.7998762   -.4118574 
        2 4  |  -.3724763    .103227    -3.61   0.000    -.5747975   -.1701551 



 
      . 
      . 
      . 
 
       15 1  |  -.0060171   .0036594    -1.64   0.100    -.0131894    .0011552 
       15 2  |  -.0021615   .0010417    -2.08   0.038    -.0042032   -.0001199 
       15 3  |  -.0015327    .000646    -2.37   0.018    -.0027987   -.0002666 
       15 4  |  -.0005264   .0002183    -2.41   0.016    -.0009543   -.0000986 
       16 1  |  -.0035195   .0022112    -1.59   0.111    -.0078534    .0008144 
       16 2  |  -.0012624   .0006383    -1.98   0.048    -.0025135   -.0000113 
       16 3  |  -.0008949    .000403    -2.22   0.026    -.0016848    -.000105 
       16 4  |  -.0003073   .0001369    -2.25   0.025    -.0005755    -.000039 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) nolabel recastci(rline) ciopts(lpattern(dash)) title(Effet marginal 
moyen de priGPA) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: priGPA hwrtec 
 
graph save marginsologit4.gph, replace 
(file marginsologit4.gph saved) 
 
graph combine marginsologit3.gph marginsologit4.gph, ycommon 
 

 
 



Nous observons maintnenant l’effet pour l’appartenance à la catégorie 4. 

margins i.hwrtec, dydx(atndrte) at(atndrte=(10(5)100)) atmeans predict(outcome(4)) 
 
Conditional marginal effects                      Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
dy/dx w.r.t. : atndrte 
 
1._at        : priGPA          =     2.59182 (mean) 
               atndrte         =          10 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
2._at        : priGPA          =     2.59182 (mean) 
               atndrte         =          15 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
    . 
    . 
    . 
 
18._at       : priGPA          =     2.59182 (mean) 
               atndrte         =          95 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
19._at       : priGPA          =     2.59182 (mean) 
               atndrte         =         100 
               1.hwrtec        =    .0237389 (mean) 
               2.hwrtec        =    .0578635 (mean) 
               3.hwrtec        =     .152819 (mean) 
               4.hwrtec        =    .7655786 (mean) 
               0.frosh         =    .7700297 (mean) 
               1.frosh         =    .2299703 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
atndrte      | 
  _at#hwrtec | 
        1 1  |   .0001326   .0000738     1.80   0.072    -.0000121    .0002772 
        1 2  |   .0003622   .0001251     2.90   0.004      .000117    .0006074 
        1 3  |    .000504   .0001287     3.92   0.000     .0002518    .0007561 
        1 4  |   .0013417   .0002228     6.02   0.000      .000905    .0017784 
        2 1  |   .0001473   .0000817     1.80   0.071    -.0000128    .0003075 
        2 2  |   .0004015   .0001387     2.89   0.004     .0001296    .0006734 
        2 3  |   .0005578   .0001342     4.16   0.000     .0002948    .0008207 
        2 4  |   .0014707   .0002021     7.28   0.000     .0010746    .0018668 
 
      . 
      . 
      . 
 
       18 1  |   .0007661   .0005598     1.37   0.171    -.0003311    .0018634 



       18 2  |    .001881   .0011001     1.71   0.087    -.0002752    .0040371 
       18 3  |   .0024537   .0010714     2.29   0.022     .0003538    .0045537 
       18 4  |   .0045537   .0015276     2.98   0.003     .0015597    .0075477 
       19 1  |   .0008455   .0006326     1.34   0.181    -.0003944    .0020853 
       19 2  |   .0020479   .0012295     1.67   0.096    -.0003618    .0044577 
       19 3  |   .0026509    .001202     2.21   0.027     .0002951    .0050068 
       19 4  |   .0047333    .001627     2.91   0.004     .0015444    .0079223 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de atndrte) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: atndrte hwrtec 
 
graph save marginsologit21.gph, replace 
(file marginsologit21.gph saved) 
 
margins i.hwrtec, dydx(atndrte) at(atndrte=(10(5)100)) predict(outcome(4)) 
 
Average marginal effects                          Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
dy/dx w.r.t. : atndrte 
 
1._at        : atndrte         =          10 
 
2._at        : atndrte         =          15 
 
    . 
    . 
    . 
 
18._at       : atndrte         =          95 
 
19._at       : atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
atndrte      | 
  _at#hwrtec | 
        1 1  |   .0003257   .0001628     2.00   0.046     6.50e-06    .0006448 
        1 2  |    .000753   .0002077     3.62   0.000     .0003458    .0011602 
        1 3  |   .0009645   .0001619     5.96   0.000     .0006471    .0012819 
        1 4  |   .0018352   .0001295    14.17   0.000     .0015813     .002089 
        2 1  |   .0003575   .0001763     2.03   0.043     .0000119     .000703 
        2 2  |   .0008148   .0002258     3.61   0.000     .0003721    .0012574 
        2 3  |   .0010375   .0001698     6.11   0.000     .0007048    .0013702 
        2 4  |   .0019364   .0001727    11.21   0.000     .0015979    .0022748 
 
      . 
      . 
      . 
 
       18 1  |   .0012911   .0007204     1.79   0.073    -.0001209     .002703 
       18 2  |    .002225   .0010014     2.22   0.026     .0002622    .0041878 
       18 3  |   .0025667   .0009578     2.68   0.007     .0006894     .004444 
       18 4  |   .0035091   .0011685     3.00   0.003     .0012188    .0057993 
       19 1  |   .0013777   .0007788     1.77   0.077    -.0001488    .0029042 
       19 2  |   .0023308   .0010676     2.18   0.029     .0002383    .0044234 
       19 3  |   .0026722    .001023     2.61   0.009     .0006672    .0046772 
       19 4  |   .0035786    .001209     2.96   0.003      .001209    .0059482 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
atndrte) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) ytitle("") 
 
  Variables that uniquely identify margins: atndrte hwrtec 
 



graph save marginsologit22.gph, replace 
(file marginsologit22.gph saved) 
 
graph combine marginsologit21.gph marginsologit22.gph, ycommon 
 

 

margins 1.hwrtec 2.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(1)) 
 
Predictive margins                                Number of obs   =        674 



Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 
    . 
    . 
    . 
 
9._at        : priGPA          =           1 
               atndrte         =          90 
 
10._at       : priGPA          =           1 
               atndrte         =         100 
 
11._at       : priGPA          =         1.4 
               atndrte         =          10 
 
12._at       : priGPA          =         1.4 
               atndrte         =          20 
 
    . 
    . 
    . 
 
19._at       : priGPA          =         1.4 
               atndrte         =          90 
 
20._at       : priGPA          =         1.4 
               atndrte         =         100 
 
    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 1  |   .9474897   .0304758    31.09   0.000     .8877582    1.007221 
        1 2  |   .8661088   .0535454    16.18   0.000     .7611617    .9710559 
        2 1  |    .935788   .0355857    26.30   0.000     .8660414    1.005535 
        2 2  |    .839385   .0591556    14.19   0.000      .723442    .9553279 
 
      . 
      . 
      . 
 
       79 1  |   .0017563   .0011722     1.50   0.134    -.0005412    .0040538 
       79 2  |   .0006293   .0003511     1.79   0.073    -.0000588    .0013175 
       80 1  |   .0014187    .000977     1.45   0.146    -.0004962    .0033335 
       80 2  |   .0005082   .0002979     1.71   0.088    -.0000757    .0010921 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.5)1, angle(0)) 
 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit1, replace 



(file marginsglobologit1.gph saved) 
 
margins 3.hwrtec 4.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(1)) 
 
Predictive margins                                Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==1), predict(outcome(1)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 
    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 3  |    .821044   .0723926    11.34   0.000     .6791571    .9629309 
        1 4  |   .6124721   .1250142     4.90   0.000     .3674487    .8574955 
        2 3  |   .7875521   .0758338    10.39   0.000     .6389206    .9361837 
        2 4  |   .5608934   .1185098     4.73   0.000     .3286184    .7931684 
 
      . 
      . 
      . 
 
       79 3  |   .0004461   .0002155     2.07   0.039     .0000236    .0008685 
       79 4  |   .0001531   .0000712     2.15   0.031     .0000136    .0002926 
       80 3  |   .0003602   .0001797     2.00   0.045     7.92e-06    .0007125 
       80 4  |   .0001236   .0000583     2.12   0.034     9.30e-06     .000238 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.5)1, angle(0)) 
 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit2, replace 
(file marginsglobologit2.gph saved) 
 
graph combine marginsglobologit1.gph marginsglobologit2.gph, ycommon 
 



 
 

 

 
margins 1.hwrtec 2.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(2)) 
 
Predictive margins                                Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==2), predict(outcome(2)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 



    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 1  |   .0493854    .028626     1.73   0.084    -.0067206    .1054914 
        1 2  |   .1252103   .0502084     2.49   0.013     .0268036    .2236169 
        2 1  |    .060345   .0333966     1.81   0.071    -.0051112    .1258011 
        2 2  |    .149887   .0553925     2.71   0.007     .0413197    .2584544 
 
      . 
      . 
      . 
 
       79 1  |   .0284277   .0177693     1.60   0.110    -.0063995    .0632549 
       79 2  |   .0103909   .0049664     2.09   0.036     .0006569    .0201249 
       80 1  |   .0230987   .0149215     1.55   0.122    -.0061469    .0523442 
       80 2  |   .0084096   .0042516     1.98   0.048     .0000766    .0167425 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.2)0.6, angle(0)) 
 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit3, replace  
(file marginsglobologit3.gph saved) 
 
margins 3.hwrtec 4.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(2)) 
 
Predictive margins                                Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==2), predict(outcome(2)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 
    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 3  |   .1667503   .0674977     2.47   0.013     .0344572    .2990434 
        1 4  |   .3527857   .1104589     3.19   0.001     .1362903    .5692812 
        2 3  |   .1973767      .0706     2.80   0.005     .0590033    .3357501 
        2 4  |    .396441   .1033213     3.84   0.000     .1939349    .5989471 
 
      . 



      . 
      . 
 
       79 3  |   .0073888   .0027218     2.71   0.007     .0020542    .0127234 
       79 4  |   .0025496   .0008508     3.00   0.003      .000882    .0042171 
       80 3  |   .0059759    .002282     2.62   0.009     .0015034    .0104485 
       80 4  |   .0020599   .0006904     2.98   0.003     .0007066    .0034131 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.2)0.6, angle(0)) 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit4, replace  
(file marginsglobologit4.gph saved) 
 
graph combine marginsglobologit3.gph marginsglobologit4.gph, ycommon 
 

 
 



 
margins 1.hwrtec 2.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(4)) 
 
Predictive margins                                Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 
    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 1  |   .0000871   .0000626     1.39   0.165    -.0000357    .0002098 
        1 2  |   .0002432   .0001359     1.79   0.073    -.0000231    .0005095 
        2 1  |   .0001078   .0000751     1.44   0.151    -.0000394     .000255 
        2 2  |   .0003011   .0001604     1.88   0.060    -.0000132    .0006155 
 
      . 
      . 
      . 
 
       79 1  |    .473523   .1524886     3.11   0.002     .1746508    .7723951 
       79 2  |   .7145119   .0905183     7.89   0.000     .5370993    .8919246 
       80 1  |   .5267042   .1565929     3.36   0.001     .2197878    .8336206 
       80 2  |   .7559464   .0867841     8.71   0.000     .5858527    .9260402 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.5)1, angle(0)) 
 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit7, replace  
(file marginsglobologit7.gph saved) 
 
 
margins 3.hwrtec 4.hwrtec, at(atndrte=(10(10)100)priGPA=(1(0.4)4)) predict(outcome(4)) 



 
Predictive margins                                Number of obs   =        674 
Model VCE    : OIM 
 
Expression   : Pr(termgpac==4), predict(outcome(4)) 
 
1._at        : priGPA          =           1 
               atndrte         =          10 
 
2._at        : priGPA          =           1 
               atndrte         =          20 
 
    . 
    . 
    . 
 
79._at       : priGPA          =         3.8 
               atndrte         =          90 
 
80._at       : priGPA          =         3.8 
               atndrte         =         100 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
  _at#hwrtec | 
        1 3  |   .0003431   .0001951     1.76   0.079    -.0000393    .0007256 
        1 4  |   .0009993   .0005763     1.73   0.083    -.0001303    .0021289 
        2 3  |   .0004249   .0002241     1.90   0.058    -.0000143    .0008641 
        2 4  |   .0012372   .0006528     1.90   0.058    -.0000422    .0025167 
 
      . 
      . 
      . 
 
       79 3  |   .7791625   .0546972    14.25   0.000      .671958    .8863671 
       79 4  |   .9111983    .019444    46.86   0.000     .8730888    .9493078 
       80 3  |   .8136793   .0499825    16.28   0.000     .7157155    .9116432 
       80 4  |   .9270315   .0160787    57.66   0.000     .8955178    .9585452 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(hwrtec) legend(cols(3)) xlabel(, angle(90)) ylabel(0(0.5)1, angle(0)) 
 
  Variables that uniquely identify margins: atndrte priGPA hwrtec 
 
graph save marginsglobologit8, replace  
(file marginsglobologit8.gph saved) 
 
graph combine marginsglobologit7.gph marginsglobologit8.gph, ycommon 
 



 
 

predict p1 if e(sample), outcome(1) 

(option pr assumed; predicted probability) 
(6 missing values generated) 
 
predict p2 if e(sample), outcome(2) 
(option pr assumed; predicted probability) 
(6 missing values generated) 
 
predict p3 if e(sample), outcome(3) 
(option pr assumed; predicted probability) 
(6 missing values generated) 
 
predict p4 if e(sample), outcome(4) 
(option pr assumed; predicted probability) 
(6 missing values generated) 



 

 
gen p1best = ( p1>p2 & p1>p3 & p1>p4) 
 
replace  p1best=. if p1==. 
(6 real changes made, 6 to missing) 
gen p2best= ( p2>p1 & p2>p3 & p2>p4) 
 
replace  p2best=. if p2==. 
(6 real changes made, 6 to missing) 
gen p3best= ( p3>p1 & p3>p2 & p3>p4) 
 
replace  p3best=. if p3==. 
(6 real changes made, 6 to missing) 
gen p4best= ( p4>p1 & p4>p2 & p4>p3) 
 
replace  p4best=. if p4==. 
(6 real changes made, 6 to missing) 
 

 

 
gen termgpachat  = 1 if(p1best== 1 & p2best== 0 & p3best== 0 & p4best==0) 
(674 missing values generated) 
 
replace termgpachat = 2 if(p1best== 0 & p2best== 1 & p3best== 0 & p4best==0) 
(68 real changes made) 
 
replace termgpachat = 3 if(p1best== 0 & p2best== 0 & p3best== 1 & p4best==0) 
(442 real changes made) 
 
replace termgpachat = 4 if(p1best== 0 & p2best== 0 & p3best==0 & p4best== 1) 
(158 real changes made) 
 

tab termgpac termgpachat, row nofreq 



  GPA , 1: | 
entre 0 et | 
     1, 2: | 
entre 1 et | 
     2, 3: | 
entre 2 et | 
     3, 4: | 
entre 3 et |                 termgpachat 
         4 |         1          2          3          4 |     Total 
-----------+--------------------------------------------+---------- 
         1 |     23.81      57.14      19.05       0.00 |    100.00  
         2 |      0.94      32.08      66.98       0.00 |    100.00  
         3 |      0.00       6.07      82.95      10.98 |    100.00  
         4 |      0.00       0.50      39.80      59.70 |    100.00  
-----------+--------------------------------------------+---------- 
     Total |      0.89      10.09      65.58      23.44 |    100.00  
 
 

 

histogram termgpac, discrete percent 
(start=1, width=1) 
 
graph save termgpac.gph, replace 
(file termgpac.gph saved) 
 
histogram termgpachat, discrete percent 
(start=1, width=1) 
 
graph save termgpachat.gph, replace 
(file termgpachat.gph saved) 
 
graph combine termgpac.gph termgpachat.gph, ycommon 
 



 
 

contrast  

 
contrast hwrtec 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
termgpac     | 
      hwrtec |          3       32.91     0.0000 
------------------------------------------------ 
 



r.

 

 
contrast r.hwrtec 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
termgpac     | 
      hwrtec | 
   (2 vs 1)  |          1        2.77     0.0961 
   (3 vs 1)  |          1        5.52     0.0188 
   (4 vs 1)  |          1       17.50     0.0000 
      Joint  |          3       32.91     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
termgpac     | 
      hwrtec | 
   (2 vs 1)  |   1.027423   .6174534     -.1827632     2.23761 
   (3 vs 1)  |   1.371838   .5838661      .2274818    2.516195 
   (4 vs 1)  |   2.441417   .5835358      1.297708    3.585126 
-------------------------------------------------------------- 
 

 

contrast ar.hwrtec 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
termgpac     | 
      hwrtec | 
   (2 vs 1)  |          1        2.77     0.0961 
   (3 vs 2)  |          1        0.73     0.3932 
   (4 vs 3)  |          1       18.98     0.0000 
      Joint  |          3       32.91     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
termgpac     | 
      hwrtec | 
   (2 vs 1)  |   1.027423   .6174534     -.1827632     2.23761 
   (3 vs 2)  |   .3444151   .4033975     -.4462295     1.13506 
   (4 vs 3)  |   1.069579   .2455172      .5883738    1.550784 
-------------------------------------------------------------- 
 



mcompare(bonferroni). 

pwcompare i.hwrtec, mcompare(bonferroni) cimargins effects sort 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 
 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
termgpac     | 
      hwrtec | 
          1  |   .1561143   .1016561      -.043128    .3553566 
          2  |   1.183538   .6297983     -.0508444     2.41792 
          3  |   1.527953   .5943138       .363119    2.692786 
          4  |   2.597531   .5973592      1.426729    3.768334 
-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
termgpac     | 
      hwrtec |            6 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
termgpac     | 
      hwrtec | 
     3 vs 2  |   .3444151   .4033975     0.85   1.000    -.7198513    1.408681 
     2 vs 1  |   1.027423   .6174534     1.66   0.577    -.6015777    2.656424 
     4 vs 3  |   1.069579   .2455172     4.36   0.000     .4218411    1.717316 
     3 vs 1  |   1.371838   .5838661     2.35   0.113    -.1685506    2.912227 
     4 vs 2  |   1.413994   .4020975     3.52   0.003     .3531573     2.47483 
     4 vs 1  |   2.441417   .5835358     4.18   0.000     .9018995    3.980935 
------------------------------------------------------------------------------ 
 



 

oprobit [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

vce(typevce) robust cluster

  

 
test [[label ou valeur de la modalité]] [varexo]



listcoef [, const help]

contrast [varexo]

contrast r.[varexo]

contrast ar.[varexo]

fitstat

lrtest [modèlecomplet] [modelcontraint][, stats]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] [predict(outcome(labe

l ou valeur de la modalité))]:  

marginsplot [varexos]



prchange [varlist], [outcome(label ou valeur de la modalité)] [help]

pwcompare [varexo], [cimargins]

 

predict p if e(sample), [outcome(label ou valeur de la modalité)]

if e(sample)

 
oprobit

oprobit termgpac c.priGPA c.atndrte i.hwrtec i.frosh  
 
Iteration 0:   log likelihood = -742.82548   
Iteration 1:   log likelihood = -544.16931   
Iteration 2:   log likelihood = -540.38331   
Iteration 3:   log likelihood = -540.38027   
Iteration 4:   log likelihood = -540.38027   
 
Ordered probit régression                         Number of obs   =        674 
                                                  LR chi2(6)      =     404.89 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -540.38027                       Pseudo R2       =     0.2725 
 
------------------------------------------------------------------------------ 
    termgpac |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      priGPA |    1.52426   .1138352    13.39   0.000     1.301147    1.747373 
     atndrte |   .0117412   .0037271     3.15   0.002     .0044363    .0190462 
             | 
      hwrtec | 
          2  |    .580577   .3508759     1.65   0.098    -.1071271    1.268281 
          3  |   .7711446   .3277328     2.35   0.019     .1288002    1.413489 
          4  |    1.36417   .3264752     4.18   0.000     .7242904     2.00405 
             | 
     1.frosh |   .1862007   .1146199     1.62   0.104    -.0384502    .4108517 
-------------+---------------------------------------------------------------- 
       /cut1 |   3.340067   .4070045                      2.542353    4.137781 
       /cut2 |    4.88707   .4280097                      4.048186    5.725953 
       /cut3 |   6.929221   .4577432                       6.03206    7.826381 
------------------------------------------------------------------------------ 
 



fitstat, using(m2) force 
 
Measures of Fit for oprobit of termgpac 
 
Warning: Current model estimated by oprobit, but saved model estimated by ologit 
 
                               Current             Saved        Difference 
Model:                         oprobit            ologit 
N:                                 674               674                 0 
Log-Lik Intercept Only        -742.825          -742.825             0.000 
Log-Lik Full Model            -540.380          -541.405             1.025 
D                             1080.761(663)     1082.810(667)        2.050(4) 
LR                             404.890(6)        402.841(4)          2.050(2) 
Prob > LR                        0.000             0.000             0.359 
McFadden's R2                    0.273             0.271             0.001 
McFadden's Adj R2                0.258             0.262            -0.004 
ML (Cox-Snell) R2                0.452             0.450             0.002 
Cragg-Uhler(Nagelkerke) R2       0.508             0.506             0.002 
McKelvey & Zavoina's R2          0.534             0.522             0.011 
Variance of y*                   2.144             6.885            -4.741 
Variance of error                1.000             3.290            -2.290 
Count R2                         0.662             0.662             0.000 
Adj Count R2                     0.305             0.305             0.000 
AIC                              1.636             1.627             0.009 
AIC*n                         1102.761          1096.810             5.950 
BIC                          -3237.511         -3261.514            24.003 
BIC'                          -365.811          -376.788            10.977 
BIC used by Stata             1139.380          1128.403            10.977 
AIC used by Stata             1098.761          1096.810             1.950 
 
Difference of   10.977 in BIC' provides very strong support for saved model. 
 
Note: p-valeur  for difference in LR is only valid if models are nested. 
 



 

 

 

 



 

poisson [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

exposure(variable)

offset(variable) 



vce(typevce) typevce robust cluster(variable de cluster)

irr 

 
test [[label ou valeur de la modalité]] [varexo]

listcoef [, const help]

const help

help listcoef

contrast [varexo]

contrast r.[varexo]

contrast ar.[varexo] 

fitstat 

lrtest [modèlecomplet] [modelcontraint][, stats]



margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] [predict(outcome(labe

l ou valeur de la modalité))]: 

dydx(.)

at marginsplot

marginsplot [varexos] margins

prchange [varlist], [help]

pwcompare [varexo], [cimargins] 

estat gof

predict [type] [if] [, statistique nooffset]

n

ir

offset() exposure()

pr

pr



pr(20,.)

pr(20,b)

 

 

use "http://www.Stata.com/data/jwooldridge/eacsap/fertil2.dta", clear 
 

 

describe children age educc educ7 evermarr urban electric tv   
 
              storage  display     value 
variable name   type   format      label      variable label 
---------------------------------------------------------------------------------------------- 
children        byte   %8.0g                  number of living children 
age             byte   %8.0g                  age in years 
educc           float  %9.0g                  Éducation, 1: entre 0 et 6, 2: 6 et 11, 3: 

supérieur à 11 
educ7           byte   %9.0g                  =1 if educ >= 7 
evermarr        byte   %9.0g                  =1 if ever married 
urban           byte   %8.0g                  =1 if live in urban area 
electric        byte   %8.0g                  =1 if has electricity 
tv              byte   %8.0g                  =1 if has tv 
 
summarize children age educc educ7 evermarr urban electric tv  
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 
-------------+-------------------------------------------------------- 
    children |      4361    2.267828    2.222032          0         13 
         age |      4361    27.40518    8.685233         15         49 
       educc |      4361    1.628526    .6159596          1          3 
       educ7 |      4361    .5556065    .4969553          0          1 
    evermarr |      4361    .4767255    .4995153          0          1 
-------------+-------------------------------------------------------- 
       urban |      4361    .5166246    .4997808          0          1 
    electric |      4358    .1402019    .3472363          0          1 
          tv |      4359    .0929112    .2903413          0          1 
 
inspect children 
 
children:  number of living children            Number of Observations 
------------------------------------        ------------------------------ 
                                            Total   Integers   Nonintegers 
|  #                         Negative           -         -          - 
|  #                         Zero            1132      1132          - 
|  #                         Positive        3229      3229          - 
|  #                                        -----     -----      ----- 
|  #   #                     Total           4361      4361          - 



|  #   #   .   .   .         Missing            - 
+----------------------                     ----- 
0                    13                      4361 
  (14 unique values) 
 
inspect educc 
 
educc:  Éducation, 1: entre 0 et 6, 2: 6 et     Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|      #                     Negative           -         -          - 
|  #   #                     Zero               -         -          - 
|  #   #                     Positive        4361      4361          - 
|  #   #                                    -----     -----      ----- 
|  #   #                     Total           4361      4361          - 
|  #   #   .                 Missing            - 
+----------------------                     ----- 
1                     3                      4361 
   (3 unique values) 
 
histogram children, discrete percent 
(start=0, width=1) 
 

 
 
histogram educc, discrete percent 
(start=1, width=1) 
 



 
 
tab1 children age educc educ7 evermarr urban electric tv  
 
-> tabulation of children   
 
  number of | 
     living | 
   children |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      1,132       25.96       25.96 
          1 |        907       20.80       46.76 
          2 |        696       15.96       62.71 
          3 |        528       12.11       74.82 
          4 |        392        8.99       83.81 
          5 |        255        5.85       89.66 
          6 |        197        4.52       94.18 
          7 |        134        3.07       97.25 
          8 |         68        1.56       98.81 
          9 |         32        0.73       99.54 
         10 |         13        0.30       99.84 
         11 |          3        0.07       99.91 
         12 |          3        0.07       99.98 
         13 |          1        0.02      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
-> tabulation of age   
 
     age in | 
      years |      Freq.     Percent        Cum. 
------------+----------------------------------- 
         15 |        151        3.46        3.46 
         16 |        205        4.70        8.16 
         17 |        141        3.23       11.40 
         18 |        243        5.57       16.97 



         19 |        205        4.70       21.67 
         20 |        219        5.02       26.69 
         21 |        172        3.94       30.64 
         22 |        206        4.72       35.36 
         23 |        156        3.58       38.94 
         24 |        196        4.49       43.43 
         25 |        184        4.22       47.65 
         26 |        201        4.61       52.26 
         27 |        149        3.42       55.68 
         28 |        192        4.40       60.08 
         29 |        153        3.51       63.59 
         30 |        163        3.74       67.32 
         31 |        118        2.71       70.03 
         32 |        138        3.16       73.19 
         33 |        106        2.43       75.62 
         34 |        118        2.71       78.33 
         35 |        105        2.41       80.74 
         36 |        103        2.36       83.10 
         37 |         70        1.61       84.71 
         38 |        102        2.34       87.04 
         39 |         73        1.67       88.72 
         40 |         75        1.72       90.44 
         41 |         72        1.65       92.09 
         42 |         42        0.96       93.05 
         43 |         35        0.80       93.85 
         44 |         48        1.10       94.96 
         45 |         44        1.01       95.96 
         46 |         48        1.10       97.06 
         47 |         44        1.01       98.07 
         48 |         50        1.15       99.22 
         49 |         34        0.78      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
-> tabulation of educc   
 
 Éducation, | 
 1: entre 0 | 
 et 6, 2: 6 | 
  et 11, 3: | 
supérieur à | 
         11 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          1 |      1,938       44.44       44.44 
          2 |      2,105       48.27       92.71 
          3 |        318        7.29      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
-> tabulation of educ7   
 
 =1 if educ | 
       >= 7 |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      1,938       44.44       44.44 
          1 |      2,423       55.56      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
-> tabulation of evermarr   
 
 =1 if ever | 
    married |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      2,282       52.33       52.33 
          1 |      2,079       47.67      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
-> tabulation of urban   
 



 =1 if live | 
   in urban | 
       area |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      2,108       48.34       48.34 
          1 |      2,253       51.66      100.00 
------------+----------------------------------- 
      Total |      4,361      100.00 
 
 
 
-> tabulation of electric   
 
  =1 if has | 
electricity |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      3,747       85.98       85.98 
          1 |        611       14.02      100.00 
------------+----------------------------------- 
      Total |      4,358      100.00 
 
-> tabulation of tv   
 
  =1 if has | 
         tv |      Freq.     Percent        Cum. 
------------+----------------------------------- 
          0 |      3,954       90.71       90.71 
          1 |        405        9.29      100.00 
------------+----------------------------------- 
      Total |      4,359      100.00 
 

poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv  
 
Iteration 0:   log likelihood = -6495.4958   
Iteration 1:   log likelihood = -6487.6302   
Iteration 2:   log likelihood = -6487.6175   
Iteration 3:   log likelihood = -6487.6175   
 
Poisson régression                                Number of obs   =       4358 
                                                  LR chi2(8)      =    6186.23 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -6487.6175                       Pseudo R2       =     0.3228 
 
------------------------------------------------------------------------------ 
    children |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .3406061   .0099491    34.23   0.000     .3211063     .360106 
             | 
 c.age#c.age |  -.0041585   .0001454   -28.61   0.000    -.0044434   -.0038736 
             | 
       educc | 
          2  |  -.1103577   .0244803    -4.51   0.000    -.1583383   -.0623772 
          3  |   -.419865   .0525214    -7.99   0.000     -.522805   -.3169251 
             | 
  1.evermarr |   .3155895   .0244743    12.89   0.000     .2676208    .3635582 



     1.urban |  -.0975435    .021596    -4.52   0.000    -.1398708   -.0552162 
  1.electric |  -.1084481   .0386483    -2.81   0.005    -.1841974   -.0326987 
        1.tv |  -.0965831   .0481365    -2.01   0.045    -.1909289   -.0022373 
       _cons |  -5.473329   .1629479   -33.59   0.000    -5.792701   -5.153957 
------------------------------------------------------------------------------ 
 

estimates store  

estimates store m1 
 

test. 

test 1.evermarr 2.educc 3.educc 
 
 ( 1)  [children]1.evermarr = 0 
 ( 2)  [children]2.educc = 0 
 ( 3)  [children]3.educc = 0 
 
           chi2(  3) =  250.63 
         Prob > chi2 =    0.0000 
 

if educ7~=. & evermarr ~=.

poisson children c.age##c.age i.urban i.electric i.tv  if educ7~=. & evermarr ~=. 
 
Iteration 0:   log likelihood = -6627.4294   
Iteration 1:   log likelihood = -6619.0473   
Iteration 2:   log likelihood = -6619.0332   
Iteration 3:   log likelihood = -6619.0332   
 
Poisson régression                                Number of obs   =       4358 
                                                  LR chi2(5)      =    5923.40 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -6619.0332                       Pseudo R2       =     0.3091 
 
------------------------------------------------------------------------------ 



    children |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .3752082    .009602    39.08   0.000     .3563886    .3940277 
             | 
 c.age#c.age |  -.0045424   .0001423   -31.91   0.000    -.0048214   -.0042634 
             | 
     1.urban |   -.093579   .0214277    -4.37   0.000    -.1355765   -.0515815 
  1.electric |  -.1705386   .0381613    -4.47   0.000    -.2453333   -.0957438 
        1.tv |  -.2014624   .0459295    -4.39   0.000    -.2914826   -.1114422 
       _cons |  -6.007818   .1569878   -38.27   0.000    -6.315509   -5.700128 
------------------------------------------------------------------------------ 
 
estimates store mtest 
 

lrtest  

lrtest m1 mtest 
 
Likelihood-ratio test                                 LR chi2(3)  =    262.83 
(Assumption: mtest nested in m1)                      Prob > chi2 =    0.0000 
 

estat gof  

estat gof 
 
         Déviance  goodness-of-fit =  4152.709 
         Prob > chi2(4352)        =    0.9847 
 
         Pearson goodness-of-fit  =  3518.389 
         Prob > chi2(4352)        =    1.0000 
 

fitstat

 

fitstat, saving(m2) 
 
Measures of Fit for poisson of children 
 
Log-Lik Intercept Only:      -9580.731   Log-Lik Full Model:          -6492.802 
D(4349):                     12985.604   LR(7):                        6175.859 
                                         Prob > LR:                       0.000 
McFadden's R2:                   0.322   McFadden's Adj R2:               0.321 
ML (Cox-Snell) R2:               0.758   Cragg-Uhler(Nagelkerke) R2:      0.767 
AIC:                             2.984   AIC*n:                       13003.604 
BIC:                        -23458.010   BIC':                        -6117.201 
BIC used by Stata:           13052.642   AIC used by Stata:           13001.604 
 

 

 



 

       

 

 
predict yhat 
 
gen childrenhat=0 if yhat<0.5 
replace childrenhat=1 if yhat>=0.5 & yhat<1.5 
replace childrenhat=2 if yhat>=1.5 & yhat<2.5 
replace childrenhat=3 if yhat>=2.5 & yhat<3.5 
replace childrenhat=4 if yhat>=3.5 & yhat<4.5 
replace childrenhat=5 if yhat>=4.5 & yhat<5.5 
replace childrenhat=6 if yhat>=5.5 & yhat<6.5 
replace childrenhat=7 if yhat>=6.5 & yhat<7.5 
replace childrenhat=8 if yhat>=7.5 & yhat<8.5 
replace childrenhat=9 if yhat>=8.5 & yhat<9.5 
replace childrenhat=. if yhat==. 
 
histogram childrenhat, percent 
graph save childrenhatpoisson.gph, replace 
histogram children, percent 
graph save children2.gph, replace 
graph combine yhatpoisson.gph children2.gph, ycommon 
 

 
 



prcounts

 

prcounts po, plot 
twoway scatter popreq poobeq poval, c(l l) 
 

 
 

irr

 



poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv , irr 
 
Iteration 0:   log likelihood = -6495.4958   
Iteration 1:   log likelihood = -6487.6302   
Iteration 2:   log likelihood = -6487.6175   
Iteration 3:   log likelihood = -6487.6175   
 
Poisson régression                                Number of obs   =       4358 
                                                  LR chi2(8)      =    6186.23 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -6487.6175                       Pseudo R2       =     0.3228 
 
------------------------------------------------------------------------------ 
    children |        IRR   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   1.405799   .0139864    34.23   0.000     1.378652    1.433481 
             | 
 c.age#c.age |   .9958501   .0001448   -28.61   0.000     .9955665    .9961339 
             | 
       educc | 
          2  |   .8955137   .0219225    -4.51   0.000      .853561    .9395285 
          3  |   .6571355   .0345137    -7.99   0.000     .5928552    .7283853 
             | 
  1.evermarr |   1.371067   .0335559    12.89   0.000     1.306852    1.438439 
     1.urban |   .9070629   .0195889    -4.52   0.000     .8694706    .9462806 
  1.electric |   .8972255   .0346763    -2.81   0.005     .8317716    .9678301 
        1.tv |   .9079344   .0437048    -2.01   0.045     .8261913    .9977652 
       _cons |   .0041972   .0006839   -33.59   0.000     .0030497    .0057765 
------------------------------------------------------------------------------ 
 

 

quietly poisson children age agesq educc educc evermarr urban electric tv   
 

listcoef  

Listcoef, help 
 
poisson (N=4358): Factor Change in Expected Count  
 
 Observed SD: 2.2219115 
 
---------------------------------------------------------------------- 
    children |      b         z     P>|z|    e^b    e^bStdX      SDofX 
-------------+-------------------------------------------------------- 
         age |   0.33818   34.078   0.000   1.4024  18.8669     8.6859 
       agesq |  -0.00414  -28.478   0.000   0.9959   0.1131   526.9622 
       educc |  -0.15695   -7.929   0.000   0.8547   0.9078     0.6160 
       urban |   0.31304   12.796   0.000   1.3676   1.1694     0.4998 



    electric |  -0.09291   -4.314   0.000   0.9113   0.9683     0.3472 
          tv |  -0.12196   -3.159   0.002   0.8852   0.9652     0.2904 
---------------------------------------------------------------------- 
       b = raw coefficient 
       z = z-score for test of b=0 
   P>|z| = p-valeur  for z-test 
     e^b = exp(b) = factor change in expected count for unit increase in X 
 e^bStdX = exp(b*SD of X) = change in expected count for SD increase in X 
   SDofX = standard deviation of X 
 

quietly poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv 
 

margins dydx(*)

margins, dydx(*) 
 
Average marginal effects                          Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
dy/dx w.r.t. : age 2.educc 3.educc 1.evermarr 1.urban 1.electric 1.tv 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .1379834   .0025351    54.43   0.000     .1330148     .142952 
             | 
       educc | 
          2  |  -.2520032   .0550817    -4.58   0.000    -.3599612   -.1440451 
          3  |  -.8269311   .0879851    -9.40   0.000    -.9993787   -.6544835 
             | 
  1.evermarr |   .6770647   .0499144    13.56   0.000     .5792342    .7748953 
     1.urban |  -.2205222   .0487033    -4.53   0.000    -.3159788   -.1250655 
  1.electric |  -.2361803    .080831    -2.92   0.003    -.3946062   -.0777545 
        1.tv |  -.2103574   .1006706    -2.09   0.037    -.4076682   -.0130466 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

atmeans  



margins, dydx(*) atmeans  
 
Conditional marginal effects                      Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
dy/dx w.r.t. : age 2.educc 3.educc 1.evermarr 1.urban 1.electric 1.tv 
at           : age             =    27.40431 (mean) 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .2337415   .0058444    39.99   0.000     .2222867    .2451964 
             | 
       educc | 
          2  |  -.2357015   .0523718    -4.50   0.000    -.3383483   -.1330546 
          3  |  -.7734381   .0837614    -9.23   0.000    -.9376075   -.6092688 
             | 
  1.evermarr |   .6622654   .0504512    13.13   0.000     .5633828     .761148 
     1.urban |  -.2027401   .0450713    -4.50   0.000    -.2910782   -.1144021 
  1.electric |  -.2164503   .0742117    -2.92   0.004    -.3619025   -.0709981 
        1.tv |  -.1926925   .0923137    -2.09   0.037    -.3736241   -.0117609 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

at((median)c.age)  

margins, dydx(*) at((median)c.age) 
 
Average marginal effects                          Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
dy/dx w.r.t. : age 2.educc 3.educc 1.evermarr 1.urban 1.electric 1.tv 
at           : age             =          26 (median) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .2240669   .0049941    44.87   0.000     .2142786    .2338552 
             | 
       educc | 



          2  |  -.2026057   .0451149    -4.49   0.000    -.2910293   -.1141821 
          3  |  -.6648367   .0718866    -9.25   0.000    -.8057318   -.5239416 
             | 
  1.evermarr |   .5674531   .0439619    12.91   0.000     .4812894    .6536169 
     1.urban |   -.175631   .0390159    -4.50   0.000    -.2521007   -.0991612 
  1.electric |  -.1875242   .0641318    -2.92   0.003    -.3132203   -.0618281 
        1.tv |  -.1670544   .0798657    -2.09   0.036    -.3235884   -.0105205 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

margins

at(age=(15(1)49))

 

margins i.educc, dydx(age) at(age=(15(1)49)) atmeans 
 
Conditional marginal effects                      Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
dy/dx w.r.t. : age 
 
1._at        : age             =          15 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
2._at        : age             =          16 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
    . 
    . 
    . 
 



35._at       : age             =          49 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
age          | 
   _at#educc | 
        1 1  |   .0634635    .001971    32.20   0.000     .0596004    .0673267 
        1 2  |   .0568325   .0015576    36.49   0.000     .0537795    .0598854 
        1 3  |   .0417042   .0022799    18.29   0.000     .0372356    .0461727 
        2 1  |   .0754044   .0020706    36.42   0.000     .0713461    .0794627 
        2 2  |   .0675257    .001626    41.53   0.000     .0643388    .0707126 
        2 3  |   .0495509   .0026164    18.94   0.000     .0444228    .0546791 
 
      . 
      . 
      . 
 
       34 1  |  -.2307337   .0122892   -18.78   0.000    -.2548201   -.2066472 
       34 2  |  -.2066252   .0113987   -18.13   0.000    -.2289663    -.184284 
       34 3  |  -.1516233   .0106457   -14.24   0.000    -.1724884   -.1307582 
       35 1  |   -.247447   .0110915   -22.31   0.000    -.2691859    -.225708 
       35 2  |  -.2215921   .0105558   -20.99   0.000    -.2422812   -.2009031 
       35 3  |  -.1626062   .0104854   -15.51   0.000    -.1831572   -.1420552 
------------------------------------------------------------------------------ 
 

margins

recast(line)

recastci(rline) ciopts(lpattern(dash))  

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de age) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 

 

graph save marginspoisson1.gph, replace 
(file marginspoisson1.gph saved) 
 

 

margins i.educc, dydx(age) at(age=(15(1)49)) 
 
Average marginal effects                          Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 



dy/dx w.r.t. : age 
 
1._at        : age             =          15 
 
2._at        : age             =          16 
 
    . 
    . 
    . 
 
34._at       : age             =          48 
 
35._at       : age             =          49 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
age          | 
   _at#educc | 
        1 1  |   .0644318   .0020054    32.13   0.000     .0605013    .0683624 
        1 2  |   .0576996   .0016032    35.99   0.000     .0545574    .0608417 
        1 3  |   .0423404    .002333    18.15   0.000     .0377679    .0469129 
        2 1  |   .0765549   .0021007    36.44   0.000     .0724376    .0806721 
        2 2  |   .0685559   .0016728    40.98   0.000     .0652772    .0718346 
        2 3  |   .0503069   .0026764    18.80   0.000     .0450614    .0555525 
 
      . 
      . 
      . 
 
       34 1  |   -.234254   .0123443   -18.98   0.000    -.2584484   -.2100596 
       34 2  |  -.2097777   .0114901   -18.26   0.000    -.2322979   -.1872574 
       34 3  |  -.1539366   .0107898   -14.27   0.000    -.1750842   -.1327891 
       35 1  |  -.2512223   .0110955   -22.64   0.000    -.2729691   -.2294755 
       35 2  |   -.224973   .0106175   -21.19   0.000     -.245783    -.204163 
       35 3  |  -.1650871   .0106257   -15.54   0.000    -.1859131    -.144261 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
age) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 
graph save marginspoisson2.gph, replace 
(file marginspoisson2.gph saved) 
 
graph combine marginspoisson1.gph marginspoisson2.gph, ycommon 
 



 
 

margins

 

 
margins i.educc, dydx(electric) at(age=(15(1)49)) atmeans 
 
Conditional marginal effects                      Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 



dy/dx w.r.t. : 1.electric 
 
 
 
 
 
1._at        : age             =          15 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
2._at        : age             =          16 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
    . 
    . 
    . 
 
34._at       : age             =          48 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
35._at       : age             =          49 
               1.educc         =    .4444699 (mean) 
               2.educc         =    .4825608 (mean) 
               3.educc         =    .0729693 (mean) 
               0.evermarr      =    .5236347 (mean) 
               1.evermarr      =    .4763653 (mean) 
               0.urban         =    .4834787 (mean) 
               1.urban         =    .5165213 (mean) 
               0.electric      =    .8597981 (mean) 
               1.electric      =    .1402019 (mean) 
               0.tv            =    .9070675 (mean) 
               1.tv            =    .0929325 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
1.electric   | 
   _at#educc | 
        1 1  |  -.0306802   .0105555    -2.91   0.004    -.0513686   -.0099918 
        1 2  |  -.0274745   .0094825    -2.90   0.004    -.0460599   -.0088891 
        1 3  |   -.020161   .0071903    -2.80   0.005    -.0342538   -.0060683 



        2 1  |  -.0379136   .0130202    -2.91   0.004    -.0634328   -.0123944 
        2 2  |  -.0339522   .0116986    -2.90   0.004     -.056881   -.0110233 
        2 3  |  -.0249144   .0088707    -2.81   0.005    -.0423005   -.0075282 
 
      . 
      . 
      . 
 
       34 1  |  -.4108062   .1411778    -2.91   0.004    -.6875097   -.1341028 
       34 2  |  -.3678826   .1272684    -2.89   0.004    -.6173241   -.1184411 
       34 3  |  -.2699554   .0963425    -2.80   0.005    -.4587833   -.0811275 
       35 1  |  -.3858136   .1327393    -2.91   0.004    -.6459778   -.1256494 
       35 2  |  -.3455014   .1196664    -2.89   0.004    -.5800431   -.1109596 
       35 3  |  -.2535318   .0905836    -2.80   0.005    -.4310723   -.0759913 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal à la 
moyenne de electric) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 
graph save marginspoisson3.gph, replace 
(file marginspoisson3.gph saved) 
 
margins i.educc, dydx(electric) at(age=(15(1)49)) 
 
Average marginal effects                          Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
dy/dx w.r.t. : 1.electric 
 
1._at        : age             =          15 
 
2._at        : age             =          16 
 
    . 
    . 
    . 
 
34._at       : age             =          48 
 
35._at       : age             =          49 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
1.electric   | 
   _at#educc | 
        1 1  |   -.031106   .0106963    -2.91   0.004    -.0520704   -.0101415 
        1 2  |  -.0278558   .0096096    -2.90   0.004    -.0466903   -.0090214 
        1 3  |  -.0204408   .0072871    -2.81   0.005    -.0347233   -.0061584 
        2 1  |  -.0384398   .0131936    -2.91   0.004    -.0642989   -.0125807 
        2 2  |  -.0344234   .0118551    -2.90   0.004    -.0576589   -.0111878 
        2 3  |  -.0252602   .0089899    -2.81   0.005      -.04288   -.0076403 
 
      . 
      . 
      . 
 
       34 1  |  -.4165076   .1430191    -2.91   0.004    -.6968199   -.1361953 
       34 2  |  -.3729883   .1289363    -2.89   0.004    -.6256989   -.1202777 
       34 3  |  -.2737019   .0976128    -2.80   0.005    -.4650195   -.0823844 
       35 1  |  -.3911681   .1344716    -2.91   0.004    -.6547277   -.1276086 
       35 2  |  -.3502964   .1212356    -2.89   0.004    -.5879139    -.112679 
       35 3  |  -.2570505   .0917786    -2.80   0.005    -.4369332   -.0771678 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 



marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
electric) yline(0) xlabel(, angle(90)) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 
graph save marginspoisson4.gph, replace 
(file marginspoisson4.gph saved) 
 
graph combine marginspoisson3.gph marginspoisson4.gph, ycommon 
 

 
 

dydx

at(age=(15(1)49)electric=(0 1))



 

margins 1.educc, at(age=(15(1)49)electric=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               electric        =           0 
 
2._at        : age             =          15 
               electric        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 
               electric        =           0 
 
70._at       : age             =          49 
               electric        =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 1  |   .3026624   .0160624    18.84   0.000     .2711808    .3341441 
        2 1  |   .2715565   .0174477    15.56   0.000     .2373595    .3057534 
 
      . 
      . 
      . 
 
       69 1  |   3.806081   .1336326    28.48   0.000     3.544166    4.067996 
       70 1  |   3.414913   .1662738    20.54   0.000     3.089022    3.740804 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) by(educc) legend(cols(3)) 
xlabel(, angle(90)) ylabel(0(1)5, angle(0)) title(" ") 
 
  Variables that uniquely identify margins: age electric 
 
graph save marginsglobpoisson1, replace 
(file marginsglobpoisson1.gph saved) 
 
margins 2.educc, at(age=(15(1)49)electric=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               electric        =           0 
 
2._at        : age             =          15 
               electric        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 



               electric        =           0 
 
70._at       : age             =          49 
               electric        =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 2  |   .2710384     .01346    20.14   0.000     .2446573    .2974194 
        2 2  |   .2431825   .0146927    16.55   0.000     .2143854    .2719796 
 
      . 
      . 
      . 
 
       69 2  |   3.408398   .1414881    24.09   0.000     3.131086    3.685709 
       70 2  |   3.058101   .1598923    19.13   0.000     2.744718    3.371485 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) by(educc) legend(cols(3)) 
xlabel(, angle(90)) ylabel(0(1)5, angle(0)) title(" ") 
 
  Variables that uniquely identify margins: age electric 
 
graph save marginsglobpoisson2, replace 
(file marginsglobpoisson2.gph saved) 
 
margins 3.educc, at(age=(15(1)49)electric=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               electric        =           0 
 
2._at        : age             =          15 
               electric        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 
               electric        =           0 
 
70._at       : age             =          49 
               electric        =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 3  |   .1988902   .0139759    14.23   0.000      .171498    .2262825 
        2 3  |   .1784494   .0132092    13.51   0.000     .1525599    .2043389 
 
      . 
      . 
      . 
 
       69 3  |   2.501111   .1544244    16.20   0.000     2.198445    2.803777 
       70 3  |   2.244061   .1450833    15.47   0.000     1.959703    2.528419 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) by(educc) legend(cols(3)) 
xlabel(, angle(90)) ylabel(0(1)5, angle(0)) title(" ") 
 



  Variables that uniquely identify margins: age electric 
 
graph save marginsglobpoisson3, replace 
(note: file marginsglobpoisson3.gph not found) 
(file marginsglobpoisson3.gph saved) 
 
graph combine marginsglobpoisson1.gph marginsglobpoisson2.gph marginsglobpoisson3.gph, ycommon 
 



 



 

 

margins 1.educc, at(age=(15(1)49)evermarr=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               evermarr        =           0 
 
2._at        : age             =          15 
               evermarr        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 
               evermarr        =           0 
 
70._at       : age             =          49 
               evermarr        =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 1  |   .2538803     .01317    19.28   0.000     .2280675    .2796931 
        2 1  |    .348087   .0196257    17.74   0.000     .3096214    .3865526 
 
      . 
      . 
      . 
 
       69 1  |    3.19263   .1261605    25.31   0.000     2.945359      3.4399 
       70 1  |    4.37731   .1511821    28.95   0.000     4.080999    4.673621 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(educc) legend(cols(3)) xlabel(, angle(90)) ylabel(0(1)5, angle(0)) 
 
  Variables that uniquely identify margins: age evermarr 
 
graph save marginsglobpoisson4, replace 
(note: file marginsglobpoisson4.gph not found) 
(file marginsglobpoisson4.gph saved) 
 



margins 2.educc, at(age=(15(1)49)evermarr=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               evermarr        =           0 
 
2._at        : age             =          15 
               evermarr        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 
               evermarr        =           0 
 
70._at       : age             =          49 
               evermarr        =           1 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 2  |   .2273533   .0108464    20.96   0.000     .2060948    .2486118 
        2 2  |   .3117167   .0166678    18.70   0.000     .2790484     .344385 
 
      . 
      . 
      . 
 
       69 2  |   2.859044   .1274518    22.43   0.000     2.609243    3.108845 
       70 2  |   3.919941   .1622814    24.16   0.000     3.601876    4.238007 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(educc) legend(cols(3)) xlabel(, angle(90)) ylabel(0(1)5, angle(0)) 
 
  Variables that uniquely identify margins: age evermarr 
 
graph save marginsglobpoisson5, replace 
(note: file marginsglobpoisson5.gph not found) 
(file marginsglobpoisson5.gph saved) 
 
margins 3.educc, at(age=(15(1)49)evermarr=(0 1)) 
 
Predictive margins                                Number of obs   =       4358 
Model VCE    : OIM 
 
Expression   : Predicted number of events, predict() 
 
1._at        : age             =          15 
               evermarr        =           0 
 
2._at        : age             =          15 
               evermarr        =           1 
 
    . 
    . 
    . 
 
69._at       : age             =          49 
               evermarr        =           0 
 
70._at       : age             =          49 
               evermarr        =           1 
 
------------------------------------------------------------------------------ 



             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 3  |   .1668338   .0114164    14.61   0.000     .1444581    .1892094 
        2 3  |   .2287403   .0165944    13.78   0.000      .196216    .2612647 
 
      . 
      . 
      . 
 
       69 3  |    2.09799   .1328738    15.79   0.000     1.837562    2.358418 
       70 3  |   2.876486   .1757968    16.36   0.000      2.53193    3.221041 
------------------------------------------------------------------------------ 
 
marginsplot, noci by(educc) legend(cols(3)) xlabel(, angle(90)) ylabel(0(1)5, angle(0)) 
 
  Variables that uniquely identify margins: age evermarr 
 
graph save marginsglobpoisson6, replace 
(note: file marginsglobpoisson6.gph not found) 
(file marginsglobpoisson6.gph saved) 
 
graph combine marginsglobpoisson4.gph marginsglobpoisson5.gph marginsglobpoisson6.gph, ycommon 
 



 



 

contrast

 

contrast educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
       educc |          2       70.64     0.0000 
------------------------------------------------ 
 

r.

 

contrast r.educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
       educc | 
   (2 vs 1)  |          1       20.32     0.0000 
   (3 vs 1)  |          1       63.91     0.0000 
      Joint  |          2       70.64     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 



             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
       educc | 
   (2 vs 1)  |  -.1103577   .0244803     -.1583383   -.0623772 
   (3 vs 1)  |   -.419865   .0525214      -.522805   -.3169251 
-------------------------------------------------------------- 
 

ar.

 

contrast ar.educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
       educc | 
   (2 vs 1)  |          1       20.32     0.0000 
   (3 vs 2)  |          1       35.27     0.0000 
      Joint  |          2       70.64     0.0000 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
       educc | 
   (2 vs 1)  |  -.1103577   .0244803     -.1583383   -.0623772 
   (3 vs 2)  |  -.3095073    .052116     -.4116528   -.2073619 
-------------------------------------------------------------- 
 

pwcompare

mcompare(bonferroni)

cimargins effetc sort

 

pwcompare i.educc, mcompare(bonferroni) cimargins effects sort 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 



 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
       educc | 
          3  |  -5.886687   .1705496     -6.220958   -5.552416 
          2  |  -5.577179   .1640658     -5.898742   -5.255616 
          1  |  -5.466822   .1675656     -5.795244   -5.138399 
-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
children     | 
       educc |            3 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
children     | 
       educc | 
     3 vs 1  |   -.419865   .0525214    -7.99   0.000    -.5456001     -.29413 
     3 vs 2  |  -.3095073    .052116    -5.94   0.000     -.434272   -.1847427 
     2 vs 1  |  -.1103577   .0244803    -4.51   0.000    -.1689631   -.0517523 
------------------------------------------------------------------------------ 
 

. 

quietly poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv 
 
predict muhat, n 
(3 missing values generated) 
 
quietly generate ystar=((children-muhat)^2-children)/muhat 



 
regress ystar muhat, noconstant noheader 
------------------------------------------------------------------------------ 
       ystar |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
       muhat |   -.034961   .0060031    -5.82   0.000    -.0467302   -.0231919 
------------------------------------------------------------------------------ 
 

poisson robust

 

poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv, robust 
 
 
Iteration 0:   log pseudolikelihood = -6495.4958   
Iteration 1:   log pseudolikelihood = -6487.6302   
Iteration 2:   log pseudolikelihood = -6487.6175   
Iteration 3:   log pseudolikelihood = -6487.6175   
 
Poisson régression                                Number of obs   =       4358 
                                                  Wald chi2(8)    =    6381.08 
                                                  Prob > chi2     =     0.0000 
Log pseudolikelihood = -6487.6175                 Pseudo R2       =     0.3228 
 
------------------------------------------------------------------------------ 
             |               Robust 
    children |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .3406061   .0094572    36.02   0.000     .3220703     .359142 
             | 
 c.age#c.age |  -.0041585   .0001443   -28.81   0.000    -.0044414   -.0038756 
             | 
       educc | 
          2  |  -.1103577   .0212859    -5.18   0.000    -.1520773   -.0686381 
          3  |   -.419865   .0433586    -9.68   0.000    -.5048463   -.3348838 
             | 
  1.evermarr |   .3155895   .0231645    13.62   0.000      .270188     .360991 
     1.urban |  -.0975435   .0199149    -4.90   0.000    -.1365759   -.0585111 
  1.electric |  -.1084481   .0366029    -2.96   0.003    -.1801884   -.0367077 
        1.tv |  -.0965831   .0447863    -2.16   0.031    -.1843627   -.0088035 
       _cons |  -5.473329   .1476551   -37.07   0.000    -5.762728   -5.183931 
------------------------------------------------------------------------------ 
 



 

 

nbreg



 

nbreg

nbreg [depvar] [indepvars] [if] [in] [weight] [, options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

vce(typevce) typevce cluster (variable de cluster)



irr 

test [[label ou valeur de la modalité]] [varexo]

listcoef [, const help]

const help

help listcoef

contrast [varexo]

contrast r.[varexo]

contrast ar.[varexo] 

fitstat 

lrtest [modèlecomplet] [modelcontraint][, stats]



margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] [predict(outcome(labe

l ou valeur de la modalité))]: 

dydx(.)

at marginsplot

marginsplot [varexos] margins

prchange [varlist], [help]

pwcompare [varexo], [cimargins]

estat gof

predict [type] [if] [, statistique nooffset]

offset() exposure()



quietly poisson children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv 
 
predict muhat, n 
(3 missing values generated) 
 
quietly generate ystar=((children-muhat)^2-children)/muhat 
 
regress ystar muhat, noconstant noheader 
------------------------------------------------------------------------------ 
       ystar |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
       muhat |   -.034961   .0060031    -5.82   0.000    -.0467302   -.0231919 
------------------------------------------------------------------------------ 
 

nbreg  

nbreg children c.age##c.age i.educc i.evermarr i.urban i.electric i.tv  
 
Fitting Poisson model: 
 
Iteration 0:   log likelihood = -6495.4958   
Iteration 1:   log likelihood = -6487.6302   
Iteration 2:   log likelihood = -6487.6175   
Iteration 3:   log likelihood = -6487.6175   
 
Fitting constant-only model: 
 
Iteration 0:   log likelihood = -8770.3433   
Iteration 1:   log likelihood = -8698.2669   
Iteration 2:   log likelihood = -8698.2589   
Iteration 3:   log likelihood = -8698.2589   
 
Fitting full model: 
 
Iteration 0:   log likelihood = -7528.5744   
Iteration 1:   log likelihood = -6891.8034   
Iteration 2:   log likelihood = -6677.2809   
Iteration 3:   log likelihood = -6512.1038   
Iteration 4:   log likelihood = -6487.6628   
Iteration 5:   log likelihood = -6487.6185   
Iteration 6:   log likelihood = -6487.6176   



Iteration 7:   log likelihood = -6487.6175   
Iteration 8:   log likelihood = -6487.6174   
Iteration 9:   log likelihood = -6487.6173  (not concave) 
Iteration 10:  log likelihood = -6487.6173  (backed up) 
 
Negative binomial régression                      Number of obs   =       4358 
                                                  LR chi2(8)      =    4421.28 
Dispersion     = mean                             Prob > chi2     =     0.0000 
Log likelihood = -6487.6173                       Pseudo R2       =     0.2541 
 
------------------------------------------------------------------------------ 
    children |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         age |   .3406077   .0099491    34.24   0.000     .3211078    .3601076 
             | 
 c.age#c.age |  -.0041585   .0001454   -28.61   0.000    -.0044434   -.0038736 
             | 
       educc | 
          2  |  -.1103566   .0244804    -4.51   0.000    -.1583372   -.0623759 
          3  |  -.4198635   .0525214    -7.99   0.000    -.5228035   -.3169234 
             | 
  1.evermarr |   .3155881   .0244743    12.89   0.000     .2676194    .3635568 
     1.urban |  -.0975422    .021596    -4.52   0.000    -.1398695   -.0552148 
  1.electric |  -.1084474   .0386484    -2.81   0.005    -.1841968    -.032698 
        1.tv |  -.0965825   .0481365    -2.01   0.045    -.1909284   -.0022366 
       _cons |  -5.473353   .1629483   -33.59   0.000    -5.792726    -5.15398 
-------------+---------------------------------------------------------------- 
    /lnalpha |  -17.33736    155.205                     -321.5336    286.8588 
-------------+---------------------------------------------------------------- 
       alpha |   2.95e-08   4.59e-06                      2.3e-140    3.8e+124 
------------------------------------------------------------------------------ 
Likelihood-ratio test of alpha=0:  chibar2(01) = 3.8e-04 Prob>=chibar2 = 0.492 
 

poisson

 

hausman m2 m1 
 
                 ---- Coefficients ---- 
             |      (b)          (B)            (b-B)     sqrt(diag(V_b-V_B)) 
             |       m2           m1         Difference          S.E. 
-------------+---------------------------------------------------------------- 
         age |    .3406077     .3406061        1.55e-06        .0000211 
 c.age#c.age |   -.0041585    -.0041585       -2.63e-08        3.29e-07 
   2bn.educc |   -.1103566    -.1103577        1.17e-06        .0000347 
     3.educc |   -.4198635     -.419865        1.57e-06        .0000559 
  1.evermarr |    .3155881     .3155895       -1.40e-06        .0000358 
     1.urban |   -.0975422    -.0975435        1.33e-06        .0000366 
  1.electric |   -.1084474    -.1084481        6.61e-07        .0000496 
        1.tv |   -.0965825    -.0965831        6.18e-07        .0000551 
------------------------------------------------------------------------------ 
                           b = consistent under Ho and Ha; obtained from nbreg 



          B = inconsistent under Ha, efficient under Ho; obtained from poisson 
 
    Test:  Ho:  difference in coefficients not systematic 
 
                  chi2(8) = (b-B)'[(V_b-V_B)^(-1)](b-B) 
                          =        0.02 
                Prob>chi2 =      1.0000 
 

 

fitstat, using(m2) force 
 
Measures of Fit for nbreg of children 
 
Warning: Current model estimated by nbreg, but saved model estimated by poisson 
 
                               Current             Saved        Difference 
Model:                           nbreg           poisson 
N:                                4358              4358                 0 
Log-Lik Intercept Only       -8698.259         -9580.731           882.472 
Log-Lik Full Model           -6487.617         -6950.697           463.080 
D                            12975.235(4343)   13901.394(4350)     926.159(7) 
LR                            4421.283(8)       5260.069(6)        838.786(2) 
Prob > LR                        0.000             0.000             0.000 
McFadden's R2                    0.254             0.275            -0.020 
McFadden's Adj R2                0.252             0.274            -0.021 
ML (Cox-Snell) R2                0.637             0.701            -0.063 
Cragg-Uhler(Nagelkerke) R2       0.649             0.710            -0.060 
AIC                              2.984             3.194            -0.209 
AIC*n                        13005.235         13917.394          -912.159 
BIC                         -23418.100        -22550.599          -867.501 
BIC'                         -4354.245         -5209.790           855.545 
BIC used by Stata            13059.032         13960.052          -901.020 
AIC used by Stata            12995.235         13915.394          -920.159 
 
Note: p-valeur  for difference in LR is only valid if models are nested. 
 



 

 

 

 





 

tobit

tobit [depvar] [indepvars] [if] [in] [weight] , ll[(#)] ul[(#)] [options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

ll[(#)]

ul[(#)]

vce(typevce) typevce robust cluster(variable de cluster)

 
test [[label ou valeur de la modalité].] [varexo]

listcoef [, const help]

const help

help listcoef



contrast [varexo] 

contrast r.[varexo]

contrast ar.[varexo]

fitstat

lrtest [modèlecomplet] [modelcontraint][, stats]

margins, 

[dydx(varexos)][at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)][predic

t(e(ll,ul))]: 

dydx(.)

at

marginsplot

dydx(*) atmeans

[predict(e(ll,.))]

[predict(e(.,ul))]

margins, 

[dydx(varexos)][at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)][predic

t(ystar(ll,ul))]:  



dydx(.)

marginsplot

dydx(*) atmeans

[predict(e(ll,.))]

[predict(e(.,ul))]

marginsplot [varexos]

pwcompare [varexo], [cimargins]

predict [type] newvar [if] [in] [, statistic nooffset]



 

use "http://www.Stata.com/data/jwooldridge/eacsap/mroz.dta", clear 
 

 
 
gen educc=1 if 0<=educ & educ<13 
(212 missing values generated) 
 
replace educc=2 if 13<=educ & educ<16 
(109 real changes made) 
 
replace educc=3 if educ>=16 
(103 real changes made) 
 
replace educc=. if educ==. 
(0 real changes made) 
 
label variable educc "Éducation : entre 0 et 8, 2: entre 8 et 12, 3: plus de 12" 
 

 

gen nwi=nwifeinc 
 

describe hours nwi educc exper age kidslt6 kidsge6   
 
              storage  display     value 
variable name   type   format      label      variable label 
---------------------------------------------------------------------------------------------- 
hours           int    %9.0g                  hours worked, 1975 
nwi             float  %9.0g                   
educc           float  %9.0g                  Éducation : entre 0 et 8, 2: entre 8 et 12, 3: plus 
de 12 
exper           byte   %9.0g                  actual labor mkt exper 
age             byte   %9.0g                  woman's age in yrs 
kidslt6         byte   %9.0g                  # kids < 6 years 
kidsge6         byte   %9.0g                  # kids 6-18 
 
summarize hours nwi educc exper age kidslt6 kidsge6  
 
    Variable |       Obs        Mean    Std. Dev.       Min        Max 



-------------+-------------------------------------------------------- 
       hours |       753    740.5764    871.3142          0       4950 
         nwi |       753    20.12896     11.6348  -.0290575         96 
       educc |       753    1.418327    .7194367          1          3 
       exper |       753    10.63081     8.06913          0         45 
         age |       753    42.53785    8.072574         30         60 
-------------+-------------------------------------------------------- 
     kidslt6 |       753    .2377158     .523959          0          3 
     kidsge6 |       753    1.353254    1.319874          0          8 
 
inspect hours 
 
hours:  hours worked, 1975                      Number of Observations 
--------------------------                  ------------------------------ 
                                            Total   Integers   Nonintegers 
|  #                         Negative           -         -          - 
|  #                         Zero             325       325          - 
|  #                         Positive         428       428          - 
|  #                                        -----     -----      ----- 
|  #   #                     Total            753       753          - 
|  #   #   .   .   .         Missing            - 
+----------------------                     ----- 
0                  4950                       753 
(More than 99 unique values) 
 
inspect educc 
 
educc:  Éducation : entre 0 et 8, 2: entre      Number of Observations 
------------------------------------------- ------------------------------ 
                                            Total   Integers   Nonintegers 
|  #                         Negative           -         -          - 
|  #                         Zero               -         -          - 
|  #                         Positive         753       753          - 
|  #                                        -----     -----      ----- 
|  #                         Total            753       753          - 
|  #   #   #                 Missing            - 
+----------------------                     ----- 
1                     3                       753 
   (3 unique values) 
 
histogram hours, percent normal xline(0) 
(bin=27, start=0, width=183.33333) 
 



 
 
histogram educc, discrete percent 
(start=1, width=1) 
 



 

 

reg hours c.nwi i.educc c.exper##c.exper c.age if hours>0, robust 
 
Linear régression                                      Number of obs =     428 
                                                       F(  6,   421) =    8.96 
                                                       Prob > F      =  0.0000 
                                                       R-squared     =  0.1112 
                                                       Root MSE      =  737.05 
 
--------------------------------------------------------------------------------- 
                |               Robust 
          hours |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
            nwi |  -.3858206   3.305439    -0.12   0.907     -6.88304    6.111399 
                | 
          educc | 



             2  |   73.96514    115.075     0.64   0.521     -152.228    300.1583 
             3  |  -132.6496   99.45736    -1.33   0.183    -328.1445    62.84522 
                | 
          exper |   56.04848   14.52667     3.86   0.000     27.49465    84.60231 
                | 
c.exper#c.exper |  -.7182604   .4042438    -1.78   0.076    -1.512848    .0763272 
                | 
            age |  -10.05192   5.475659    -1.84   0.067    -20.81495    .7111194 
          _cons |   1182.768   218.7514     5.41   0.000      752.787    1612.749 
--------------------------------------------------------------------------------- 
 

tobit

hours=0 ll(0)  

tobit hours c.nwi i.educc c.exper##c.exper c.age, ll(0) 
 
Tobit régression                                  Number of obs   =        753 
                                                  LR chi2(6)      =     202.62 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -3853.5798                       Pseudo R2       =     0.0256 
 
--------------------------------------------------------------------------------- 
          hours |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
            nwi |  -9.084071   4.565897    -1.99   0.047    -18.04759   -.1205529 
                | 
          educc | 
             2  |   307.6622   137.5739     2.24   0.026     37.58469    577.7397 
             3  |   363.2303   139.6166     2.60   0.009     89.14282    637.3178 
                | 
          exper |    151.751   17.99108     8.43   0.000     116.4319    187.0701 
                | 
c.exper#c.exper |  -2.377744   .5636933    -4.22   0.000    -3.484356   -1.271133 
                | 
            age |  -33.77527   6.755802    -5.00   0.000    -47.03788   -20.51265 
          _cons |   640.0859   294.6218     2.17   0.030     61.70069    1218.471 
----------------+---------------------------------------------------------------- 
         /sigma |   1180.015   43.98574                      1093.665    1266.365 
--------------------------------------------------------------------------------- 
  Obs. summary:        325  left-censored observations at hours<=0 
                       428     uncensored observations 
                         0 right-censored observations 
 

tobit

estimates store



estimates store m1 
 

 

test nwi 2.educc 3.educc 
 
 ( 1)  [model]nwi = 0 
 ( 2)  [model]1b.educc = 0 
 ( 3)  [model]2.educc = 0 
 ( 4)  [model]3.educc = 0 
       Constraint 2 dropped 
 
       F(  3,   747) =    3.62 
            Prob > F =    0.0128 
 

tobit hours c.exper##c.exper c.age if educc~=. & nwi~=., ll(0) 
 
Tobit régression                                  Number of obs   =        753 
                                                  LR chi2(3)      =     191.67 
                                                  Prob > chi2     =     0.0000 
Log likelihood = -3859.0584                       Pseudo R2       =     0.0242 
 
--------------------------------------------------------------------------------- 
          hours |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
          exper |   155.4389    17.9682     8.65   0.000      120.165    190.7128 
                | 
c.exper#c.exper |  -2.369404   .5633412    -4.21   0.000    -3.475317   -1.263491 
                | 
            age |  -37.19969   6.681946    -5.57   0.000    -50.31724   -24.08215 
          _cons |   658.8876   289.3435     2.28   0.023     90.86801    1226.907 
----------------+---------------------------------------------------------------- 
         /sigma |   1187.196   44.28298                      1100.263     1274.13 
--------------------------------------------------------------------------------- 
  Obs. summary:        325  left-censored observations at hours<=0 
                       428     uncensored observations 
                         0 right-censored observations 
 

 

estimates store mtest 
 

lrtest 

lrtest m1 mtest 
 
Likelihood-ratio test                                 LR chi2(3)  =     10.96 
(Assumption: mtest nested in m1)                      Prob > chi2 =    0.0120 
 



 

 
quietly tobit hours nwi educc exper expersq age kidslt6, ll(0)   
 

fitstat

fitstat 
 
Measures of Fit for tobit of hours 
 
Log-Lik Intercept Only:      -3954.892   Log-Lik Full Model:          -3853.984 
D(746):                       7707.969   LR(5):                         201.815 
                                         Prob > LR:                       0.000 
McFadden's R2:                   0.026   McFadden's Adj R2:               0.024 
ML (Cox-Snell) R2:               0.235   Cragg-Uhler(Nagelkerke) R2:      0.235 
McKelvey & Zavoina's R2:         0.275                               
Variance of y*:            1923947.656   Variance of error:         1395535.453 
AIC:                            10.255   AIC*n:                        7721.969 
BIC:                          2766.416   BIC':                         -168.694 
BIC used by Stata:            7754.337   AIC used by Stata:            7721.969 
 

predict xb

 
predict yhat 
(option xb assumed; fitted values) 
 

ystar(0,.)  

predict yhatt, ystar(0,.) 
 

e(0,.)  

predict e, e(0,.) 
 

percent

normal



 

histogram yhatt, percent normal xlabel(0(1000)5000) width(100) 
graph save yhatttobit.gph, replace 
histogram hours if hours>0, percent normal xlabel(0(1000)5000) width(100) 
graph save hours2.gph, replace 
histogram e, percent normal xlabel(0(1000)5000) width(100) 
graph save yhatttobit2.gph, replace 
graph combine yhattobit.gph hours2.gph yhatttobit2.gph hours2.gph, ycommon 
graph export yhatttobit_hours.tif, replace width(1000) 
 

 
 

 

quietly tobit hours c.nwi i.educc c.exper##c.exper c.age i.kidslt6, ll(0)  
 



margins dydx(*)

 
margins, dydx(*) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : Linear prediction, predict() 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -9.084071   4.565897    -1.99   0.047    -18.03306   -.1350761 
             | 
       educc | 
          2  |   307.6622   137.5739     2.24   0.025     38.02228    577.3021 
          3  |   363.2303   139.6166     2.60   0.009     89.58691    636.8738 
             | 
       exper |   101.1963   8.221971    12.31   0.000     85.08155    117.3111 
         age |  -33.77527   6.755802    -5.00   0.000     -47.0164   -20.53414 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

predict(e(0,.))

 

margins, dydx(*) predict(e(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |   -4.01539   2.018921    -1.99   0.047    -7.972404   -.0583772 
             | 
       educc | 
          2  |    139.496    65.2165     2.14   0.032     11.67403     267.318 
          3  |   166.7831   67.43752     2.47   0.013     34.60799    298.9582 
             | 
       exper |   40.07545   2.965079    13.52   0.000       34.264     45.8869 
         age |  -14.92953   2.995719    -4.98   0.000    -20.80103   -9.058026 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 



predict(ystar(0,.))  

margins, dydx(*) predict(ystar(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours*|hours>0), predict(ystar(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -5.353268   2.686738    -1.99   0.046    -10.61918   -.0873582 
             | 
       educc | 
          2  |   186.4009   87.01701     2.14   0.032     15.85066    356.9511 
          3  |   222.8083   89.96426     2.48   0.013     46.48163    399.1351 
             | 
       exper |   52.89413   3.605872    14.67   0.000     45.82675    59.96151 
         age |  -19.90386   3.949572    -5.04   0.000    -27.64488   -12.16284 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

hours=0

hours>0

predict(pr(0,.))  

margins, dydx(*) predict(pr(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 



Expression   : Pr(hours>0), predict(pr(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -.0025161   .0012587    -2.00   0.046     -.004983   -.0000491 
             | 
       educc | 
          2  |   .0848054       .037     2.29   0.022     .0122868    .1573241 
          3  |   .0994791   .0371252     2.68   0.007     .0267152    .1722431 
             | 
       exper |   .0291979   .0019213    15.20   0.000     .0254323    .0329635 
         age |  -.0093549   .0018075    -5.18   0.000    -.0128975   -.0058123 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

margins, dydx(*) predict(e(0,.)) atmeans 
 
Conditional marginal effects                      Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
at           : nwi             =    20.12896 (mean) 
               1.educc         =    .7184595 (mean) 
               2.educc         =    .1447543 (mean) 
               3.educc         =    .1367862 (mean) 
               exper           =    10.63081 (mean) 
               age             =    42.53785 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -4.148791   2.087055    -1.99   0.047    -8.239344   -.0582378 
             | 
       educc | 
          2  |   144.6831   67.99841     2.13   0.033     11.40868    277.9576 
          3  |   173.1296   70.19351     2.47   0.014     35.55283    310.7063 
             | 
       exper |   46.21743   4.152704    11.13   0.000     38.07828    54.35658 
         age |  -15.42552   3.026612    -5.10   0.000    -21.35757   -9.493468 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 



margins, dydx(*) predict(ystar(0,.)) atmeans 
 
Conditional marginal effects                      Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours*|hours>0), predict(ystar(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
at           : nwi             =    20.12896 (mean) 
               1.educc         =    .7184595 (mean) 
               2.educc         =    .1447543 (mean) 
               3.educc         =    .1367862 (mean) 
               exper           =    10.63081 (mean) 
               age             =    42.53785 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -5.917638   2.976833    -1.99   0.047    -11.75212    -.083152 
             | 
       educc | 
          2  |   205.9716   96.36831     2.14   0.033     17.09322    394.8501 
          3  |   246.1805   99.16695     2.48   0.013     51.81683    440.5441 
             | 
       exper |   65.92234   5.918619    11.14   0.000     54.32206    77.52262 
         age |  -22.00223   4.317148    -5.10   0.000    -30.46368   -13.54077 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 
margins, dydx(*) predict(pr(0,.)) atmeans 
 
Conditional marginal effects                      Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : Pr(hours>0), predict(pr(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
at           : nwi             =    20.12896 (mean) 
               1.educc         =    .7184595 (mean) 
               2.educc         =    .1447543 (mean) 
               3.educc         =    .1367862 (mean) 
               exper           =    10.63081 (mean) 
               age             =    42.53785 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -.0028472   .0014308    -1.99   0.047    -.0056514   -.0000429 
             | 
       educc | 
          2  |   .0942155    .040383     2.33   0.020     .0150663    .1733648 
          3  |   .1099664   .0401473     2.74   0.006     .0312791    .1886537 
             | 
       exper |   .0317174   .0024672    12.86   0.000     .0268817    .0365531 



         age |   -.010586   .0021532    -4.92   0.000    -.0148062   -.0063658 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

at(age=(30(1)60))

marginsplot

 

margins i.educc, dydx(nwi) at(age=(30(1)60)) predict(e(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
dy/dx w.r.t. : nwi 
 
1._at        : age             =          30 
 
2._at        : age             =          31 
 
    . 
    . 
    . 
 
30._at       : age             =          59 
 
31._at       : age             =          60 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -4.624814   2.283835    -2.03   0.043    -9.101048   -.1485792 
        1 2  |  -5.230011   2.646776    -1.98   0.048     -10.4176   -.0424243 
        1 3  |  -5.340713   2.723481    -1.96   0.050    -10.67864   -.0027888 
        2 1  |  -4.559701    2.25292    -2.02   0.043    -8.975344    -.144059 
        2 2  |  -5.162833   2.614899    -1.97   0.048    -10.28794   -.0377256 
        2 3  |  -5.273405   2.691574    -1.96   0.050    -10.54879    .0019837 
 
      . 
      . 
      . 
 
       30 1  |  -2.945014    1.50497    -1.96   0.050    -5.894701    .0046737 
       30 2  |  -3.418148   1.798171    -1.90   0.057    -6.942499    .1062024 
       30 3  |  -3.509488   1.863722    -1.88   0.060    -7.162317    .1433409 
       31 1  |  -2.896526   1.482968    -1.95   0.051    -5.803089    .0100375 
       31 2  |  -3.363488   1.772842    -1.90   0.058    -6.838194    .1112186 
       31 3  |  -3.453762   1.837743    -1.88   0.060    -7.055673    .1481485 
------------------------------------------------------------------------------ 
 

marginsplot

recast(line)



recastci(rline) ciopts(lpattern(dash)) 

 

marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen 
conditionnel de nwi) yline(0) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 

graph save  
 
graph save marginstobit1.gph, replace 
(file marginstobit1.gph saved) 
 

 

margins i.educc, dydx(nwi) at(age=(30(1)60)) predict(ystar(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours*|hours>0), predict(ystar(0,.)) 
dy/dx w.r.t. : nwi 
 
1._at        : age             =          30 
 
2._at        : age             =          31 
 
    . 
    . 
    . 
 
30._at       : age             =          59 
 
31._at       : age             =          60 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -6.126344   3.025933    -2.02   0.043    -12.05706   -.1956237 
        1 2  |  -6.809407   3.434719    -1.98   0.047    -13.54133   -.0774817 
        1 3  |  -6.923518    3.51326    -1.97   0.049    -13.80938   -.0376547 
        2 1  |  -6.046667   2.987675    -2.02   0.043     -11.9024    -.190932 
        2 2  |  -6.738568   3.401795    -1.98   0.048    -13.40596   -.0711712 
        2 3  |  -6.854525   3.481593    -1.97   0.049    -13.67832   -.0307279 
 
      . 
      . 
      . 
 
       30 1  |  -3.652488   1.887584    -1.94   0.053    -7.352084    .0471076 
       30 2  |  -4.439287   2.366884    -1.88   0.061    -9.078294     .199721 
       30 3  |  -4.583041   2.466485    -1.86   0.063    -9.417262    .2511808 
       31 1  |  -3.567998   1.850724    -1.93   0.054    -7.195351    .0593547 
       31 2  |  -4.351983   2.328965    -1.87   0.062    -8.916671    .2127052 
       31 3  |  -4.495655   2.428588    -1.85   0.064    -9.255601    .2642902 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen non 
conditionnel de nwi) yline(0) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 



 
graph save marginstobit2.gph, replace 
(file marginstobit2.gph saved) 
 
margins i.educc, dydx(nwi) at(age=(30(1)60)) predict(pr(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : Pr(hours>0), predict(pr(0,.)) 
dy/dx w.r.t. : nwi 
 
1._at        : age             =          30 
 
2._at        : age             =          31 
 
    . 
    . 
    . 
 
30._at       : age             =          59 
 
31._at       : age             =          60 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -.0023468   .0011957    -1.96   0.050    -.0046903   -3.32e-06 
        1 2  |   -.002081   .0010495    -1.98   0.047     -.004138    -.000024 
        1 3  |  -.0020258   .0010111    -2.00   0.045    -.0040074   -.0000442 
        2 1  |   -.002371   .0012058    -1.97   0.049    -.0047344   -7.74e-06 
        2 2  |  -.0021136   .0010638    -1.99   0.047    -.0041986   -.0000287 
        2 3  |  -.0020596    .001026    -2.01   0.045    -.0040705   -.0000486 
 
      . 
      . 
      . 
 
       30 1  |  -.0025091   .0012658    -1.98   0.047      -.00499   -.0000283 
       30 2  |   -.002586   .0012992    -1.99   0.047    -.0051324   -.0000397 
       30 3  |  -.0025873   .0012967    -2.00   0.046    -.0051287   -.0000458 
       31 1  |  -.0024937   .0012596    -1.98   0.048    -.0049625    -.000025 
       31 2  |  -.0025834   .0012998    -1.99   0.047     -.005131   -.0000357 
       31 3  |   -.002587   .0012989    -1.99   0.046    -.0051327   -.0000413 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rline) ciopts(lpattern(dash)) title(Effet marginal moyen de 
nwi sur la probabilité d'avoir un revenu) yline(0) ylabel(, angle(0)) 
 
  Variables that uniquely identify margins: age educc 
 
graph combine marginstobit1.gph marginstobit2.gph, ycommon 
 



 
 

 



 
 

at

marginsplot

 

/*Effet marginal de nwi quand exper varie et age est à son minimum et son maximum en 
différençiant par la variable educc*/ 
margins i.educc, dydx(nwi) at(age=(30 60)exper=(0(1)45)) predict(e(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
dy/dx w.r.t. : nwi 



 
1._at        : exper           =           0 
               age             =          30 
 
2._at        : exper           =           0 
               age             =          60 
 
3._at        : exper           =           1 
               age             =          30 
 
4._at        : exper           =           1 
               age             =          60 
 
    . 
    . 
    . 
 
89._at       : exper           =          44 
               age             =          30 
 
90._at       : exper           =          44 
               age             =          60 
 
91._at       : exper           =          45 
               age             =          30 
 
92._at       : exper           =          45 
               age             =          60 
 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -2.485507   1.250644    -1.99   0.047    -4.936723   -.0342905 
        1 2  |  -2.911214    1.51147    -1.93   0.054    -5.873641    .0512119 
        1 3  |  -2.995374   1.573606    -1.90   0.057    -6.079586    .0888377 
        2 1  |   -1.49697   .7834059    -1.91   0.056    -3.032417    .0384775 
        2 2  |  -1.739502   .9387804    -1.85   0.064    -3.579478    .1004737 
        2 3  |  -1.788083   .9764085    -1.83   0.067    -3.701808    .1256431 
 
      . 
      . 
      . 
 
       91 1  |  -6.346517   3.219229    -1.97   0.049    -12.65609   -.0369451 
       91 2  |  -7.004889   3.562399    -1.97   0.049    -13.98706    -.022716 
       91 3  |  -7.117043   3.637343    -1.96   0.050     -14.2461    .0120188 
       92 1  |  -4.123212   2.193151    -1.88   0.060    -8.421708    .1752853 
       92 2  |  -4.764838   2.568664    -1.85   0.064    -9.799327    .2696507 
       92 3  |  -4.885898   2.660344    -1.84   0.066    -10.10008    .3282806 
------------------------------------------------------------------------------ 
 
marginsplot, by(age) recast(line) recastci(rline) ciopts(lpattern(dash)) title(conditionnel) 
yline(0) ylabel(, angle(0)) xlabel(0(5)45) xdimension(exper) 
 
  Variables that uniquely identify margins: age exper educc 
 
graph save marginstobit4.gph, replace 
(file marginstobit4.gph saved) 
 
margins i.educc, dydx(nwi) at(age=(30 60)exper=(0(1)45)) predict(ystar(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours*|hours>0), predict(ystar(0,.)) 
dy/dx w.r.t. : nwi 
 



1._at        : exper           =           0 
               age             =          30 
 
2._at        : exper           =           0 
               age             =          60 
 
3._at        : exper           =           1 
               age             =          30 
 
4._at        : exper           =           1 
               age             =          60 
 
    . 
    . 
    . 
 
91._at       : exper           =          45 
               age             =          30 
 
92._at       : exper           =          45 
               age             =          60 
 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -2.902181   1.483292    -1.96   0.050     -5.80938    .0050175 
        1 2  |   -3.78866   2.019717    -1.88   0.061    -7.747232    .1699117 
        1 3  |  -3.955737    2.13957    -1.85   0.064    -8.149218    .2377431 
        2 1  |  -.8413331   .5157743    -1.63   0.103    -1.852232     .169566 
        2 2  |  -1.303055   .8363889    -1.56   0.119    -2.942347     .336237 
        2 3  |  -1.401928   .9176583    -1.53   0.127    -3.200506    .3966488 
      . 
      . 
      . 
 
       91 1  |  -8.091477    3.99935    -2.02   0.043    -15.93006    -.252895 
       91 2  |  -8.465247   4.214086    -2.01   0.045     -16.7247   -.2057914 
       91 3  |  -8.519292   4.252528    -2.00   0.045    -16.85409    -.184489 
       92 1  |  -5.871548   3.116575    -1.88   0.060    -11.97992    .2368268 
       92 2  |  -6.697964   3.509513    -1.91   0.056    -13.57648    .1805546 
       92 3  |  -6.834756   3.597056    -1.90   0.057    -13.88486    .2153444 
------------------------------------------------------------------------------ 
 
marginsplot, by(age) recast(line) recastci(rline) ciopts(lpattern(dash)) title(non conditionnel) 
yline(0) ylabel(, angle(0)) xlabel(0(5)45) xdimension(exper) 
 
  Variables that uniquely identify margins: age exper educc 
 
graph save marginstobit5.gph, replace 
(file marginstobit5.gph saved) 
 
margins i.educc, dydx(nwi) at(age=(30 60)exper=(0(1)45)) predict(pr(0,.)) 
 
Average marginal effects                          Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : Pr(hours>0), predict(pr(0,.)) 
dy/dx w.r.t. : nwi 
 
1._at        : exper           =           0 
               age             =          30 
 
2._at        : exper           =           0 
               age             =          60 
 
3._at        : exper           =           1 
               age             =          30 



 
4._at        : exper           =           1 
               age             =          60 
 
    . 
    . 
    . 
 
91._at       : exper           =          45 
               age             =          30 
 
92._at       : exper           =          45 
               age             =          60 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
nwi          | 
   _at#educc | 
        1 1  |  -.0027409    .001367    -2.01   0.045    -.0054201   -.0000617 
        1 2  |  -.0029931   .0015048    -1.99   0.047    -.0059425   -.0000437 
        1 3  |  -.0030193   .0015192    -1.99   0.047    -.0059968   -.0000417 
        2 1  |  -.0012727   .0007258    -1.75   0.080    -.0026953    .0001499 
        2 2  |  -.0017359   .0010095    -1.72   0.086    -.0037145    .0002428 
        2 3  |  -.0018228   .0010712    -1.70   0.089    -.0039223    .0002767 
      . 
      . 
      . 
 
       91 1  |  -.0014339   .0011957    -1.20   0.230    -.0037775    .0009097 
       91 2  |  -.0010073   .0009274    -1.09   0.277     -.002825    .0008104 
       91 3  |  -.0009383   .0008823    -1.06   0.288    -.0026676    .0007909 
       92 1  |  -.0028503   .0015407    -1.85   0.064    -.0058701    .0001695 
       92 2  |  -.0024995   .0014563    -1.72   0.086    -.0053539    .0003549 
       92 3  |  -.0024234   .0014326    -1.69   0.091    -.0052313    .0003845 
------------------------------------------------------------------------------ 
 
marginsplot, by(age) recast(line) recastci(rline) ciopts(lpattern(dash)) title(" ") yline(0) 
ylabel(, angle(0)) xlabel(0(5)45) xdimension(exper) 
 
  Variables that uniquely identify margins: age exper educc 
 
graph export marginstobit6.tif, replace width(1000) 
(file marginstobit6.tif written in TIFF format) 
 
graph combine marginstobit4.gph marginstobit5.gph, ycommon ysize(8) imargin(zero) iscale(0.6) 
rows(2) 
 



 



 

 
 

at

 

/*Effets globaux sur les prédictions conditionnelles des variables educc et exper selon le 
salaire*/ 
. margins 1.educc, at(exper=(0(1)45)nwi=(0(20)100)) predict(e(0,.)) 
 
Predictive margins                                Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
 
1._at        : nwi             =           0 
               exper           =           0 
 
2._at        : nwi             =           0 
               exper           =           1 
 
    . 
    . 
    . 
 



45._at       : nwi             =           0 
               exper           =          44 
 
46._at       : nwi             =           0 
               exper           =          45 
 
47._at       : nwi             =          20 
               exper           =           0 
 
48._at       : nwi             =          20 
               exper           =           1 
 
49._at       : nwi             =          20 
               exper           =           2 
 
    . 
    . 
    . 
 
275._at      : nwi             =         100 
               exper           =          44 
 
276._at      : nwi             =         100 
               exper           =          45 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 1  |   708.3869   44.57945    15.89   0.000     621.0128     795.761 
        2 1  |   746.2666   44.82289    16.65   0.000     658.4154    834.1178 
 
      . 
      . 
      . 
 
      275 1  |   1096.623   291.3498     3.76   0.000     525.5879    1667.658 
      276 1  |   1070.674   294.2901     3.64   0.000     493.8758    1647.472 
------------------------------------------------------------------------------ 
 

marginsplot recast(line)

noci legend(cols(3))

ylabel(500 1000 2000, angle(0))  

marginsplot, recast(line) noci legend(cols(3)) ylabel(500 1000 2000, angle(0)) title(" ") 
 
  Variables that uniquely identify margins: exper nwi 
 

graph save  
 
graph save marginsglobtobit1, replace 
(file marginsglobtobit1.gph saved) 
 

 

/*Effets globaux sur les prédictions conditionnelles des variables educc et exper selon le 
salaire*/ 



margins 2.educc, at(exper=(0(1)45)nwi=(0(20)100)) predict(e(0,.)) 
 
Predictive margins                                Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
 
1._at        : nwi             =           0 
               exper           =           0 
 
2._at        : nwi             =           0 
               exper           =           1 
 
    . 
    . 
    . 
 
275._at      : nwi             =         100 
               exper           =          44 
 
276._at      : nwi             =         100 
               exper           =          45 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 2  |   789.6907   62.40776    12.65   0.000     667.3737    912.0077 
        2 2  |    834.025   64.43715    12.94   0.000     707.7305    960.3195 
 
      . 
      . 
      . 
 
      275 2  |   1242.317   329.7987     3.77   0.000     595.9231     1888.71 
      276 2  |   1212.298   333.9669     3.63   0.000     557.7349    1866.861 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) noci legend(cols(3)) ylabel(500 1000 2000, angle(0)) title(" ") 
 
  Variables that uniquely identify margins: exper nwi 
 
graph save marginsglobtobit2, replace 
(file marginsglobtobit2.gph saved) 
 
/*Effets globaux sur les prédictions conditionnelles des variables educc et exper selon le 
salaire*/ 
margins 3.educc, at(exper=(0(1)45)nwi=(0(20)100)) predict(e(0,.)) 
 
Predictive margins                                Number of obs   =        753 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
 
1._at        : nwi             =           0 
               exper           =           0 
 
2._at        : nwi             =           0 
               exper           =           1 
 
    . 
    . 
    . 
 
275._at      : nwi             =         100 
               exper           =          44 
 
276._at      : nwi             =         100 
               exper           =          45 
 



------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
   _at#educc | 
        1 3  |   805.7887   68.10559    11.83   0.000     672.3043    939.2732 
        2 3  |   851.4019   70.28101    12.11   0.000     713.6537    989.1502 
 
      . 
      . 
      . 
 
      275 3  |   1270.923   338.7495     3.75   0.000     606.9862     1934.86 
      276 3  |   1240.133   343.4232     3.61   0.000      567.036     1913.23 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) noci legend(cols(3)) ylabel(500 1000 2000, angle(0)) title(" ") 
 
  Variables that uniquely identify margins: exper nwi 
 
graph save marginsglobtobit3, replace 
(file marginsglobtobit3.gph saved) 
 
graph combine marginsglobtobit1.gph marginsglobtobit2.gph marginsglobtobit3.gph, ycommon 
iscale(0.4) imargin(left) ysize(8) 
 



 



 



 



 
 



contrast  

contrast educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df           F        P>F 
-------------+---------------------------------- 
model        | 
       educc |          2        4.84     0.0082 
             | 
    Residual |        747 
------------------------------------------------ 
 

r.  

contrast r.educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df           F        P>F 
-------------+---------------------------------- 
model        | 
       educc | 
   (2 vs 1)  |          1        5.00     0.0256 
   (3 vs 1)  |          1        6.77     0.0095 
      Joint  |          2        4.84     0.0082 
             | 
    Residual |        747 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
model        | 
       educc | 
   (2 vs 1)  |   307.6622   137.5739      37.58469    577.7397 
   (3 vs 1)  |   363.2303   139.6166      89.14282    637.3178 
-------------------------------------------------------------- 
 



ar. 

contrast ar.educc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df           F        P>F 
-------------+---------------------------------- 
model        | 
       educc | 
   (2 vs 1)  |          1        5.00     0.0256 
   (3 vs 2)  |          1        0.10     0.7483 
      Joint  |          2        4.84     0.0082 
             | 
    Residual |        747 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
model        | 
       educc | 
   (2 vs 1)  |   307.6622   137.5739      37.58469    577.7397 
   (3 vs 2)  |   55.56813    173.136     -284.3229    395.4592 
-------------------------------------------------------------- 
 

pwcompare

mcompare(bonferonni)

cimargins effets sort

 

pwcompare i.educc, mcompare(bonferroni) cimargins effects sort 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 
 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
model        | 
       educc | 
          1  |   640.0859   294.6218      61.70069    1218.471 
          2  |   947.7481   313.6135      332.0794    1563.417 
          3  |   1003.316   318.7638      377.5367    1629.096 



-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
model        | 
       educc |            3 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
model        | 
       educc | 
     3 vs 2  |   55.56813    173.136     0.32   1.000    -359.8517     470.988 
     2 vs 1  |   307.6622   137.5739     2.24   0.077     -22.4305    637.7549 
     3 vs 1  |   363.2303   139.6166     2.60   0.028     28.23655    698.2241 
------------------------------------------------------------------------------ 
 

 

 

 





 

truncreg

truncreg [variable dépendante] [variable(s) indépendante(s)] [if] [in] [weight] , ll[(#)] ul[(#)] 

[options] 

depvar

[indepvars]

[if] [in]

[weight]

[, options]
 

ll[(#)]

ul[(#)]

vce(typevce) typevce robust cluster



 
test [[label ou valeur de la modalité].] [varexo]

listcoef [, const help]

const help

help listcoef

contrast [varexo] 

contrast r.[varexo]

fitstat

lrtest [modèlecomplet] [modelcontraint][, stats]

test

margins, 

[dydx(varexos)][at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] 

[predict(e(ll,ul))]: 

dydx(.)

at

marginsplot

dydx(*) atmeans



[predict(e(ll,.))]

[predict(e(.,ul))]

margins, [dydx(varexos)] 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)] 

[predict(ystar(ll,ul))]:  

dydx(.)

at

marginsplot

dydx(*) atmeans

[predict(e(ll,.))]

[predict(e(.,ul))]

marginsplot [varexos] margins

pwcompare [varexo], [cimargins]

predict [type] newvar [if] [in] [, statistic nooffset]



 

reg hours c.nwi i.educc c.exper##c.exper c.age if hours>0 
 
      Source |       SS       df       MS              Number of obs =     428 
-------------+------------------------------           F(  6,   421) =    8.78 
       Model |  28604825.8     6  4767470.96           Prob > F      =  0.0000 
    Residual |   228706194   421  543245.117           R-squared     =  0.1112 
-------------+------------------------------           Adj R-squared =  0.0985 
       Total |   257311020   427   602601.92           Root MSE      =  737.05 
 
--------------------------------------------------------------------------------- 
          hours |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
            nwi |  -.3858206   3.654246    -0.11   0.916     -7.56866    6.797019 
                | 
          educc | 
             2  |   73.96514   102.4462     0.72   0.471    -127.4047    275.3349 
             3  |  -132.6496   98.17676    -1.35   0.177    -325.6273    60.32806 
                | 
          exper |   56.04848   14.59653     3.84   0.000     27.35733    84.73963 
                | 
c.exper#c.exper |  -.7182604   .4436203    -1.62   0.106    -1.590247    .1537263 
                | 
            age |  -10.05192   5.494241    -1.83   0.068    -20.85148    .7476446 
          _cons |   1182.768   234.1734     5.05   0.000     722.4734    1643.063 
--------------------------------------------------------------------------------- 
 



truncreg. 

 
truncreg hours c.nwi i.educc c.exper##c.exper c.age, ll(0) 
(note: 325 obs. truncated) 
 
Fitting full model: 
 
Iteration 0:   log likelihood = -3408.4624   
Iteration 1:   log likelihood = -3398.2356   
Iteration 2:   log likelihood = -3398.1402   
Iteration 3:   log likelihood = -3398.1401   
 
Truncated régression 
Limit:   lower =          0                             Number of obs =    428 
         upper =       +inf                             Wald chi2(6)  =  46.63 
Log likelihood = -3398.1401                             Prob > chi2   = 0.0000 
 
--------------------------------------------------------------------------------- 
          hours |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
            nwi |  -.9122765   5.329034    -0.17   0.864    -11.35699    9.532437 
                | 
          educc | 
             2  |   106.6618   141.4496     0.75   0.451    -170.5743    383.8979 
             3  |  -185.8877   142.3969    -1.31   0.192    -464.9805    93.20509 
                | 
          exper |   87.64866    21.7497     4.03   0.000     45.02002    130.2773 
                | 
c.exper#c.exper |  -1.267209   .6272191    -2.02   0.043    -2.496536   -.0378822 
                | 
            age |  -14.59732   7.935355    -1.84   0.066    -30.15033    .9556892 
          _cons |   910.3709   344.2213     2.64   0.008     235.7095    1585.032 
----------------+---------------------------------------------------------------- 
         /sigma |   870.7478   45.66682    19.07   0.000     781.2425    960.2531 
--------------------------------------------------------------------------------- 
 

margins

 

margins, dydx(*) 
 
Average marginal effects                          Number of obs   =        428 
Model VCE    : OIM 
 
Expression   : Linear prediction, predict() 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -.9122765   5.329034    -0.17   0.864    -11.35699    9.532437 
             | 
       educc | 
          2  |   106.6618   141.4496     0.75   0.451    -170.5743    383.8979 
          3  |  -185.8877   142.3969    -1.31   0.192    -464.9805    93.20509 
             | 
       exper |   54.60648   8.713272     6.27   0.000     37.52878    71.68418 
         age |  -14.59732   7.935355    -1.84   0.066    -30.15033    .9556892 



------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 

predict(e(o,.))  

margins, dydx(*) predict(e(0,.)) 
 
Average marginal effects                          Number of obs   =        428 
Model VCE    : OIM 
 
Expression   : E(hours|hours>0), predict(e(0,.)) 
dy/dx w.r.t. : nwi 2.educc 3.educc exper age 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         nwi |  -.6425333   3.753126    -0.17   0.864    -7.998525    6.713458 
             | 
       educc | 
          2  |   77.46659   104.0283     0.74   0.456    -126.4252    281.3584 
          3  |   -126.661     94.504    -1.34   0.180    -311.8854    58.56343 
             | 
       exper |   36.34818   5.128502     7.09   0.000      26.2965    46.39986 
         age |  -10.28116   5.560504    -1.85   0.064    -21.17955    .6172229 
------------------------------------------------------------------------------ 
Note: dy/dx for factor levels is the discrete change from the base level. 
 



 

 

 

 

 

 

 



 

 



 

ivregress

ivregress estimator [depvar] [indepvars] (endvar=instru) [if] [in] [weight] [, option] 

depvar

[indepvars]
(endvar=instru)

[if] [in]

[weight]

[, options]
 



2sls 

liml 

gmm

vce(typevce) robust cluster(variablecluster)

first

 
estat endogenous

estat firststage

estat overid

test [[label ou valeur de la modalité]] [varexo]

contrast [varexo]

contrast r.[varexo]



contrast ar.[varexo]

margins, [dydx(varexos)], 

[at(varexo1=(valdébut(incrément)valfin)varexo2=(valdébut(incrément)valfin)]

dydx(.)

at marginsplot

dydx(*)

marginsplot [varexos] margins

pwcompare [varexo], [cimargins]

predict [type] newvar [if] [in] [, statistic nooffset] 

xb

pr(a,b)



 

use "http://www.Stata.com/data/jwooldridge/eacsap/mroz.dta", clear 

describe lwage educ exper expersq kidsge6n kidslt6n motheduc fatheduc huseduc 
 
              storage  display     value 
variable name   type   format      label      variable label 
----------------------------------------------------------------------------------------------
lwage           float  %9.0g                  log(wage) 
educ            byte   %9.0g                  years of schooling 
exper           byte   %9.0g                  actual labor mkt exper 
expersq         int    %9.0g                  exper^2 
kidsge6n        float  %9.0g                  =1 if # kids between 6-18 is between 0 and 2, =2 if 

# kids between 6-18 is great 
kidslt6n        float  %9.0g                  =1 if # kids under 6 is greater or equal to 1 
motheduc        byte   %9.0g                  mother's years of schooling 
fatheduc        byte   %9.0g                  father's years of schooling 
huseduc         byte   %9.0g                  husband's years of schooling 
 



reg lwage c.exper##c.exper c.educ 
 
      Source |       SS       df       MS              Number of obs =     428 
-------------+------------------------------           F(  3,   424) =   26.29 
       Model |  35.0222967     3  11.6740989           Prob > F      =  0.0000 
    Residual |  188.305144   424  .444115906           R-squared     =  0.1568 
-------------+------------------------------           Adj R-squared =  0.1509 
       Total |  223.327441   427  .523015084           Root MSE      =  .66642 
 
--------------------------------------------------------------------------------- 
          lwage |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
          exper |   .0415665   .0131752     3.15   0.002     .0156697    .0674633 
                | 
c.exper#c.exper |  -.0008112   .0003932    -2.06   0.040    -.0015841   -.0000382 
                | 
           educ |   .1074896   .0141465     7.60   0.000     .0796837    .1352956 
          _cons |  -.5220406   .1986321    -2.63   0.009    -.9124667   -.1316144 
--------------------------------------------------------------------------------- 
 

reg educ exper expersq motheduc fatheduc huseduc if lwage ~=. 
 
      Source |       SS       df       MS              Number of obs =     428 
-------------+------------------------------           F(  5,   422) =   63.30 
       Model |  955.830608     5  191.166122           Prob > F      =  0.0000 
    Residual |  1274.36565   422  3.01982382           R-squared     =  0.4286 
-------------+------------------------------           Adj R-squared =  0.4218 
       Total |  2230.19626   427  5.22294206           Root MSE      =  1.7378 
 
------------------------------------------------------------------------------ 



        educ |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
       exper |   .0374977   .0343102     1.09   0.275    -.0299424    .1049379 
     expersq |  -.0006002   .0010261    -0.58   0.559    -.0026171    .0014167 
    motheduc |   .1141532   .0307835     3.71   0.000     .0536452    .1746613 
    fatheduc |   .1060801   .0295153     3.59   0.000     .0480648    .1640955 
     huseduc |   .3752548   .0296347    12.66   0.000     .3170049    .4335048 
       _cons |   5.538311   .4597824    12.05   0.000     4.634562     6.44206 
------------------------------------------------------------------------------ 
 

test motheduc fatheduc huseduc 
 
 ( 1)  motheduc = 0 
 ( 2)  fatheduc = 0 
 ( 3)  huseduc = 0 
 
       F(  3,   422) =  104.29 
            Prob > F =    0.0000 
 

ivregress first

ivregress 2sls lwage c.exper##c.exper (educ=fatheduc huseduc motheduc ), first 
 
First-stage régressions 
----------------------- 
 
                                                  Number of obs   =        428 
                                                  F(   5,    422) =      63.30 
                                                  Prob > F        =     0.0000 
                                                  R-squared       =     0.4286 
                                                  Adj R-squared   =     0.4218 
                                                  Root MSE        =     1.7378 
 
--------------------------------------------------------------------------------- 
           educ |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
          exper |   .0374977   .0343102     1.09   0.275    -.0299424    .1049379 
                | 
c.exper#c.exper |  -.0006002   .0010261    -0.58   0.559    -.0026171    .0014167 
                | 
       fatheduc |   .1060801   .0295153     3.59   0.000     .0480648    .1640955 
        huseduc |   .3752548   .0296347    12.66   0.000     .3170049    .4335048 
       motheduc |   .1141532   .0307835     3.71   0.000     .0536452    .1746613 
          _cons |   5.538311   .4597824    12.05   0.000     4.634562     6.44206 
--------------------------------------------------------------------------------- 
 



 
Instrumental variables (2SLS) régression               Number of obs =     428 
                                                       Wald chi2(3)  =   34.90 
                                                       Prob > chi2   =  0.0000 
                                                       R-squared     =  0.1495 
                                                       Root MSE      =  .66616 
 
--------------------------------------------------------------------------------- 
          lwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
----------------+---------------------------------------------------------------- 
           educ |   .0803918    .021672     3.71   0.000     .0379155    .1228681 
          exper |   .0430973   .0132027     3.26   0.001     .0172204    .0689742 
                | 
c.exper#c.exper |  -.0008628   .0003943    -2.19   0.029    -.0016357   -.0000899 
                | 
          _cons |  -.1868572   .2840591    -0.66   0.511    -.7436029    .3698885 
--------------------------------------------------------------------------------- 
Instrumented:  educ 
Instruments:   exper c.exper#c.exper fatheduc 
               huseduc motheduc 
 

hausman m2 m1 
 
                 ---- Coefficients ---- 
             |      (b)          (B)            (b-B)     sqrt(diag(V_b-V_B)) 
             |       m2           m1         Difference          S.E. 
-------------+---------------------------------------------------------------- 
        educ |    .0803918     .1074896       -.0270979         .016418 
       exper |    .0430973     .0415665        .0015308        .0008524 
c.exper#c.~r |   -.0008628    -.0008112       -.0000516        .0000293 
------------------------------------------------------------------------------ 
                       b = consistent under Ho and Ha; obtained from ivregress 
          B = inconsistent under Ha, efficient under Ho; obtained from regress 
 
    Test:  Ho:  difference in coefficients not systematic 
 
                  chi2(3) = (b-B)'[(V_b-V_B)^(-1)](b-B) 
                          =        2.72 
                Prob>chi2 =      0.4361 
                (V_b-V_B is not positive definite) 

estat endogenous

estat endogenous 
 
  Tests of endogeneity 
  Ho: variables are exogenous 
 
  Durbin (score) chi2(1)          =  2.74613  (p = 0.0975) 
  Wu-Hausman F(1,423)             =  2.73158  (p = 0.0991) 



 

estat firststage

estat firststage 
 
First-stage régression summary statistics 
  -------------------------------------------------------------------------- 
               |            Adjusted      Partial 
      Variable |   R-sq.       R-sq.        R-sq.      F(3,422)   Prob > F 
  -------------+------------------------------------------------------------ 
          educ |  0.4286      0.4218       0.4258       104.294    0.0000 
  -------------------------------------------------------------------------- 
 
 
  Minimum eigenvalue statistic = 104.294      
 
  Critical Values                      # of endogenous regressors:    1 
  Ho: Instruments are weak             # of excluded instruments:     3 
  --------------------------------------------------------------------- 
                                     |    5%     10%     20%     30% 
  2SLS relative bias                 |  13.91    9.08    6.46    5.39 
  -----------------------------------+--------------------------------- 
                                     |   10%     15%     20%     25% 
  2SLS Size of nominal 5% Wald test  |  22.30   12.83    9.54    7.80 
  LIML Size of nominal 5% Wald test  |   6.46    4.36    3.69    3.32 
  --------------------------------------------------------------------- 
 



estat overid

estat overid 
 
  Tests of overidentifying restrictions: 
 
  Sargan (score) chi2(2) =  1.11504  (p = 0.5726) 
  Basmann chi2(2)        =  1.10228  (p = 0.5763) 
 

test

test c.exper  c.exper#c.exper 
 
 ( 1)  exper = 0 
 ( 2)  c.exper#c.exper = 0 
 
           chi2(  2) =   19.92 
         Prob > chi2 =    0.0000 
 

 

margins

dydx(exper) at(exper=(0(1)45))

 



margins, dydx(exper) at(exper=(0(1)45)) 
 
Average marginal effects                          Number of obs   =        428 
Model VCE    : Unadjusted 
 
Expression   : Linear prediction, predict() 
dy/dx w.r.t. : exper 
 
1._at        : exper           =           0 
 
2._at        : exper           =           1 
 
    . 
    . 
    . 
 
45._at       : exper           =          44 
 
46._at       : exper           =          45 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |      dy/dx   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
exper        | 
         _at | 
          1  |   .0430973   .0132027     3.26   0.001     .0172204    .0689742 
          2  |   .0413717   .0124535     3.32   0.001     .0169633    .0657801 
 
      . 
      . 
      . 
 
         45  |  -.0328288   .0224792    -1.46   0.144    -.0768872    .0112296 
         46  |  -.0345544   .0232557    -1.49   0.137    -.0801346    .0110259 
------------------------------------------------------------------------------ 
 

marginsplot

recastci(rarea)  

marginsplot, recast(line) recastci(rarea) 
 
  Variables that uniquely identify margins: exper 
 



 
 
margins, at(exper=(0(1)45)) atmeans 
 
Adjusted prédictions                              Number of obs   =        428 
Model VCE    : Unadjusted 
 
Expression   : Linear prediction, predict() 
 
1._at        : educ            =    12.65888 (mean) 
               exper           =           0 
               0.kidsge6n      =    .3481308 (mean) 
               1.kidsge6n      =    .4579439 (mean) 
               2.kidsge6n      =    .1939252 (mean) 
               0.kidslt6n      =    .8761682 (mean) 
               1.kidslt6n      =    .1238318 (mean) 
 
2._at        : educ            =    12.65888 (mean) 
               exper           =           1 
               0.kidsge6n      =    .3481308 (mean) 
               1.kidsge6n      =    .4579439 (mean) 
               2.kidsge6n      =    .1939252 (mean) 
               0.kidslt6n      =    .8761682 (mean) 
               1.kidslt6n      =    .1238318 (mean) 
 
    . 
    . 
    . 
 
45._at       : educ            =    12.65888 (mean) 
               exper           =          44 
               0.kidsge6n      =    .3481308 (mean) 
               1.kidsge6n      =    .4579439 (mean) 
               2.kidsge6n      =    .1939252 (mean) 
               0.kidslt6n      =    .8761682 (mean) 
               1.kidslt6n      =    .1238318 (mean) 



 
46._at       : educ            =    12.65888 (mean) 
               exper           =          45 
               0.kidsge6n      =    .3481308 (mean) 
               1.kidsge6n      =    .4579439 (mean) 
               2.kidsge6n      =    .1939252 (mean) 
               0.kidslt6n      =    .8761682 (mean) 
               1.kidslt6n      =    .1238318 (mean) 
 
------------------------------------------------------------------------------ 
             |            Delta-method 
             |     Margin   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
         _at | 
          1  |   .8308123   .0941714     8.82   0.000     .6462398    1.015385 
          2  |   .8730468   .0829035    10.53   0.000     .7105588    1.035535 
 
      . 
      . 
      . 
 
         45  |    1.05672   .3090923     3.42   0.001     .4509107     1.66253 
         46  |   1.023029   .3312409     3.09   0.002     .3738086    1.672249 
------------------------------------------------------------------------------ 
 
marginsplot, recast(line) recastci(rarea) 
 
  Variables that uniquely identify margins: exper 
 

 
 



ivregress 

contrast

ivregress 2sls lwage i.experc (educ=fatheduc huseduc motheduc ), first 
First-stage régressions 
----------------------- 
 
                                                  Number of obs   =        428 
                                                  F(   6,    421) =      52.75 
                                                  Prob > F        =     0.0000 
                                                  R-squared       =     0.4291 
                                                  Adj R-squared   =     0.4210 
                                                  Root MSE        =     1.7390 
 
------------------------------------------------------------------------------ 
        educ |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      experc | 
          0  |          0  (empty) 
          1  |   .3335239   .2830455     1.18   0.239    -.2228344    .8898823 
          2  |    .232027   .2649993     0.88   0.382    -.2888595    .7529136 
          3  |   .4921562   .2631098     1.87   0.062    -.0250164    1.009329 
             | 
    fatheduc |   .1012286   .0299022     3.39   0.001     .0424525    .1600048 
     huseduc |   .3737594   .0297234    12.57   0.000     .3153346    .4321843 
    motheduc |   .1154246   .0308411     3.74   0.000      .054803    .1760463 
       _cons |   5.634963   .4329003    13.02   0.000     4.784048    6.485879 
------------------------------------------------------------------------------ 
 
 
Instrumental variables (2SLS) régression               Number of obs =     428 
                                                       Wald chi2(4)  =   29.95 
                                                       Prob > chi2   =  0.0000 
                                                       R-squared     =  0.1384 
                                                       Root MSE      =  .67052 
 
------------------------------------------------------------------------------ 
       lwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0750269    .022271     3.37   0.001     .0313764    .1186773 
             | 
      experc | 
          1  |   .2330221   .1098355     2.12   0.034     .0177484    .4482957 
          2  |   .3108953   .1026884     3.03   0.002     .1096298    .5121608 
          3  |   .3922503   .1019029     3.85   0.000     .1925243    .5919764 
             | 
       _cons |  -.0307208   .2815304    -0.11   0.913    -.5825102    .5210687 
------------------------------------------------------------------------------ 
Instrumented:  educ 
Instruments:   1.experc 2.experc 3.experc fatheduc huseduc motheduc 

contrast experc 



 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
      experc |          3       15.68     0.0013 
------------------------------------------------ 
 

r.

contrast r.experc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 
------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
      experc | 
   (1 vs 0)  |          1        4.50     0.0339 
   (2 vs 0)  |          1        9.17     0.0025 
   (3 vs 0)  |          1       14.82     0.0001 
      Joint  |          3       15.68     0.0013 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
      experc | 
   (1 vs 0)  |   .2330221   .1098355      .0177484    .4482957 
   (2 vs 0)  |   .3108953   .1026884      .1096298    .5121608 
   (3 vs 0)  |   .3922503   .1019029      .1925243    .5919764 
-------------------------------------------------------------- 
 

ar.

contrast ar.experc 
 
Contrasts of marginal linear prédictions 
 
Margins      : asbalanced 
 



------------------------------------------------ 
             |         df        chi2     P>chi2 
-------------+---------------------------------- 
      experc | 
   (1 vs 0)  |          1        4.50     0.0339 
   (2 vs 1)  |          1        0.75     0.3879 
   (3 vs 2)  |          1        0.97     0.3245 
      Joint  |          3       15.68     0.0013 
------------------------------------------------ 
 
-------------------------------------------------------------- 
             |   Contrast   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
      experc | 
   (1 vs 0)  |   .2330221   .1098355      .0177484    .4482957 
   (2 vs 1)  |   .0778732   .0901894     -.0988948    .2546413 
   (3 vs 2)  |   .0813551   .0825809     -.0805006    .2432107 
-------------------------------------------------------------- 
 

pwcompare

cimargins effect sort

 

pwcompare i.experc, mcompare(bonferroni) cimargins effects sort 
 
Pairwise comparisons of marginal linear prédictions 
 
Margins      : asbalanced 
 
-------------------------------------------------------------- 
             |                                 Unadjusted 
             |     Margin   Std. Err.     [95% Conf. Interval] 
-------------+------------------------------------------------ 
      experc | 
          0  |  -.0307208   .2815304     -.5825102    .5210687 
          1  |   .2023013   .3012081     -.3880557    .7926583 
          2  |   .2801745   .2880526     -.2843981    .8447472 
          3  |   .3615296   .2854893     -.1980192    .9210783 
-------------------------------------------------------------- 
 
--------------------------- 
             |    Number of 
             |  Comparisons 
-------------+------------- 
      experc |            6 
--------------------------- 
 
------------------------------------------------------------------------------ 
             |                            Bonferroni           Bonferroni 
             |   Contrast   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
      experc | 
     2 vs 1  |   .0778732   .0901894     0.86   1.000    -.1600697    .3158162 
     3 vs 2  |   .0813551   .0825809     0.99   1.000    -.1365146    .2992248 
     3 vs 1  |   .1592283   .0899624     1.77   0.460    -.0781157    .3965722 
     1 vs 0  |   .2330221   .1098355     2.12   0.203    -.0567523    .5227964 
     2 vs 0  |   .3108953   .1026884     3.03   0.015      .039977    .5818136 



     3 vs 0  |   .3922503   .1019029     3.85   0.001     .1234043    .6610964 
------------------------------------------------------------------------------ 
 

mcompare(bonferroni)

predict

predict yhat 
(option xb assumed; fitted values) 
 
histogram lwage, percent normal saving(lwage) 
histogram yhat,  percent normal saving(yhat) 
graph combine lwage.gph yhat.gph, ycommon 
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gen time = _n 

tsset time  

findit tsmktim

tsmktim time, start(1977m1)  

clear 
set obs 100 
obs was 0, now 100 
set seed 10101 
generate x1var = runiform() 
gen t=(_n-64)/15 
gen r=_n+45 
gen x1var2=(x1var-0.5)*100 
gen t2=t-10*t^2 
gen x1var3=x1var2+t2+r 
 

tsmktim

tsmktim time, start(1977q2) 



 

 

list time in 1/10 
 
     +--------+ 
     |   time | 
     |--------| 
  1. | 1977q2 | 
  2. | 1977q3 | 
  3. | 1977q4 | 
  4. | 1978q1 | 
  5. | 1978q2 | 
     |--------| 
  6. | 1978q3 | 
  7. | 1978q4 | 
  8. | 1979q1 | 
  9. | 1979q2 | 
 10. | 1979q3 | 
 

 

webuse qsales 
 
tsset t  
 
tsline isales 
 



lfit

twoway.

twoway (line isales t) (lfit isales t)  



qfit twoway

webuse m1gdp 

gen gdp=exp(ln_gdp) 

twoway (line gdp t) (qfit gdp t) 



clear 
set obs 100 
set seed 10101 
generate x1var = runiform() 
gen t=(_n-64)/15 
gen r=_n+45 
gen x1var2=(x1var-0.5)*100 
gen t2=t-10*t^2 
gen x1var3=x1var2+t2+r 
twoway (line x1var3 t) (qfit x1var3 t)



 



 

 



≤ ȳ

 

webuse klein, clear 
tsset yr 
twoway line consump yr 



gen vt=yr 
gen vardep=consump 
sum vt 
local time=r(max)-r(min)+1 
local i = round(`time'*.15) 
local f = round(`time'*.85) 
local var = "vardep" 
gen diff`var' = d.`var' 
gen chow`var' = . 
gen qlr`var' = . 
set more off 
while `i'<=(`f') { 
gen di = (_n > `i') 
cap gen d_`var'1 = di*l1.`var' 
cap gen d_`var'2 = di*l2.`var' 
cap gen d_`var'3 = di*l3.`var' 
cap gen d_`var'4 = di*l4.`var' 
qui reg diff`var' L(1/4).diff`var' di, r 
qui test di 
sca chow = r(F) 
cap replace chow`var' = r(F) in `i' 
qui reg diff`var' L(1/4).diff`var' di d_`var'1 d_`var'2 d_`var'3 d_`var'4, r 
qui test di d_`var'1 d_`var'2 d_`var'3 d_`var'4 
sca qlr = r(F) 
cap replace qlr`var' = r(F) in `i' 
dis "`i' " %ty vt[`i'] " " %8.3f chow " " %8.3f qlr 
drop di d_`var'1 d_`var'2 d_`var'3 d_`var'4 
local i = `i' + 1 
} 
sum qlr`var' 
local maxvalue=r(max) 
gen maxdate=vt if qlr`var'==`maxvalue' 
local maxvalue1=round(`maxvalue',0.01) 
local critical=3.66  
*Replace with the appropriate critical value (see Stock & Watson)* 
sum vt 
local mindate=r(min) 
sum maxdate 
local maxdate=r(max) 
gen break=vt if qlr`var'>=`critical' & qlr`var'!=. 
 
levelsof break, local(break1) 
1929 1930 1932 1933 1934 1935 1936 1937 1938 



 
list vt qlr`var' if break!=. 
     +-----------------+ 
     |   yr   qlrcon~p | 
     |-----------------| 
 10. | 1929   3.771517 | 
 11. | 1930   4.046748 | 
 13. | 1932   21.35588 | 
 14. | 1933   4.062252 | 
 15. | 1934   3.813575 | 
     |-----------------| 
 16. | 1935   8.038505 | 
 17. | 1936    105.567 | 
 18. | 1937   54.44305 | 
 19. | 1938   11.48017 | 
     +-----------------+ 
 

twoway tsline qlr`var', title(Testing for breaks) xlabel(`break1', angle(80) labsize(1.5)) 
yline(`critical') ytitle(QLR statistic) xtitle(Time) ttext(`critical' `mindate' "Critical value 
5% (`critical')", placement(ne)) ttext(`maxvalue' `maxdate' "Max QLR = `maxvalue1'", 
placement(e)) 
 





̀

gen break1 = (yr>(1932)) 
 
generate break1_invest = break1*invest 
 
reg consump invest break1 break1_invest
      Source |       SS       df       MS              Number of obs =      22 
-------------+------------------------------           F(  3,    18) =   10.56 
       Model |    722.9735     3  240.991167           Prob > F      =  0.0003 
    Residual |  410.801378    18  22.8222988           R-squared     =  0.6377 
-------------+------------------------------           Adj R-squared =  0.5773 
       Total |  1133.77488    21  53.9892799           Root MSE      =  4.7773 
 
------------------------------------------------------------------------------- 
      consump |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
       invest |   .7006278   .3875858     1.81   0.087    -.1136597    1.514915 
       break1 |   7.774459   2.226425     3.49   0.003     3.096914      12.452 
break1_invest |   1.464618   .6477659     2.26   0.036     .1037123    2.825524 
        _cons |   49.08331   1.550343    31.66   0.000     45.82616    52.34046 
------------------------------------------------------------------------------- 
 
test break break_invest 
 
 ( 1)  break = 0 
 ( 2)  break_invest = 0 
       F(  2,    18) =   11.54 
            Prob > F =    0.0006 
 

 



gen q = quarter(dofq(t)) 
gen q1 = (q==1) 
gen q2 = (q==2) 
gen q3 = (q==3) 
gen q4 = (q==4) 
 

reg y x q1 q2 q3 
 

test q1 q2 q3 
 

 

 



 ẍ ẍ

webuse air2, clear 
reg air q1 q2 q3 
predict ry, resid 
reg x1 q1 q2 q3 
predict rx1, resid 
reg x2 q1 q2 q3 
predict rx2, resid 
reg ry rx1 rx2 

 

dfuller



webuse air2, clear 
(TIMESLAB: Airline passengers) 
 
. tsset t 
        time variable:  t, 1 to 144 
                delta:  1 unit 
 
. dfuller air 
 
Dickey-Fuller test for unit root                   Number of obs   =       143 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -1.748            -3.496            -2.887            -2.577 
------------------------------------------------------------------------------ 
MacKinnon approximate p-valeur  for Z(t) = 0.4065 
 

dfuller air, trend 
 
Dickey-Fuller test for unit root                   Number of obs   =       143 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -4.639            -4.026            -3.444            -3.144 
------------------------------------------------------------------------------ 
MacKinnon approximate p-valeur  for Z(t) = 0.0009 
 

 

 

 

dfuller d.air 
 
Dickey-Fuller test for unit root                   Number of obs   =       142 
 
                               ---------- Interpolated Dickey-Fuller --------- 
                  Test         1% Critical       5% Critical      10% Critical 
               Statistic           Value             Value             Value 
------------------------------------------------------------------------------ 
 Z(t)             -8.580            -3.496            -2.887            -2.577 



------------------------------------------------------------------------------ 
MacKinnon approximate p-valeur  for Z(t) = 0.0000 
 

 

 

 

 

 

 
reg air t 
 
      Source |       SS       df       MS              Number of obs =     144 
-------------+------------------------------           F(  1,   142) =  828.20 
       Model |  1756825.04     1  1756825.04           Prob > F      =  0.0000 
    Residual |  301219.118   142   2121.2614           R-squared     =  0.8536 
-------------+------------------------------           Adj R-squared =  0.8526 
       Total |  2058044.16   143  14391.9172           Root MSE      =  46.057 
 
------------------------------------------------------------------------------ 
         air |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
           t |   2.657184   .0923325    28.78   0.000      2.47466    2.839708 



       _cons |   87.65278   7.716347    11.36   0.000     72.39902    102.9065 
------------------------------------------------------------------------------ 
 
predict r, resid 
 
reg r l.r 
 
      Source |       SS       df       MS              Number of obs =     143 
-------------+------------------------------           F(  1,   141) =  161.41 
       Model |  160519.244     1  160519.244           Prob > F      =  0.0000 
    Residual |  140226.127   141  994.511537           R-squared     =  0.5337 
-------------+------------------------------           Adj R-squared =  0.5304 
       Total |  300745.371   142  2117.92515           Root MSE      =  31.536 
 
------------------------------------------------------------------------------ 
           r |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
           r | 
         L1. |   .7317944   .0576011    12.70   0.000      .617921    .8456677 
             | 
       _cons |  -.3476115   2.637208    -0.13   0.895     -5.56119    4.865967 
------------------------------------------------------------------------------ 
 

 



 
webuse klein, clear 
 
. tsset yr 
        time variable:  year, -11 to 10 
                delta:  1 unit 
 
reg consump wagegovt if yr>1932 
 
      Source |       SS       df       MS              Number of obs =      22 
-------------+------------------------------           F(  1,    20) =   17.72 
       Model |  532.567711     1  532.567711           Prob > F      =  0.0004 
    Residual |  601.207167    20  30.0603584           R-squared     =  0.4697 
-------------+------------------------------           Adj R-squared =  0.4432 
       Total |  1133.77488    21  53.9892799           Root MSE      =  5.4827 
 
------------------------------------------------------------------------------ 
     consump |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    wagegovt |    2.50744   .5957173     4.21   0.000     1.264796    3.750085 
       _cons |   40.84699   3.192183    12.80   0.000     34.18821    47.50577 
------------------------------------------------------------------------------ 
 
estat dwatson 
 
Durbin-Watson d-statistic(  2,    22) =  .3217998 
 

 

 

 



 

 

 

webuse klein 
tsset yr 
quietly regress consump wagegovt L.consump L2.consump 
 
estat bgodfrey 
 
Breusch-Godfrey LM test for autocorrelation 
--------------------------------------------------------------------------- 
    lags(p)  |          chi2               df                 Prob > chi2 
-------------+------------------------------------------------------------- 
       1     |         14.264               1                   0.0002 
--------------------------------------------------------------------------- 
                        H0: no serial correlation 
 
. estat bgodfrey, small lags(1/2) 
 
Breusch-Godfrey LM test for autocorrelation 
--------------------------------------------------------------------------- 
    lags(p)  |          F                  df                 Prob > F 
-------------+------------------------------------------------------------- 
       1     |       14.264           (  1,   19 )              0.0013 
       2     |        8.078           (  2,   18 )              0.0031 
--------------------------------------------------------------------------- 
                        H0: no serial correlation 
 

 



 
estat durbinalt, small 
 
Durbin's alternative test for autocorrelation 
--------------------------------------------------------------------------- 
    lags(p)  |          F                  df                 Prob > F 
-------------+------------------------------------------------------------- 
       1     |       35.035           (  1,   19 )              0.0000 
--------------------------------------------------------------------------- 
                        H0: no serial correlation 
 

 

 

 

varsoc

 corrgram ac

webuse lutkepohl2 
(Quarterly SA West German macro data, Bil DM, from Lutkepohl 1993 Table E.1) 
 
varsoc dln_inv 
 
   Selection-order criteria 
   Sample:  1961q2 - 1982q4                     Number of obs      =        87 
  +---------------------------------------------------------------------------+ 
  |lag |    LL      LR      df    p      FPE       AIC      HQIC      SBIC    | 
  |----+----------------------------------------------------------------------| 
  |  0 |  147.073                      .002038  -3.35799  -3.34658  -3.32965* | 
  |  1 |  148.538  2.9308    1  0.087  .002016  -3.36869  -3.34587    -3.312  | 
  |  2 |  148.734   .3913    1  0.532  .002054   -3.3502  -3.31596  -3.26517  | 
  |  3 |  149.472   1.476    1  0.224  .002066  -3.34418  -3.29853   -3.2308  | 
  |  4 |  154.123  9.3022*   1  0.002    .0019* -3.42811* -3.37105* -3.28639  | 
  +---------------------------------------------------------------------------+ 
   Endogenous:  dln_inv 
    Exogenous:  _cons 



ac dln_inv 

 
 
 
 
 
 
 
corrgram dln_inv, lags(10) 
 
                                          -1       0       1 -1       0       1 
 LAG       AC       PAC      Q     Prob>Q  [Autocorrelation]  [Partial Autocor] 
------------------------------------------------------------------------------- 
1       -0.1690  -0.1693   2.6862  0.1012         -|                 -|         
2       -0.0288  -0.0591   2.7649  0.2510          |                  |         
3        0.1283   0.1179   4.3473  0.2263          |-                 |         
4        0.2512   0.3133   10.485  0.0330          |--                |--       
5       -0.1349  -0.0264   12.277  0.0312         -|                  |         
6        0.0300  -0.0145   12.366  0.0543          |                  |         
7        0.1170   0.0430   13.745  0.0559          |                  |         
8       -0.1176  -0.1463   15.156  0.0562          |                 -|         
9       -0.1582  -0.2046   17.739  0.0383         -|                 -|         
10       0.0498  -0.0731   17.998  0.0550          |                  |   
 
pac dln_inv, srv lag(10) 
 



varsoc

ac

varsoc

corrgram

 

 

 

 



 

 

 

 

 

 
webuse idle, clear 
 
tsset t 
        time variable:  t, 1 to 30 
                delta:  1 unit 
 
varsoc usr 
 
   Selection-order criteria 
   Sample:  5 - 30                              Number of obs      =        26 
  +---------------------------------------------------------------------------+ 
  |lag |    LL      LR      df    p      FPE       AIC      HQIC      SBIC    | 
  |----+----------------------------------------------------------------------| 
  |  0 | -71.0621                      14.9602   5.54323   5.55717   5.59162  | 
  |  1 | -63.1521   15.82    1  0.000  8.79448    5.0117   5.03956   5.10847  | 
  |  2 | -60.1347  6.0347*   1  0.014  7.53584   4.85652   4.89832   5.00168  | 
  |  3 | -58.2722  3.7251    1  0.054  7.06217*  4.79017*   4.8459*  4.98372* | 
  |  4 | -57.7302  1.0839    1  0.298  7.33291    4.8254   4.89507   5.06734  | 
  +---------------------------------------------------------------------------+ 
 

prais  
 
prais usr idle 
 
Iteration 0:  rho = 0.0000 
Iteration 1:  rho = 0.3518 
Iteration 2:  rho = 0.4731 
Iteration 3:  rho = 0.5232 
Iteration 4:  rho = 0.5425 
Iteration 5:  rho = 0.5496 
Iteration 6:  rho = 0.5522 
Iteration 7:  rho = 0.5531 
Iteration 8:  rho = 0.5534 
Iteration 9:  rho = 0.5535 
Iteration 10:  rho = 0.5535 
Iteration 11:  rho = 0.5535 
Iteration 12:  rho = 0.5535 
Iteration 13:  rho = 0.5535 
Iteration 14:  rho = 0.5535 
 
Prais-Winsten AR(1) régression -- iterated estimates 
 



      Source |       SS       df       MS              Number of obs =      30 
-------------+------------------------------           F(  1,    28) =    7.12 
       Model |  43.0076941     1  43.0076941           Prob > F      =  0.0125 
    Residual |  169.165739    28  6.04163354           R-squared     =  0.2027 
-------------+------------------------------           Adj R-squared =  0.1742 
       Total |  212.173433    29  7.31632528           Root MSE      =   2.458 
 
------------------------------------------------------------------------------ 
         usr |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        idle |  -.1356522   .0472195    -2.87   0.008    -.2323769   -.0389275 
       _cons |   15.20415   4.160391     3.65   0.001     6.681978    23.72633 
-------------+---------------------------------------------------------------- 
         rho |   .5535476 
------------------------------------------------------------------------------ 
Durbin-Watson statistic (original)    1.295766 
Durbin-Watson statistic (transformed) 1.476004 

 
prais usr idle, corc 
 
Iteration 0:  rho = 0.0000 
Iteration 1:  rho = 0.3518 
Iteration 2:  rho = 0.4854 
Iteration 3:  rho = 0.5411 
Iteration 4:  rho = 0.5612 
Iteration 5:  rho = 0.5677 
Iteration 6:  rho = 0.5698 
Iteration 7:  rho = 0.5705 
Iteration 8:  rho = 0.5707 
Iteration 9:  rho = 0.5708 
Iteration 10:  rho = 0.5708 
Iteration 11:  rho = 0.5708 
Iteration 12:  rho = 0.5708 
Iteration 13:  rho = 0.5708 
 
Cochrane-Orcutt AR(1) régression -- iterated estimates 
 
      Source |       SS       df       MS              Number of obs =      29 
-------------+------------------------------           F(  1,    27) =    6.49 
       Model |  40.1309584     1  40.1309584           Prob > F      =  0.0168 
    Residual |  166.898474    27  6.18142498           R-squared     =  0.1938 
-------------+------------------------------           Adj R-squared =  0.1640 
       Total |  207.029433    28  7.39390831           Root MSE      =  2.4862 
 
------------------------------------------------------------------------------ 
         usr |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        idle |  -.1254511   .0492356    -2.55   0.017    -.2264742    -.024428 
       _cons |   14.54641   4.272299     3.40   0.002      5.78038    23.31245 
-------------+---------------------------------------------------------------- 
         rho |   .5707918 
------------------------------------------------------------------------------ 
Durbin-Watson statistic (original)    1.295766 
Durbin-Watson statistic (transformed) 1.466222 
 

corc



prais robust

 

 

 

 

 

 

newey

 newey y [x] [if] [in] [weight] , lag(#)  

lag

newey usr idle, lag(3) 

Régression with Newey-West standard errors          Number of obs  =        30 
maximum lag: 3                                      F(  1,    28)  =     10.90 
                                                    Prob > F       =    0.0026 



 
------------------------------------------------------------------------------ 
             |             Newey-West 
         usr |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        idle |  -.2281501   .0690927    -3.30   0.003    -.3696801     -.08662 
       _cons |   23.13483   6.327031     3.66   0.001     10.17449    36.09516 
------------------------------------------------------------------------------ 
 

 

bpagan

́ ́
́ ́ ́ ́

robust

 

 

 

 l.variable

 



 

estat archlm

estat archlm, archlm_options 

 
webuse klein, clear 
 
.  
.  tsset yr 
        time variable:  yr, 1920 to 1941 
                delta:  1 unit 
 
.  
.  regress consump wagegovt 
 
      Source |       SS       df       MS              Number of obs =      22 
-------------+------------------------------           F(  1,    20) =   17.72 
       Model |  532.567711     1  532.567711           Prob > F      =  0.0004 
    Residual |  601.207167    20  30.0603584           R-squared     =  0.4697 
-------------+------------------------------           Adj R-squared =  0.4432 
       Total |  1133.77488    21  53.9892799           Root MSE      =  5.4827 
 
------------------------------------------------------------------------------ 
     consump |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
    wagegovt |    2.50744   .5957173     4.21   0.000     1.264796    3.750085 
       _cons |   40.84699   3.192183    12.80   0.000     34.18821    47.50577 
------------------------------------------------------------------------------ 
 
.  
.  estat archlm, lags(1 2 3) 
LM test for autoregressive conditional heteroskedasticity (ARCH) 
--------------------------------------------------------------------------- 
    lags(p)  |          chi2               df                 Prob > chi2 
-------------+------------------------------------------------------------- 
       1     |          5.543               1                   0.0186 
       2     |          9.431               2                   0.0090 
       3     |          9.039               3                   0.0288 
--------------------------------------------------------------------------- 
         H0: no ARCH effects      vs.  H1: ARCH(p) disturbance 



 

 



 
oaxaca y X if in weight, by (groupvar) options 

findit oaxaca 

use oaxaca.dta 
(Excerpt from the Swiss Labor Market Survey 1998) 
 
oaxaca lnwage educ exper tenure, by(female) 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174874   196.73   0.000     3.405947    3.474497 
 Prediction_2 |   3.266761   .0218522   149.49   0.000     3.223932    3.309591 
   Difference |   .1734607    .027988     6.20   0.000     .1186052    .2283163 
--------------+---------------------------------------------------------------- 
Decomposition | 
   Endowments |   .0852798    .015693     5.43   0.000     .0545222    .1160375 
 Coefficients |    .082563   .0255804     3.23   0.001     .0324263    .1326996 
  Interaction |    .005618    .010966     0.51   0.608    -.0158749    .0271109 
------------------------------------------------------------------------------- 



noisily noisily

 

oaxaca lnwage educ exper tenure, by(female) noisily 
 
Model for group 1 
 
      Source |       SS       df       MS              Number of obs =     751 
-------------+------------------------------           F(  3,   747) =  101.14 
       Model |   49.613308     3  16.5377693           Prob > F      =  0.0000 
    Residual |  122.143834   747  .163512495           R-squared     =  0.2889 
-------------+------------------------------           Adj R-squared =  0.2860 
       Total |  171.757142   750  .229009522           Root MSE      =  .40437 
 
------------------------------------------------------------------------------ 
      lnwage |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0820549   .0060851    13.48   0.000      .070109    .0940008 
       exper |   .0098347   .0016665     5.90   0.000     .0065632    .0131062 
      tenure |   .0100314   .0020397     4.92   0.000     .0060272    .0140356 
       _cons |    2.24205   .0778703    28.79   0.000      2.08918    2.394921 
------------------------------------------------------------------------------ 
 
Model for group 2 
 
      Source |       SS       df       MS              Number of obs =     683 
-------------+------------------------------           F(  3,   679) =   40.34 
       Model |  33.5197344     3  11.1732448           Prob > F      =  0.0000 
    Residual |   188.08041   679  .276996185           R-squared     =  0.1513 
-------------+------------------------------           Adj R-squared =  0.1475 
       Total |  221.600144   682  .324926897           Root MSE      =   .5263 



 
------------------------------------------------------------------------------ 
      lnwage |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
        educ |   .0877579   .0087108    10.07   0.000     .0706546    .1048611 
       exper |   .0131074   .0028971     4.52   0.000     .0074191    .0187958 
      tenure |   .0036577   .0035374     1.03   0.301    -.0032878    .0106032 
       _cons |   2.097806   .1091691    19.22   0.000     1.883457    2.312156 
------------------------------------------------------------------------------ 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174874   196.73   0.000     3.405947    3.474497 
 Prediction_2 |   3.266761   .0218522   149.49   0.000     3.223932    3.309591 
   Difference |   .1734607    .027988     6.20   0.000     .1186052    .2283163 
--------------+---------------------------------------------------------------- 
Decomposition | 
   Endowments |   .0852798    .015693     5.43   0.000     .0545222    .1160375 
 Coefficients |    .082563   .0255804     3.23   0.001     .0324263    .1326996 
  Interaction |    .005618    .010966     0.51   0.608    -.0158749    .0271109 
------------------------------------------------------------------------------- 
 

detail détail 

oaxaca lnwage educ exper tenure, by(female) detail 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------ 
      lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
-------------+---------------------------------------------------------------- 
Differential | 
Prediction_1 |   3.440222   .0174874   196.73   0.000     3.405947    3.474497 
Prediction_2 |   3.266761   .0218522   149.49   0.000     3.223932    3.309591 
  Difference |   .1734607    .027988     6.20   0.000     .1186052    .2283163 
-------------+---------------------------------------------------------------- 
Endowments   | 
        educ |   .0510912    .012239     4.17   0.000     .0271031    .0750792 
       exper |   .0254173   .0088089     2.89   0.004     .0081522    .0426824 
      tenure |   .0087714   .0086201     1.02   0.309    -.0081238    .0256665 
       Total |   .0852798    .015693     5.43   0.000     .0545222    .1160375 
-------------+---------------------------------------------------------------- 
Coefficients | 
        educ |  -.0640559   .1193498    -0.54   0.591    -.2979772    .1698654 
       exper |  -.0397237     .04058    -0.98   0.328    -.1192591    .0398117 
      tenure |   .0420986   .0270201     1.56   0.119    -.0108598    .0950571 
       _cons |   .1442439   .1340957     1.08   0.282    -.1185788    .4070667 
       Total |    .082563   .0255804     3.23   0.001     .0324263    .1326996 
-------------+---------------------------------------------------------------- 
Interaction  | 
        educ |  -.0033202   .0062283    -0.53   0.594    -.0155274    .0088871 
       exper |  -.0063464   .0066988    -0.95   0.343    -.0194758     .006783 
      tenure |   .0152845   .0101496     1.51   0.132    -.0046084    .0351774 
       Total |    .005618    .010966     0.51   0.608    -.0158749    .0271109 
------------------------------------------------------------------------------ 
 



threefold(reverse) threefold(reverse)

oaxaca lnwage educ exper tenure, by(female) threefold(reverse) 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174874   196.73   0.000     3.405947    3.474497 
 Prediction_2 |   3.266761   .0218522   149.49   0.000     3.223932    3.309591 
   Difference |   .1734607    .027988     6.20   0.000     .1186052    .2283163 
--------------+---------------------------------------------------------------- 
Decomposition | 
   Endowments |   .0908978   .0136196     6.67   0.000     .0642038    .1175917 
 Coefficients |   .0881809    .026692     3.30   0.001     .0358655    .1404963 
  Interaction |   -.005618    .010966    -0.51   0.608    -.0271109    .0158749 
------------------------------------------------------------------------------- 

weight :

oaxaca lnwage educ exper tenure, by(female) weight(1) 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174874   196.73   0.000     3.405947    3.474497 
 Prediction_2 |   3.266761   .0218522   149.49   0.000     3.223932    3.309591 
   Difference |   .1734607    .027988     6.20   0.000     .1186052    .2283163 
--------------+---------------------------------------------------------------- 
Decomposition | 
    Explained |   .0908978   .0136196     6.67   0.000     .0642038    .1175917 
  Unexplained |    .082563   .0255804     3.23   0.001     .0324263    .1326996 
------------------------------------------------------------------------------- 



pooled : pooled

oaxaca lnwage educ exper tenure, by(female) pooled 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
              |               Robust 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174586   197.05   0.000     3.406004     3.47444 
 Prediction_2 |   3.266761   .0218042   149.82   0.000     3.224026    3.309497 
   Difference |   .1734607   .0279325     6.21   0.000      .118714    .2282075 
--------------+---------------------------------------------------------------- 
Decomposition | 
    Explained |    .089347   .0137531     6.50   0.000     .0623915    .1163026 
  Unexplained |   .0841137    .025333     3.32   0.001      .034462    .1337654 
------------------------------------------------------------------------------- 
 

weight

omega : omega pooled

oaxaca lnwage educ exper tenure, by(female) omega 
 
Blinder-Oaxaca decomposition                      Number of obs   =       1434 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
              |               Robust 
       lnwage |      Coef.   Std. Err.      z    P>|z|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.440222   .0174586   197.05   0.000     3.406004     3.47444 
 Prediction_2 |   3.266761   .0218042   149.82   0.000     3.224026    3.309497 
   Difference |   .1734607   .0279325     6.21   0.000      .118714    .2282075 
--------------+---------------------------------------------------------------- 
Decomposition | 
    Explained |   .0925597   .0140752     6.58   0.000     .0649728    .1201466 
  Unexplained |    .080901   .0243589     3.32   0.001     .0331585    .1286435 
------------------------------------------------------------------------------- 

vce cluster



svy : svy

svy

svyset [pw=wt] 
 
      pweight: wt 
          VCE: linearized 
  Single unit: missing 
     Strata 1: <one> 
         SU 1: <observations> 
        FPC 1: <zero> 
 
. oaxaca lnwage educ exper tenure, by(female) pooled svy 
 
Blinder-Oaxaca decomposition 
 
Number of strata   =         1                  Number of obs      =      1647 
Number of PSUs     =      1647                  Population size    = 1657.1804 
                                                Design df          =      1646 
 
           1: female = 0 
           2: female = 1 
 
------------------------------------------------------------------------------- 
              |             Linearized 
       lnwage |      Coef.   Std. Err.      t    P>|t|     [95% Conf. Interval] 
--------------+---------------------------------------------------------------- 
Differential  | 
 Prediction_1 |   3.405696   .0226311   150.49   0.000     3.361307    3.450085 
 Prediction_2 |   3.193847   .0276463   115.53   0.000     3.139622    3.248073 
   Difference |   .2118488    .035728     5.93   0.000     .1417718    .2819259 
--------------+---------------------------------------------------------------- 
Decomposition | 
    Explained |   .1107614   .0189967     5.83   0.000     .0735011    .1480216 
  Unexplained |   .1010875   .0315911     3.20   0.001     .0391246    .1630504 
-------------------------------------------------------------------------------  
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 





 


